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Abstract

Youth unemployment is a crucial issue in many developing countries. The issue is
more concerning for rural youth, as they face more information friction regarding
jobs, which are mostly located in the urban areas. To improve the employability of
rural poor youth in India, the Ministry of Rural Development launched a job linked
national vocational training program, Deen Dayal Upadhyay Grameen Kaushal
Yojana (DDUGKY) in 2014. DDUGKY is a public-private partnership scheme that
targets poor rural youth between the age of 15-35 years, provides them skills-based
training for three to 12 months and places them in formal salaried jobs. However,
the scheme has a high rate of training and job dropout.

Previous research revealed that a lack of awareness about prospective jobs
(salary, benefits, nature of work, job location) among the trainees could be the
most important underlying reason for much of the dropout. This thesis using a
randomised controlled trial design investigates whether providing detailed infor-
mation about training and post-training placement jobs can improve the training
outcomes of those enrolled in DDUGKY program. The thesis finds that the treated
trainees were more likely to stay in the placement jobs. There was, however, no
significant change in the likelihood of training completion and job placements for
the overall sample. The thesis also explores heterogeneous treatment effects on di-
mensions of gender, caste, education, and expectations. The Heterogeneity analysis
showed that the informational intervention had a stronger effect on trainees from
disadvantaged sub-groups.

The thesis contributes to the so far limited empirical evidence on the effec-
tiveness of training programs in developing countries. It is one of the few studies
to evaluate the effect of information intervention in vocational training. The study
has significant policy relevance, especially in the context of developing countries
where the information gap is a significant problem in delivering effective public
service.

xviii



1 Introduction

1.1 Overview of the study

Youth unemployment and underemployment are crucial policy challenges in de-

veloping countries. An abundance of labour in developing countries make it chal-

lenging to absorb them into productive employment, resulting in a situation of ex-

tensive under-utilisation of labour. The fundamental reason lies in the divergence

of demographic trends leading to greater labour-supply pressures. Often, poorer

countries have a higher rate of population growth, and they are also least likely to

absorb the young labour force into productive employment. Thus, while an ageing

population is a concern for many developed countries, providing employment to

the young workforce is the primary challenge for much of the developing world.

According to Bank (2012), over 600 million jobs will be needed in the next 15 years

to absorb the increasing working-age population, mainly in Asia and Sub-Saharan

Africa.

Because of a dearth of formal and stable jobs and a lack of social protec-

tion systems in developing countries, a vast majority of youth engage themselves

in informal jobs. While informal jobs employ a huge job-seeking population, in-

cluding an overwhelming share of new labour market entrants, it is also associated

with low productivity, reduced tax revenues and greater vulnerability and inequal-

ity (Bank, 2019). Developing countries, in general, have a high share of informal

employment also because of a large agriculture sector (which is predominantly

informal) and a higher share of unskilled workforce (Bank, 2019).

To tackle the issue of (youth) unemployment and underemployment and

engage them in formal & stable jobs, governments across the world adopt various

active labour market strategies. Active labour market programs (ALMPs) are typ-

1



ically used to reduce the risk of unemployment and to increase the employability

of the workers. ALMPs are often targeted at particular groups with labour market

disadvantages. Vocational training or skill-building training is a crucial instrument

within the overall active labour market policy portfolio. Most often, governments

implementing skills-based training have high expectations regarding their potential

to address unemployment. While skill-based measures might improve the employ-

ability of the labour force by providing them with skills that are relevant to the

market, they have their own set of impediments.

A crucial issue with vocational training is the low take up of these pro-

grams, especially in the context of developing countries, such as India. In a nation-

wide survey in 2011-12,1 it was reported that only around 11% of the population

had vocational training, and out of which, only 2% had formal vocational train-

ing.2 Uptake of vocational training in India is so minuscule, first, because of the

low literacy level, and second, poor perception and stigma of vocational training

Mehrotra et al. (2019).

In India, historically, vocational training has been mainly provided through

ITIs (Industrial training institutes)/ITCs (Industrial training centres) and Polytech-

nics. These institutes belong to the post-secondary level (below the tertiary level of

education) and provide training in more than 150 courses/trades (Agrawal, 2012).

However, the conventional route of providing vocational training through ITI/ITC

suffers from some serious issues. Apart from low enrolment/admission in the

ITIs, there is a strong mismatch between the demand for skills and the supply of

trained manpower through these institutes. The curriculum followed at the insti-

1The 68th round National Sample Survey conducted in 2011-12 sampled 101,724 households
covering more than 450,000 individuals.

2The survey defined formal vocational training as a structured training program in education
or training institutes that provides certificates, diplomas or degrees recognised by state/central
government, public sector or other recognised bodies. Informal training, on the other hand, includes
those training that is outside the preview of the institutional setup and comprises of training that is
imparted either through hereditary, self-learning, learning on the job and other informal sources.
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tutes have little market relevance and there is a lack of reciprocity between the

market demand and vocational course (Kumar et al., 2019; Agrawal and Agrawal,

2017). Another major issue with the conventional training system is that most of

the ITI/ITC are situated in urban centres, and therefore are not accessible to the

rural youths. The National Sample Survey 2011-12 reports that the share of those

having formal vocational training is much higher in the urban sector as compared

to the rural sector.3 Training in rural sectors is mainly informal because people

staying in the rural sector are mainly engaged in agriculture activities and acquire

skills mostly through informal channels.

To improve the employability of poor youths from the rural sectors, the

Government of India launched a job linked national skill training program, Deen

Dayal Upadhyay Grameen Kaushal Yojana (DDUGKY) on 25th September 2014 un-

der the Ministry of Rural Development (MoRD). DDUGKY is a part of the National

Rural Livelihood Mission (NRLM) and is a skill-based training program with guar-

anteed job placement, uniquely focused on rural youths between the age group of

15-35 years from poor families.

DDUGKY is a PAN-India program and is implemented in the public-

private partnership (PPP) model, whereby the private training providers (project

implementing agencies/PIA) are responsible for training and job placement. PIAs

are mandated to employ trainees in formal salaried jobs, and ensure their reten-

tion in the placed jobs. Ministry of Rural Development (MoRD) provides overall

monitoring, policy formulation and funding to DDUGKY in collaboration with the

states (75% central funding and 25% state funding). The State Rural Livelihood

Mission (SRLM) are the apex organisation within the state, responsible for the im-

plementation of DDUGKY through the PIAs. The training is mainly residential

and ranges from 3 months to 12 months of training duration.

3The National Sample Survey conducted in 2011-12 sampled 101,724 households covering more
than 450,000 individuals.
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However, high rates of dropout from the training program and the place-

ment jobs, are issues that hamper the effectiveness of the DDUGKY training scheme.

At the national level, the training dropout rate is around 11%, and only about 55%

of trained candidates have been placed in jobs as of 1st April 2020.4 Trainees drop-

ping out during or at the end of training are costly to the program because they

happen at a stage when the PIAs cannot substitute the dropped out candidates

with new ones.

In order to elicit more information about possible reasons for the high

dropout, selected PIAs were interviewed for this study. While a host of factors

such as family obligation, marriage, time constraint, were mentioned as poten-

tial reasons for dropout, a lack of awareness about the details of prospective jobs

(salary, benefits, nature of work, job location) among the trainees was considered

to be the most important reason by the PIAs.

This study, therefore, tests whether providing better information about

training and post-training placement jobs can improve the effectiveness of the

training scheme. I do this in a randomised controlled trial (RCT) set-up, where

the treatment group trainees were exposed to two informational intervention ses-

sions. The first intervention session was implemented soon after training inception,

and the second session was done just before the end of the training course. The

interventions were carried out at the training batch level,5 whereby the trainees

were gathered in a room (typically their classroom) and were provided with as

many details as possible about the training (number of days of training, subjects

taught during the course, facilities provided to candidates) and job placement op-

portunities (job title, company name, location of job posting, working hours, and

compensation package including net monthly wage and in-kind benefits) specific

to the training batch. The placement details were provided to us by the PIAs. The

4Official statistics from http://ddugky.gov.in/content/about-us-0 accessed on 3 March 2021.
5A batch is referred to a group of students who enrol, have classes and graduate together.
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information session concluded with a few motivational slides on the prospects of

on-job career progression. The study was canvassed over 86 DDUGKY training

batches in Bihar and Jharkhand,6 and the findings are drawn from four rounds of

surveys involving more than 2000 trainees from the selected batches.

Bihar and Jharkhand (part of undivided Bihar before 15 November 2000)

were selected for this study as these are two of India’s poorest states, where caste-

and gender-based hierarchy is pronounced. As DDUGKY explicitly targets youths

from marginalised communities, this study is particularly interested in the impact

of the informational interventions on females, scheduled castes/ scheduled tribes

and less educated, as they might suffer from larger information barrier on labour

market opportunities.

The study seeks to answer the following research questions.

• Can targeted information delivered early in training, address the lack of in-

formation, better align candidate’s expectations, and lead to better training

and placement outcomes?

• Can an information intervention before the placements prepare trainees better

for job uptake and improve job retention?

1.2 Contribution of the study

Although vocational training schemes have been found to be effective in some

contexts (Alfonsi et al., 2020; Maitra and Mani, 2017), more generally they have a

modest impact on employment (Betcherman et al., 2004; McKenzie, 2017; Blattman

and Ralston, 2017). As such, training programs are more expensive to implement

as compared to other labour market strategies, and on top of it, dropout from

642 batches were randomly assigned to the treatment arm and 44 to the control arm.
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jobs after receiving the training may further reduce the cost-effectiveness of these

programs. Heckman et al. (2000) report dropout rate as high as 79% in US training

programs. In developing country context, Hirshleifer et al. (2016) in Turkey, Card

et al. (2011) in Dominican Republic, Cho et al. (2013) in Malawi, report high training

dropout.

This study tries to delve deeper into one of the factors that might poten-

tially explain the dropout and is based on a hypothesis that suggests that providing

information about job prospects can improve the placement outcomes of vocational

training. The thesis contributes to the relatively thin literature on the effectiveness

of training programs in developing countries. While Blattman and Ralston (2017)

and McKenzie (2017) suggest that vocational training often have limited impact

on employment outcomes, experiments in Uganda (Alfonsi et al., 2020) and In-

dia (Maitra and Mani, 2017) report vocational training to have a significant impact

on employment and earnings. In the context of DDUGKY itself, Chakravorty and

Bedi (2019) found the employment outcomes to be similar between the training

participants and non-participants, after two to six months of course completion.

Prillaman et al. (2017) also report low employment outcomes among DDUGKY

trainees after nine months of training.

The study is one of the few to evaluate the effect of an informational

intervention on vocational training. In an experiment in Mongolia, Alzua Soyol-

maa Batbekh et al. (2020) find that providing information to the trainees on market

returns improved participation and length of retention in the training program. In

a similar experiment conducted in Kenya, Hicks et al. (2013) find a negative effect

on training participation, suggesting that authentic information on job prospects

depressed the demand for training. Jensen (2012) finds that providing information

on the new work opportunities in call centre jobs significantly increased the de-

mand for vocational training and improved employment outcomes among female
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youth in India. In a similar setup as this study, Banerjee and Chiplunkar (2019)

study the mismatch between trainee’s preferred DDUGKY jobs and the jobs they

are placed in. They find that an intervention that informs the placement officers

about the trainee’s preferred jobs improved the job matching, and the matched

trainees were likely to stay longer in the placed jobs. The current study also inves-

tigates if the informational intervention helps the matching of better-fit candidates

with the training and as a result improve the training outcomes but through an

alternative mechanism of informing the candidates about the job prospects and

inducing self-selection of candidates who are a better match to the training.

This study focuses on one large scale government-sponsored training scheme,

that is, DDUGKY. However, the findings have much wider relevance and appli-

cability as similar programs are implemented by various government and non-

government agencies across the country. For example, another large scale central

government-sponsored skill-based training program is Pradhan Mantri Kaushal

Vikas Yojana (PMKVY),7 implemented by the Ministry of Skill Development and

Entrepreneurship (MSDE), Government of India. Apart from these two centrally

sponsored training programs, there is a multitude of state-specific and region-

specific training programs, such as Kushal Yuva Program (KYP) implemented by

Bihar Skill Development Mission (BSDM), Sakham Jharkhand Kaushal Vikas Yo-

jana (SJKVY) by Jharkhand Skill Development Mission, Himayat for rural youths in

Jammu and Kashmir and Roshni for rural youths in 27 left-wing extremist districts

across nine states under Ministry of Rural Development, and Standard Training

Assessment and Reward Scheme (STAR) implemented by MSDE.

If the interventions prove to be successful then we will learn about a very

cost-effective measure that can easily be implemented by the States. On the other

hand, if these interventions are unsuccessful, we will come to know that informa-
7pmkvyofficial.org/ accessed on 7 March 2021.
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tion friction do not motivate training and job attrition and should look for other

mechanisms to explain the attrition.

1.3 Outline of the thesis

The thesis is organised as follows. Chapter 2 provides a critical review of literature

on various active labour market strategies, especially skill-based training programs

in developed and developing countries. Based on the review, this chapter discusses

certain core issues of training programs and possible strategies to address these

concerns.

Chapter 3 discusses the study context in terms of the economic setting and

status of skills-based vocational training programs in India. Section 3.4 describes

the training program, Deen Dayal Upadhyay Grameen Kaushal Yojna (DDUGKY),

and section 3.5 explains the gap identification exercise that is based on DDUGKY

administrative data and interview with PIAs. The chapter concludes by justifying

the selection of the states of Bihar and Jharkhand for this research.

Chapter 4 explains the methodological background that motivates the re-

search design adopted for this study. Chapter 5 describes the sampling procedures

(section 5.2), experimental design (section 5.3), data collection (section 5.4) and the

outcomes of interest under this study (section 5.5).

Chapter 6 provides the descriptive statistics of the sample covered in dif-

ferent survey rounds, and an overall averages for the intermediary (section 6.3)

and main outcomes (section 6.4). The econometric analysis results are presented

in chapter 7. Section 7.2 discusses the results from the balance tests to verify if the

randomisation worked and that the treatment and control group individuals were

similar, at the start of the experiment. Section 7.3 reports the estimated treatment
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effects on the outcomes of interest, and section 7.4 addresses the issue of possible

heterogeneity of the treatment effects on a range of dimensions, such as gender,

caste, education, and expected earnings at the baseline.

The summary of the thesis as well as the conclusion and policy implica-

tions of the findings are presented in chapter 8.
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2 Literature review

2.1 Introduction

The academic literature in the area of labour market policies broadly distinguishes

between ’active’ and ’passive’ labour market policies. ’Passive’ policies are con-

cerned with providing replacement income during periods of unemployment. This

may include programs such as unemployment insurance and early retirement mea-

sures, ’Active’ policies, on the other hand, focus on labour market (re)-integration.

Active labour market programs (ALMPs) are typically used to reduce the

risk of unemployment and to increase the employability of workers. Programs may

include a wide range of interventions, such as employment services, vocational

training, public works, wage and employment subsidies, and self-employment as-

sistance. The programs largely fall under three categories: those that enhance the

labour supply, labour demand, or those aimed at improving the functioning of the

labour market. ALMPs are often targeted at particular groups that face labour

market disadvantages.

OECD countries have a long and extensive experience with ALMPs. ALMPs

emerged first in Scandinavia in the post-war period but were taken up by other de-

veloped countries following the unemployment crisis of the 1970s. This take-up

was bolstered by the OECD’s strong advocacy of ALMPs, following the OECD

Jobs Study (1994). Now, these programs are increasingly being implemented in

developing countries, as many governments struggle with growing unemployment

and underemployment.

It is therefore pertinent to understand the extent to which ALMPs can be

relied upon as a tool to address unemployment, and more importantly the context

and hindrances to the success of such interventions. Are ALMPs effective and if so,
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under what circumstances? Are they effective for all kinds of unemployed or are

targeted interventions better suited? Does the effectiveness of ALMPs depend on

the beneficiaries or should their effectiveness be examined within the framework of

the macro-economic conditions under which they are being implemented? What

issues or concerns hamper the effectiveness of ALMPs? These are some critical

questions that should be examined in order to predict the effectiveness of any

ALMP strategy.

In what follows next, the chapter discusses various active labour market

policies, followed by a detailed discussion on the effectiveness of vocational train-

ing programs, especially in the context of developing countries. Vocational training

programs are by far the most frequently used active market strategies. They aug-

ment the productivity of the labour force, either through building skills among

the new labour market entrants or by retraining the existing labour force to make

them more pertinent to the changing market demands. Thereafter, I discuss some

major issues that play a critical role in undermining the effectiveness of vocational

training programs, followed by a summary and concluding remarks.

2.2 Active labour market programs

Active labour market programs (ALMPs) can be broadly classified into three cate-

gories. One set of programs aim to increase the labour demand, through subsidiz-

ing the cost of labour with employment subsidies. These strategies are commonly

referred to as wage subsidies or employment subsidies. Subsidies can be given ei-

ther to employers for hiring job seekers from a particular target group or they can

also be given to the workers from a target population, conditional on being em-

ployed. Another set of programs that aim to augment the labour demand are the

“workfare” programs, commonly referred to as “cash-for-work” schemes. These
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schemes are often in the public or not-for-profit sector for providing work oppor-

tunities to the unemployed. They act more like a safety net, by offering guaranteed

employment every year. The workfare scheme can either be permanent (such as

Mahatma Gandhi National Rural Employment Guarantee Act/MGNREGA in In-

dia) or can be a one-off affair to inject cash into the economy and provide a basic

income to the poor in post-conflict or post-disaster situations. The second set of in-

terventions focus on matching available labour supply with appropriate employers,

thus trying to mitigate the search and matching friction. The third set of programs

aim to increase the labour supply by improving the employability of the labour

force through vocational training.

2.2.1 Wage subsidies

The general idea underlying wage subsidies is to support the labour demand by

covering the cost of labour. Employers/firms might be reluctant to hire untrained

individuals because they are uncertain about the workers’ productivity. This re-

sults in unemployment among individuals who are willing to work, but are inex-

perienced and untested, and less capable of signalling their productivity.

Wage subsidies aim to address these causes of unemployment. A tem-

porary wage subsidy lowers the cost of hiring for firms, which leads to improved

employment, at least for the period the subsidy is in effect. The short-term subsidy

can have long term effects on employment through several pathways: experience

gained may act as a stepping stone to long term employment; the second mecha-

nism could be that firms get to know more about the productivity of workers and

decide to keep individuals who are the best match. It is crucial to realise that wage

subsidies essentially overcome training cost frictions. Firms do not have to bear the

cost of labour during the subsidy tenure and thereafter firms get an opportunity

to hire from a pool of trained workers which reduces the firm’s hiring cost. Also,
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the trainees get the opportunity to become trained while working without having

to pay anything as training cost. For this reason, wage subsidies are also referred

to as on-the-job training subsidy schemes.

However, as promising as the impact of short-term subsidies on sustained

employment might sound, studies show otherwise. In an experiment in Jordan,

where workers were given six months wage subsidies, Groh et al. (2016) find an im-

mense increase of 38 percentage points on employment during the subsidy tenure,

however, this quickly disappeared after the end of the subsidy. Four months after

the end of subsidy, the impact on employment decreased to 1.7 percentage points

and was no longer statistically significant. The authors found that most of the

workers were fired after the subsidy ended. The study raised doubts on the idea

that temporary employment created by wage subsidies provide a stepping-stone to

long-term employment.

One might argue that regulations could be placed to ensure that employers

retain workers after the end of subsidy, but was also found to be counterproductive.

In Argentina and South Africa, experiments were conducted where the firms would

face severance charges on firing the subsidised workers. Both studies show extreme

reluctance on the part of firms to hire workers associated with such strict labour

regulations (Galasso et al., 2004; Levinsohn and Pugatch, 2014).

One important critique against wage subsidy schemes is that they have a

displacement effect. Critics argue that wage subsidies generally do not increase

overall employment rates, instead, it replaces non-subsidised workers with sub-

sidised ones. Groh et al. (2016) find that wage subsidies increased employment

in the treatment group at the expense of control group individuals, who received

much fewer job opportunities compared to previous years. This suggests that both

subsidised and non-subsidised workers were directly competing for the same jobs

and that wage subsidy did not increase aggregate employment.
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Not much of a different impact is registered if the subsidy is given to em-

ployers to encourage them to hire workers. De Mel et al. (2016) find that 24 percent

of firms used the subsidy to hire workers, resulting in increased employment while

the subsidy was in effect. But, much of the effect vanished as soon as the subsidy

ended, and no long term impact was registered after two years.

Another scenario where wage subsidies are being used is in the case of

liquidity-constrained firms, especially to cope during a financial crisis. The idea is

to support firms who are suffering from a temporary demand shock and are com-

pelled to lay off workers, whom they would have retained otherwise. A subsidy

may prevent the firms from firing these workers and hasten the recovery of these

firms. In a study in Mexico, Bruhn (2020) finds that employment is 6-13 percent

higher in durable manufacturing industries (which was the eligible sector for sub-

sidy) as compared to industries ineligible for the program. The supported sector

grew faster after the crisis, providing some evidence that subsidies helped firms to

recover quickly from the shock.

To summarize the above discussion, it can be argued that wage subsidies

may not be a good instrument to increase overall employment in an economy. The

distributive role of wage subsidies is not clear because of displacement effects.

However, they can be helpful to ameliorate economies hit by large temporary fi-

nancial shocks. Even if wage subsidies do not have long term impacts, they can

provide a cushion for smoothing household consumption during a financial crisis.

2.2.2 Search and matching assistance programs

Another set of programs aim to reduce search friction as they try to improve the

match between workers and firms. The assistance might include standard job

matching activities of the public employment services which comprise vacancy
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registration, providing information to job seekers about job vacancies and provid-

ing information of job seekers to employers. These programs might as well include

information, advice and guidance to job seekers on job search methods. The search

assistance programs also include sanction and incentive schemes to motivate work-

less job seekers. These involve active job search by job seekers, who might be pe-

nalised if found to be not actively engaged in job search, and given incentives when

a workless person accepts a job offer.

The review by Betcherman et al. (2004) was favourable of these programs,

mostly because these programs are, relative to other active labour market strate-

gies, less expensive to implement and thus have a favourable cost-benefit ratio. The

review finds a significant impact of job search assistance programs in developed

countries and to some extent in transition economies, but less so in developing

country context. The authors state that search and matching assistance services

tend to be of limited use in economies with high structural unemployment, where

the demand for labour is low. Further, it is also difficult to understand the effec-

tiveness of these programs in the context of economies with a high informal sector,

where workers and firms rely more on informal channels for job search and hiring.

A contrasting argument is that labour markets in developing countries

suffer more from information gaps, where both employers and workers are less

online and both have sub-optimal information about one another. Under such a

scenario, it is more costly to find the right match and the match quality would be

worse if informal channels are relied upon. Matching assistance programs should

be able to bridge this information gap between firms and workers and reduce

unemployment, improve job retention and reduce hiring costs for the firms.

To reduce information and search friction, Jensen (2012) carried out an ex-

periment in India, in which women from randomly selected villages were informed
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about job vacancies in the BPO sector.8 The intervention comprised of informing

job seekers in the treatment villages about the nature of BPO jobs and how to apply

for the vacancies by experienced BPO recruiters. The intervention increased em-

ployment rates in BPO jobs among women from treatment villages by 4.6 percent-

age points, and women from treatment villages were 2.4 percentage points more

likely to work at all for pay outside the home. Dammert et al. (2015) based on an

experiment in Peru assessed the effect of intermediation services. The treatment

consisted of three months of subsidised job search assistance, in which individual

job seekers profiles were matched with available job vacancies, and job seekers were

informed about the matched vacancies either over phone or text messages. They

find that intermediation services tend to speed up the process of finding a job and

has a positive impact on employment rates, but the impacts were rather short-lived

and lasted for only about two months following the intervention period.

Matching friction is often caused due to the information gap between em-

ployers and job seekers. To evaluate if increased interaction between employers

and workers help ameliorate the gap, Abebe et al. (2017a) and (Beam, 2016) test the

impact of job fairs, where employers and workers were allowed to have a face-to-

face interaction. The idea is to improve matching by interacting a large number of

employers and workers at the same time, so that workers are informed more about

the job opportunities and employers get to know more about the available work-

force. Beam (2016) finds that, while participating in the job fairs did not improve

direct matching with job fair employers, workers who attended the job fair were 10

percentage points more likely to be in formal sector employment and more actively

looked for jobs. Abebe et al. (2017a) report that, while job fairs provided a good op-

portunity for direct interaction between job seekers and employers, not much was

attained in terms of employment generation. Only 45 job seekers out of 454 job

seekers received job offers, out of which only 14 accepted an offer, and 31 job seek-

8Business Process Outsourcing also referred to as call centre jobs.
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ers rejected all offers they received. Both the studies find not much direct effect of

the job fairs in terms of matching workers with employers, but they find evidence

of indirect effects. Job seekers reduced their reservation wage expectations based

on their interaction at the job fairs and increased their job search activities, which

ultimately improved their employment outcomes, especially in terms of job quality

(measured as formal and permanent jobs).

Two studies (Franklin, 2018; Abebe et al., 2018) test the impact of reducing

the monetary search cost by providing transport subsidies to allow job seekers to

travel to different parts of the town where jobs are readily available. Franklin (2018)

find that job seekers who received transport subsidies reduced participating in tem-

porary work while receiving subsidies and increased their job search intensity, and

as a result, they were more likely to find permanent jobs. In another experiment

in Addis Ababa, Ethiopia, Abebe et al. (2018) find a large and significant impact of

transport subsidy on permanent and formal employment rates. Also, the positive

effects on job quality were more concentrated among most disadvantaged workers,

who typically find it harder to access good quality employment. Both the papers

argue that cash constraints compelled young job seekers to give up looking for

‘good’ jobs too early, and thus remain stuck in unemployment or take temporary,

informal work. In contexts of severe cash constraints, search costs could be ham-

pering the best match between employers and job seekers. Providing transport

subsidies might motivate job seekers to search for jobs more intensely and meet

more employers, which they otherwise would not have been able to do.

Search and matching friction is mainly due to information asymmetry, in

cases where it is difficult for workers to get information on vacancies and when

firms lack ample information on workers. The information gap is further exacer-

bated when workers are not good at signalling their skills to appropriate employ-

ers. The idea behind assistance programs is to fill the information gap between the
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two parties, either by providing more information about employers to the workers,

by providing more information on workers to the employers or both.

Abel et al. (2020) examine the effect of reference letters from former em-

ployers to alleviate the information frictions and improve signalling. Abebe et al.

(2018) evaluate the effect of job application workshops. Bassi and Nansamba (2019)

evaluate the impact of furnishing certificates on workers non-cognitive skills dur-

ing job interviews. Groh et al. (2015) conducted a range of cognitive and psycho-

metric tests of unemployed recent university graduates and matched these with

vacant positions in various firms. Orkin et al. (2020) in an experiment, conducted

an assessment of, what they referred to as non-specialist skills (a combination of

cognitive and non-cognitive skills). In some instances, job seekers were provided

with test score certificates that they can make ‘public’, and in other cases, they were

not given certificates. They also examine the response of employers in cases when

job applications are made with certificates versus without.

Reference letters and resumes are considered signalling instruments, through

which job-seekers can provide more information to the employers. Abel et al.

(2020) find that using a reference letter from previous employers increased call-

backs by 60 %. The effects are driven mainly by women, as employers tend to be

more uncertain of women’s skills. Reference letters provided valuable information

about a worker’s skills that employers use to select applicants of higher ability and

thus were effective in dealing with information asymmetry and improve signalling.

Abebe et al. (2018) carried out an experiment that involved candidates participating

in job application workshops. The authors report large effects on the probability

of being in a permanent (increase by 60 percent) and formal jobs (increase by 30

percent). Most of these positive effects were registered among more disadvantaged

job seekers, such as the less educated, women, people with poor economic back-

grounds, for whom signalling is typically challenging.
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Hiring by firms might be driven by unobserved characteristics of the work-

ers, especially in situations where signalling methods are not strong. Bassi and

Nansamba (2019) assess how firms and job seekers respond to credible information

on skills that are difficult to observe, by providing information on non-cognitive

skills to both firms and job seekers. They find that both firms and workers revise

their beliefs, mostly upward, on disclosing the non-cognitive grades during the

job interviews. Information on non-cognitive skills strengthens the correlation be-

tween worker’s skills and firms assessment of those skills. Firms revise their beliefs

upwards for the workers and workers react to the certificates by increasing their

expected salary/reservation wage. The authors state that a lack of information on

worker’s skills at recruitment creates significant friction that keeps the wages and

productivity low, and a credible signal in this direction can reduce the friction. In

closely related work, Groh et al. (2015), conducted a range of cognitive and psy-

chometric tests of unemployed recent university graduates and matched these with

vacant positions in various firms. More than 1000 matches were made, however,

they found high rejection rates from the candidates. Young candidates rejected to

even have an interview in 28 percent of cases, and when job offers were made, the

candidates rejected the offer or quickly quit the job in 83 percent cases. Only nine

candidates were in a job that lasted for more than one month. Groh et al. (2015)

find that lowering the search and matching friction did not result in a reduction in

unemployment, much in line with Bassi and Nansamba (2019), where the authors

find that despite the revision of beliefs on part of both firms and workers, there

was no impact of the matching exercise on overall employment rates.

Usually, both workers and firms suffer from a lack of information on work-

ers’ skill sets. Job seekers make job search decisions and firms make hiring deci-

sions based on incomplete information. This leads to firms hiring poorly matched

workers, and job seekers search for jobs that are poorly matched with their skills or

withdraw from the search entirely. These search frictions lead to lower employment
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and lower-earning conditional on employment. In line with Bassi and Nansamba

(2019) and Groh et al. (2015), Orkin et al. (2020) carried out an experiment, where

they shared the results from standardised skills test, with job seekers and provided

the job seekers with certificates, which they could use in their job applications. In

another treatment arm, they shared the test scores with job seekers but did not

provide them with any certificate. As a part of the same study, but in a separate

experiment, the authors submit applications to real-time vacancies, with and with-

out the test score certificate, to assess firms reaction to the additional information

without scope for change in job seekers behaviour. Orkin et al. (2020) find a signifi-

cant positive impact of the ‘public’ certification intervention (where the job seekers

were provided with test score certificates) on employment and wages (an increase

by 17 % in employment and 20 % increase in hourly wages). In the ‘private’ cer-

tification arm (where the job seekers knew their test scores but were not given

any certificate), job seekers updated their beliefs and search strategy similar to the

‘public’ intervention but since they lacked any evidence to share with employers,

this treatment arm registered no impact on employment and a smaller impact on

earning as compared to the ‘public’ certification intervention. In the experiment,

where they shared the skill test certificates with employers, they find that having

a certificate in the job application increased the probability of getting an interview

invitation by 11 percent.

Signalling can be important, however, several studies note that signalling

has differential effects for those with low and high skills. Signalling can be instru-

mental for those having high skills but disadvantages people with lower skills than

other job seekers. This can be beneficial to firms but from the perspective of re-

duction in unemployment, it can simply be a reallocation of work from less-skilled

individuals to more skilled ones.

The following sections discuss one of the core strategies to improve the
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labour supply by providing skills-based training.

2.3 Skills-based training programs

Skills-based training programs are a crucial instrument within the overall active

labour market portfolio. Governments implementing skills-based training have

high expectations regarding their potential to address unemployment. It is there-

fore important to understand the extent to which training schemes can address

unemployment and the contexts in which such schemes can be most effective. The

notion that skill-based measures might have an important role by augmenting the

labour supply with needed skills seems intuitive. The following section elucidates

the impact of such training/skill-building programs in the context of developed

and developing countries, followed by discussing the issues that hamper the effec-

tiveness of such programs.

There is considerable variation in the mechanism of training provision.

Training programs may differ based on the priority given to general education,

specific skill training, the distinction between hard and soft skills, the type of ap-

prenticeship, whether training is classroom-based, job-based or mixed. Training

schemes may also differ in their target populations such as gender, disadvantaged

communities, age, geographic location (conflict zone, regions lagging in socio-

economic measure) or based on unemployment status (new labour market entrants,

long term unemployed, retraining). They differ also by the investment they rep-

resent in terms of money (public, employer, public-private partnerships) or time

(short or long duration training). Training also varies in terms of the implementing

body. While a majority of training schemes are implemented under the aegis of

government sponsorship and monitoring, they can also be provided by employ-

ers to update skills among their employees. All discussions hereafter is focused
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on government-sponsored training schemes since these are most relevant to the

current study.

2.3.1 Training programs in developed countries

OECD countries have been implementing skills-based training schemes for quite

a long time, and thus much literature exists on evaluating these programs in

the context of developed economies. Developing countries started implementing

these programs more recently, mostly following the global financial crisis 2007-08

(McKenzie, 2017). The increasing youth population in large developing economies,

such as India, makes it important for the government to use skills-building pro-

grams as an instrument to fight unemployment by facilitating labour market inte-

gration. The literature on training schemes in the context of developing economies

is growing very quickly in recent years. This section discusses the effectiveness of

training programs in developed economies, followed by a detailed discussion on

training effectiveness in developing economies in the following section.

Based on the review of U.S. training programs, Heckman et al. (1999) find

that training programs have a modest positive impact on adult earnings, with no or

even negative impact on youth earnings. Consistent with these findings, Dar et al.

(1999) concluded that training programs have almost always no impact on labour

market outcomes, especially in developed countries. Kluve (2010) writes that “tra-

ditional training programs are found to have a modest likelihood of recording pos-

itive impact on post-program employment rates”. Regarding the effectiveness of

training programs, as compared to other active strategies, he states that “training

measures sit in the middle of hierarchy; neither the most effective measures nor

the least”. De Koning (2005), based on a review of 130 evaluation studies, states

that evidence on training is mixed, and “the number of training studies that point

to positive effects is more or less the same as the number of studies showing in-
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significant or significantly negative effects”. Meager (2009) assessed various review

articles and concludes that the impact of training programs is modest at best and

that small-scale programs targeted at groups experiencing skill-shortage coupled

with active employer engagement and on-the-job training are likely to be effective.

However, studies that measure long-run effects provide a more sanguine

picture of the impact of training programs. Card et al. (2010, 2018) find that train-

ing programs tend to have small average effects in the short (approximately one

year after completion of the program) run, but with more positive average impacts

in medium (approximately two years after) and longer (approximately three years

after) runs. However, Vooren et al. (2019) report training programs to have posi-

tive but non-significant effects after 6, 12, 24, and 36 months of training comple-

tion. Lechner et al. (2011), based on an analysis of training programs in Germany,

showed employment probability to be positive and significant (10 to 20 percent-

age points more) as compared to non-trainees even after eight years of training

completion. The authors also find no evidence of the training duration on the

impact; both short (less intense) and long duration (more intense) training yield

similar results over the long run. The only trade-off is that positive effects are re-

alized more quickly in short duration training as compared to long-duration ones,

which is indeed intuitive given the longer lock-in period in longer duration train-

ing. Schochet et al. (2008), in a large-scale experimental evaluation of Job Corps in

the U.S., reached similar conclusions: training programs have a negative impact on

earnings for the initial two years, before becoming positive and significant for the

next two years. In year 4, weekly earnings were 12 percent more in the treatment

group in comparison to the control, and the treated individuals were 2.4 percentage

points more likely to be employed. However, the study also report that the effects

dwindled and disappeared in year 5, and in years 6 and 7 had even statistically

significant negative employment rates. Regarding training measures being ‘slow

burn’ interventions, and it takes time for the impacts of human capital acquisitions
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to affect employment rates or earning, Meager (2009) argues that it cannot be gen-

eralised that training programs yield larger impacts over a longer time, and as with

short-term findings, the results from long-term impact are mixed. This is evident

also from the above discussion.

2.3.2 Training programs in developing countries

In developing countries, there has been a steady rise in evaluation studies of var-

ious skill training programs over the last decade. One of the initial meta-analyses

is Betcherman et al. (2004), which report the effects of five training programs from

Latin America. All five studies showed a positive effect on employment probability

and two out of three (those that computed post-training earnings) demonstrated a

positive impact on earnings. This is particularly true for the “Jovenes” programs,9

which have been evaluated in Argentina, Chile, Peru, and Uruguay. These pro-

grams share common features: they are targeted at disadvantaged youths with low

educational attainment, little or no job experience, and the training was a combi-

nation of classroom courses with on-the-job training. The classroom training and

on-the-job experience normally last for about six months – two to three months

of classroom training and two to three months of work experience. The program

was implemented in a public-private partnership model, where the state was re-

sponsible for overall policy guidelines, monitoring, and funding, and training and

placement was provided by the private sector. However, all the evaluations of the

Joven programs measured short-run (six months to one year) outcomes, little or

nothing is known about the impacts over a longer period of time. Betcherman

et al. (2004) report that the impact of training programs in developed countries is

as disappointing as earlier OECD reports (Dar et al., 1999; Eichler et al., 2000), with

9The youth training employment programs (Joven) in Latin America was initiated in Chile in
1991, and thereafter, similar programs have been implemented in Argentina, Colombia, Peru, and
Uruguay.
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the only exception of the U.S. Job Corps program. However, the encouraging find-

ings of the Jovenes training programs in Latin America raised the possibility that

training schemes in developing countries might not follow the disappointing track

record of developed countries.

Since then, there have been a number of evaluations of training programs

in countries such as Columbia (Attanasio et al., 2011, 2017), Turkey (Hirshleifer

et al., 2016), Dominican Republic (Card et al., 2011; Ibarraran et al., 2014; Ibarrarán

et al., 2019; Acevedo et al., 2017), Spain (Alegre et al., 2015), Kenya (Honorati,

2015), Mongolia (Alzua Soyolmaa Batbekh et al., 2020), Malawi (Cho et al., 2013),

Peru (Diaz and Rosas, 2016), India (Maitra and Mani, 2017; Chakravorty and Bedi,

2019) and Uganda (Alfonsi et al., 2020).

In practice, training programs in developing countries target two types

of beneficiaries: one is the general population of unemployed workers, and the

second approach is to more narrowly focus on low-income/‘at-risk’/‘vulnerable’

youth (different training schemes use different terminologies). The standard model

is a combination of two to three months of classroom training with two to three

months of on-the-job training/internship.

Hirshleifer et al. (2016) report the short-run (after one year of training) and

longer run (three years after training) effects of a large-scale vocational training pro-

gram in Turkey. Short-run findings show a modest positive increase in employment

rates, but no impact on hours worked per week and earnings. However, the impact

was significant on formal employment (10% increase) and formal earnings, which

indicates that training might have facilitated individuals to be placed in more for-

mal jobs. However, none of the estimates, including those on formal employment

and formal earnings sustained over the long run, and disappeared after three years

of training completion.
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Training programs might have a differential effect on subgroups based on

gender and age. In an evaluation of the ‘Jovenes en Accion’ training scheme in

Columbia, Attanasio et al. (2011) report an increase of 5-6 percentage points in

overall employment in women, after around 13-15 months of training completion.

The effect on formal employment and formal earnings was also positive and sig-

nificant for both men and women, but the magnitude of the impact was more for

women. Women showed an increase of 33 percent in the formal wages as com-

pared to a 23 percent increase in men. Regarding heterogeneous training effects on

population subgroup, Hirshleifer et al. (2016) did not find a statistically significant

difference based on gender and age. Although only older males showed significant

treatment impact on employment probability (increase by 6.9 percentage points)

and working hours per week (2.9 hours more per week), the authors could not

ascertain that the impact is statistically different from the impact on the other three

gender X age subgroups (male & young subgroup, female & younger subgroup

and female & older subgroup).

Attanasio et al. (2017) in a long-term follow-up study, find a large and

significant effect on formal earnings and formal employment for both males and

females (12 percent more formal earnings in treated individuals), after about eight

years of training completion. However, the study reports employment outcomes for

only those engaged in formal employment, those working in informal engagements

were added with the non-working population. The findings can be considered as

contrasting Hirshleifer et al. (2016), in terms of the positive long-term effects, and

adds to Attanasio et al. (2011), in terms of having significant training impact for

both men and women.

The first experimental evaluation of the Juventud y Empleo (JE) program

(counterpart of the Colombian scheme) in the Dominican Republic find no impact

of the training on employment rates, and a modest impact on earnings of around
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10%, after 13 months of training completion (Card et al., 2011). The authors find

no heterogeneous training effect based on gender or age but report heterogeneous

training effect based on education status and location of the individuals. Better

educated individuals and those from the urban capital city (of Dominican Republic)

disproportionately benefited from the training. Better educated individuals from

the capital virtually accounted for all the positive effects on earnings. The finding

of the study needs to be interpreted carefully as the study got compromised due

to two reasons. The first issue was that many individuals who were assigned

to training either did not join the training program or dropped out of the training

course within the first few days, and the second issue was that these dropouts were

not surveyed in the follow-up survey rounds. The authors report that 17 percent

dropped out of training within the first two weeks of the course and around 60

percent completed the full training. The issue stems from the fact that those who

remained in the program might systematically differ from the dropouts, and as

a matter of fact, the individual covariates were indeed found to be statistically

different between those who completed training and the dropouts, therefore the

results are most likely biased upwards.

Ibarraran et al. (2014) in another evaluation of the JE program in the Do-

minican Republic find no significant impact on employment rates or earnings af-

ter about two years of training completion, much in line with Card et al. (2011).

However, the study reports a significant impact on earnings conditional on being

employed, i.e, among those employed, individuals who completed training earned

seven percent more than control individuals. This was true for females in general

but for males, the results were significant only for those who were from the capital

city of the Dominican Republic. Training had a significant impact on formal em-

ployment in men: males assigned to the treatment group were 17% more likely to

get a job in the formal sector in comparison to control males.
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Besides estimating training effect on standard labour market outcomes,

such as employment probability, earnings, working hours, Ibarraran et al. (2014)

measured certain subjective outcomes, such as the effect of training on improving

youth perceptions about their current situation and future expectations. The study

finds that on average, trainees were more likely to consider having very good health

than non-trainees, and were more likely to have higher expectations about future

education and employment prospects. These effects were stronger in females and

younger individuals. However, one might argue that it could be the case that train-

ing increases the optimism and overconfidence bias by overstating the likelihood

of positive outcomes in the future (Thaler and Sunstein, 2009). Nonetheless, the

increase in future expectation had measurable effects; the treatment individuals

devoted more time to job search as compared to the control individuals. The treat-

ment individuals also remained unemployed for a longer duration before finding a

job, perhaps because they were more choosy in terms of job quality and reservation

wages.

Ibarraran et al. (2014) also report a statistically significant impact of train-

ing on the six non-cognitive measures: leadership, behaviour in a situation of con-

flict, self-esteem, abilities to relate with others, order, and empathy and communi-

cation skills. Despite a positive treatment effect on the non-cognitive measures, it is

hard to interpret the practical significance of these results, as none of the measures

was found to be correlated with employment probability.

Ibarrarán et al. (2019) provides the longer-term follow-up findings, up to

six years of graduation from a training program. In the long term, the study finds

no effect of training on employment probability and earnings on the aggregate

sample. However, women and those from the capital city showed a substantial

significant positive impact on earnings (about 20%-30% higher earning than con-

trol). The only other comparative study to provide long term impact is Attanasio
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et al. (2017), which show results up to eight years of training completion. Ibarrarán

et al. (2019) find training to increase formal employment by 4 percentage points,

consistent with the long term training impact stated by Attanasio et al. (2017) (3-5

percentage points increase in formal employment). Ibarrarán et al. (2019) report

that the effect on job formality is driven mainly by men, those from the urban capi-

tal city and older individuals. The findings are in contrast to Attanasio et al. (2017)

that report a positive impact of training on formal jobs for both men and women.

Ibarrarán et al. (2019) state that the effect of training on formal employ-

ment not only sustained but increased over time, from 4 percentage points (17%

more likelihood of being formally employed) after two years of graduation (Ibar-

raran et al., 2014) to 7.7 percentage points (26% more likelihood of being formally

employed) after six years for males. The authors note that impact on formal em-

ployment though small has persisted in certain subgroups, such as in men. How-

ever, consistent with Ibarraran et al. (2014), no effect was identified on overall em-

ployment in Ibarrarán et al. (2019).

In another evaluation of training programs in the Dominican Republic,

Acevedo et al. (2017) find no overall effect on employment probability after one

year, consistent with earlier studies (Card et al., 2011; Ibarraran et al., 2014; Ibar-

rarán et al., 2019) on the aggregate population. However, it had a significant effect

on women. Measured one year after training completion, employment rate, earn-

ings and job satisfaction were significant in women. Consistent with Hirshleifer

et al. (2016), Acevedo et al. (2017) report that none of the effects persisted after

three years of training completion, neither in men nor women.

Besides standard labour market outcomes, Acevedo et al. (2017) report

training effect on skills development, future expectations and well-being. The find-

ings are consistent with Ibarraran et al. (2014). Measured three years after training

completion, women in the treatment group exhibited a substantially higher level

29



of skills as compared to control women, but no effect was detected for men. Fu-

ture expectations about employment after one year, albeit significant initially for

all treated individuals, persisted only for women, after three years, but became

statistically insignificant and even negative, in men. In the longer term, measures

for self-esteem was positive only for women.

Acevedo et al. (2017) argue that these long term findings are indicative

of the fact that despite both males and females having finished the course with

high future expectations, only females acquired skills and achieved results in the

labour market after training completion. Though in the longer run, the labour

market outcomes disappeared for females, they maintained the gain in the skills

acquired in the training, keeping their self-esteem high and maintaining higher

expectations about better future earnings. Males, on the other hand, initially had

higher future labour market expectations, but failed to gain skills and experienced

reduced labour market outcomes in the short run. This discouraged males, which

was expressed in terms of reduced optimism about future expectations.

Diaz and Rosas (2016) provide long term (after three years of training com-

pletion) evaluation findings in the Projoven training scheme in Peru (counterpart

of Jovenes training program in Latin America). Consistent with evidence from an

impact evaluation of similar training (Attanasio et al., 2011; Card et al., 2011; Ibar-

raran et al., 2014; Acevedo et al., 2017) in the region, this evaluation finds a high

positive impact (17% to 20% increase) of projoven on formal employment. Based

on subgroup analysis, a significant impact was noted in women (26 %) and youths

older than 18 years (35%). Regarding non-market outcomes, contrary to earlier

studies (Ibarraran et al., 2014; Acevedo et al., 2017), Diaz and Rosas (2016) find no

effect of training on self-esteem, perseverance, and ambition.

On the contrary, Alegre et al. (2015), in an evaluation of similar train-

ing programs in Spain, find that training was mostly ineffective in improving the
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labour market prospects of the participants. The training scheme was targeted at

16-25 year-old and those who dropped out of formal education without earning

the certificate of compulsory secondary education. The study found the training

program to be effective in re-engaging youths in formal education, but only until

the completion of compulsory secondary education. Also, the positive effects were

concentrated for the youths between the age group of 16-18 years, the effects were

null or even negative for all other age groups. The training was found to have no

effect on post-compulsory education attainment.

Honorati (2015) provides the findings from the first impact evaluation of

training programs in Kenya. The training comprised of two to three months of vo-

cational training and soft skills coupled with two to three months of internship/on-

job training. The study finds a significant effect on employment (an increase of

around 15 percent in males and females) after 15 months of training completion.

Training had a large positive effect on earnings in females: earning in participating

females was 132 percent more as compared to control females. On job formality,

trained individuals were significantly more likely to be in formal jobs (as high as

50 percent in males and 75 percent in females).

Vocational training might improve labour market outcomes through mul-

tiple channels. First, training may impart new and practical technical skills, which

increase trainees’ human capital, and potentially their productivity. Second, train-

ing may facilitate them to know about better job opportunities and how to access

these jobs, otherwise unknown to them. Third, internship or on-job training helps

employers to hire workers at subsidised wages and train the interns in their specific

line of work. An additional consequence of participating in training may be an in-

creased willingness to invest in human capital beyond the duration of the training

program. Trainees may learn about the prospects of better labour market returns

on new skills, which might motivate them to invest in learning new skills in future.
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Based on an experiment in Malawi, Cho et al. (2013) estimate the effect

of training on a candidate’s perception of skill acquired and human capital devel-

opment. The study finds that training had a very strong impact on improving the

self-assessed practical skills of individuals in the treatment group, irrespective of

gender. Training participation led to a large increase in time spent on human cap-

ital development during the training period, intuitive in the sense that candidates

would of course be attending the training sessions during this tenure. Being as-

signed to the treatment group led to 262-351 extra hours of training. As most of

the training programs evaluated in this study were for a duration of three months

(average training duration was 13-14 weeks), the hours invested seem reasonable

and suggest that training kept them busy over the entire training duration (between

14 to 27 hours per week). Time invested in skill development during training was

almost equal in men and women.

As argued above, training might motivate participants to continue invest-

ing in human capital even after graduating from a training program. Cho et al.

(2013) find that males from the treatment group were likely to invest 22-29 hours

more on augmenting their human capital, but no such effect was identified in

treated women. The authors suggest that the findings might be indicative that

although both males and females invested almost equal time on getting trained,

males got exposed to better labour market opportunities after training completion,

which in turn motivated them further to get trained. Probably, as a result of getting

better exposure, training was found to be also positively correlated with life satis-

faction measures in males. However, one limitation of the study is that it reports

the outcomes over a relatively short period, only up to four months after training

completion.

Alzua Soyolmaa Batbekh et al. (2020) carried out an experiment to anal-

yse the effectiveness of a vocational training program for disadvantaged youths
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in Mongolia. The study finds a positive effect of training on employment rate,

earnings, self-employment and skill matching, after six months of training comple-

tion. While the effect on employment and skill match did not persist after one year

of graduation, the impact on earnings sustained over this period. Monthly earn-

ings for those who received training was 50 percent more relative to the control

group after both six and twelve months of training completion. The study reports

substantial heterogeneity with disproportionately more impact on the less poor,

relatively older and better-educated participants. But, no heterogeneous training

effects were identified based on gender, both men and women benefited equally

across all outcomes. These results are contrary to what has been observed in evalu-

ations of similar training programs in other countries, as shown by Attanasio et al.

(2011) for Colombia, Card et al. (2011) and Ibarrarán et al. (2019) for the Dominican

Republic, Alzúa et al. (2016) for Argentina, and Diaz and Rosas (2016) for Perú. All

these studies showed that young women benefited more from vocational training

initiatives, as compared to other subgroups.

As evident from the discussion of various evaluation studies on training

programs, the impact can be quite diverse. Blattman and Ralston (2017), McKenzie

(2017), Card et al. (2018), argue that training schemes have a relatively weak or

short-lived impact in low-income countries. On the contrary, Alfonsi et al. (2020)

in a study in Uganda find positive and significant training impact, even after four

years of training. Alfonsi et al. (2020) find that two to three years post-training

completion, trainees have accumulated more sector-specific skills as compared to

the control non-trainees. Regarding employment and earnings, the average train-

ing effect was found to be significant in the treatment group individuals. Indi-

viduals assigned to vocational training, were 9 percentage points more likely to

be employed, which corresponds to an increase of 21% more as compared to con-

trol individuals. The number of days worked per month and hours worked per

week were also substantially more in the trainees. On average, individuals with
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vocational training earned 25% more than the control group respondents.

Alfonsi et al. (2020) conclude that “training when provided over an ex-

tended period can have highly positive effects on employment and earnings within

disadvantaged youth transitioning into the labour market. This is in sharp con-

trast with workers who receive no training and who remain largely unemployed

or employed in casual work, as is common among unskilled workers across the

developing world”.

Based on a ‘job-ladder’ model, Alfonsi et al. (2020) also state that voca-

tional training ‘certificates’ are of much importance to ensure long term employ-

ment. The trainees probably use the certificates to secure employment, every time

they slip to unemployment. The finding is indeed intuitive, as the certificates pro-

vide means of signalling to the employers.

I now discuss studies in the context of India, where the current research

has been conducted. The literature on the evaluation of vocational training pro-

grams is rather scarce in India. Although vocational training has been an integral

part of skill development policies, it regained a renewed vigour in the Eleventh

five-year plan (2007-2012).10 With the formation of the ‘National Skill Develop-

ment Mission’ in 2015, skill training became one of the major policy priorities of

the Government of India.

Agrawal and Agrawal (2017) based on NSSO 68th round data,11 evaluate

the returns to vocational training in India. The study finds that earnings among

vocational graduates were significantly higher (by about 20%) as compared to those

with general secondary education (9-10 standard). Also, female vocational gradu-

10The Eleventh five-year plan also considered as the ‘Education plan’ places the highest priority
on the skilling of the workforce in the country.

11National Survey Sample Office, Government of India. The NSSO conducts large scale sample
surveys on employment and unemployment once every five years. The surveys are nationally
representative.
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ates earned less than their male counterparts, more so in the rural sub-sample of

the study.

Although not in context to government-sponsored training scheme, an

experiment by Maitra and Mani (2017) provides impact estimates for a six-month

stitching and tailoring training program targeted at young women (18-39 years) in

India. The study examined the impact of the training program after six months

and 18 months of training completion on a sample of 594 women (409 treatment

and 185 control). The study reports that after six months, women who received

the training were 4 percentage points more likely to be self-employed, 6 percentage

points more likely to be employed, and earn 150% more per month as compared

to the control group. These effects were found to sustain even after 18 months of

training completion. While the effects were impressive, only 56% of those assigned

to the treatment group completed the training, indicating a high dropout rate from

the training program.

Based on an evaluation of a large-scale government training program in

India,12 Chakravorty and Bedi (2019) provide estimates on a sample of 526 respon-

dents. Half of the respondents were trainees in a three-month retail sales training

course in DDUGKY and the other half were those who applied for enrolment in

the training scheme but never joined. The study finds an astounding impact of

29 percentage points on employment soon after training completion. Immediately

after the end of the training, about 42% of the participants received job placements

while the share of non-participants with jobs rose from 8.4% to 12.2% over the same

period. However, measured at six months of training completion, the estimates for

employment and earnings were no more significant, the difference in the employ-

ment rates between treatment and control group was around 3.4 percentage points,

at par with the estimates reported in the developing country context ((McKenzie,

12Deen Dayal Upadhyay Grameen Kaushal Yojna (DDUGKY).
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2017).

Based on a survey of around 2600 trainees (across seven states) in the

same training scheme in India (DDUGKY), Prillaman et al. (2017) find that men

were better exposed to labour market opportunities after training completion. The

study finds that men were 13 percentage points more likely to receive a job offer

than women after training completion, and out of those who received job offers,

men were 26 percentage points more likely to accept the jobs. The study reports a

high rate of dropouts from placement jobs. Measured nine months after training

completion, out of those who were placed in jobs after the training, around 74%

trainees were found to have dropped out of the jobs. However, females were more

likely to continue in jobs they were placed in after training.

2.3.2.1 Summarising training effects on market outcomes

It can be summarised from the above discussion that, skills-based vocational train-

ing programs were found to have a modest positive effect (average increase of 2-3

percentage points) on employment, and in many instances, the effects did not per-

sist over time. However, certain studies report a high and sustained impact of

training on employment, for example, Alfonsi et al. (2020) report an increase by 9

percentage points in Uganda after two to three years of training completion, Maitra

and Mani (2017) report around 6 percentage points in India after around 18 months

of graduation, and Honorati (2015) find an increase of around 8.7 percentage points

measured after 15 months of training.

While the effects of training on overall employment are somewhat mixed,

most studies report a significant positive effect on formal employment, and that

was even found to grow over time. The impact of training on formal job em-

ployment is quite intuitive, as in developing countries, the informal sector is huge

and a majority of youth find some employment in this sector, with or without
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any previous training. Thus, skills-based vocational training may not affect overall

employment. But many studies show that the sustained positive effect on formal

employment cannot be generalised. Studies that measured impacts over multiple

periods beyond a year after training (Alzúa et al., 2016; Hirshleifer et al., 2016;

Acevedo et al., 2017) find that the impacts decrease over time, making it diffi-

cult to assume that short-term gains will persist. Studies from large scale training

schemes in India found that training has an enormous impact on formal employ-

ment immediately after training completion, but the effects vanish rather quickly,

within six-nine months of training completion (Chakravorty and Bedi, 2019; Prilla-

man et al., 2017). Also, others have found a sustained impact of training on formal

employment for certain subgroups (Ibarrarán et al., 2019; Attanasio et al., 2017).

With so much variation in the effects of skills-based training programs, it

is difficult to generalise the overall effectiveness of vocational training. The train-

ing effects also depend on the economy and labour market conditions specific to

the context. However, it is clear that vocational training schemes are likely to be

more successful for certain subgroups of the population, and that better-targeted

training can be more effective. Foremost among the targeting strategies would be

the one based on gender. It appears to be a stylised fact in the literature that vo-

cational training has higher returns for women (Blattman and Ralston, 2017). This

essentially stems from Attanasio et al. (2011, 2017) in Columbia and later Ibarraran

et al. (2014), Alzúa et al. (2016), Diaz and Rosas (2016), and Acevedo et al. (2017).

These studies report a significant impact of training for women, but not for men.

Nevertheless, in many instances, men got better exposed to labour market oppor-

tunities after training, which motivated them to invest further in human capital,

and in turn, they were able to exhibit better long term outcomes as compared to

women (Cho et al., 2013; Prillaman et al., 2017), and in other instances, there were

no differential training effects based on gender (Alzua Soyolmaa Batbekh et al.,

2020).
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2.3.2.2 Summarising training effects on non-market outcomes

Regarding the impact on non-market outcomes, training does seem to have a pos-

itive effect on psychosocial well-being measures, such as self-esteem and expecta-

tions. A positive effect on behavioural measures is intriguing, because if training

is successful in inculcating a sense of positive perception in trainees, then youths

might be motivated to seek better labour market outcomes. This is indeed one of

the main objectives of skill training programs in developing countries, i.e., to create

a skilled and motivated job-seeking labour force. Trainees might also be inclined to

continue investing in human capital, which in turn can augment their employment

chances further (Cho et al., 2013). However, continued investment in human capital

is expensive, both in terms of money and time. This can be an obvious impediment

to continued capacity building, more so among the disadvantaged population. For

example, it is well documented that women suffer disproportionately from credit

and time constraints (Kabeer, 1994; Devereux, 1999), and continued investment in

capacity building can be difficult. Also, investing money or time can be stressful

for those from an economically weak background. Nonetheless, as intuitive as the

pathway from improved self-perception to market outcomes might seem, studies

have not been able to correlate the gains in positive perception with labour market

outcomes (Ibarraran et al., 2014; Acevedo et al., 2017).

2.3.2.3 Summarising training effects in relation to macro-economic environ-

ment

The objective of the training schemes is to help find jobs for individuals that they

would not otherwise get. This however depends on the labour market that workers

face. On the one hand, when unemployment rates are low, there should be more

job opportunities available, making it easier for people to find jobs, with or without

training. On the other hand, when unemployment rates are high, and employers

are not hiring, in such a scenario, having new skills would anyways not help the
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unemployed to get jobs. However, there is the possibility that employers may be

choosier and employ trained people from the pool of the unemployed job-seeking

population. The assumption is that training provides certain skill sets that are dif-

ferent from the untrained people and trained candidates are able to signal this to

employers. Therefore, theoretically, it is ambiguous to predict the performance of

skill training programs in relation to the macro-economic environment.

On the longstanding debate of whether training schemes are more (or less)

effective in dealing with cyclical environments, Card et al. (2018) state that train-

ing programs are most effective in recessionary periods, especially if the recession

is short-lived. Bergemann and Van den Berg (2008), in their meta-analyses of 16

studies in Europe, find that the effect of training programs for women is greater in

economies with a relatively low female labour force participation. They state that

the “larger the fraction of unemployed women, higher is the potential of skill train-

ing to update their skills and increase their employment probability”. However,

based on the meta-analyses of 70 microeconomic studies on skill-building pro-

grams in Europe, Kluve (2010) states that contextual factors such as labour market

institutions or the business cycle do not as much affect the outcomes, rather it is

almost exclusively the training design that determines the effectiveness. On the

other hand, Meager (2009) states that country context is crucial to predict the ef-

fectiveness of training programs, and that training programs might not yield much

value addition where the overall skills level is already high. However, in other

economies with a higher level of skill deficiency, lower level of company training

and/or tighter labour markets, such programs might have a more positive impact.

Hirshleifer et al. (2016) in an experiment covered 23 provinces in Turkey, with un-

employment rates ranging from 5% to over 20% (14% was the median), and find

training programs to increase the employment rate by 4.9 percentage points when

done in high employment regions as compared to low employment regions.
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2.4 Issues in training programs

One of the main issues that hamper training programs is the high rate of dropouts.

In the above section, we briefly encountered this topic. This section provides a

detailed discussion on training dropouts and the possible reasons underlying this.

Blattman and Ralston (2017) state that “that most poor people turn these

(skill training) programs down or dropout”. Heckman et al. (2000) in a review of

five different training programs in the U.S., report training dropout rate as high as

79%. Hirshleifer et al. (2016) in Turkey, Card et al. (2011) in Dominican Republic,

Cho et al. (2013) in Malawi, also report high training dropout. In the India con-

text, Maitra and Mani (2017) report that about half of the trainees dropped before

training completion.

Training attrition has serious implications for the cost-effectiveness of train-

ing schemes. As such, training programs are more expensive to implement as com-

pared to other labour market strategies (Betcherman et al., 2004; McKenzie, 2017;

Blattman and Ralston, 2017), and on top of it, dropout deteriorates the cost-benefit

ratio of these programs. As evident from the discussions in the previous section,

the effectiveness of training schemes is mixed and can be said to have a modest

effect at best. High training attrition only contributes to the worsening of return

on investment on training, causing loss to the public funds. High training dropout

and poor job retention after training completion have almost stylised the narrative,

that ”it is difficult to find training schemes that pass a simple cost-benefit test” and

“However important human capital might be to development, skills-centric pro-

grams seem difficult to get right, clearly at great cost” (McKenzie, 2017; Blattman

and Ralston, 2017).

Thus, it is important to understand why trainees chose to drop out, instead

of taking advantage of heavily subsidized (or even free) training programs to build
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their human capital. There could be a host of reasons for dropping out of training

before course completion. They can be broadly classified as exogenous factors and

endogenous factors. Exogenous reasons are external pressures that make it difficult

for candidates to continue with training. Reasons such as, ‘getting married’ and

‘family obligation’ could be potential reasons for dropout among the female candi-

dates (Cho et al., 2013). Training participation can be expensive, mainly in terms of

time investment, which again can be one of the restricting factors for women, who

already suffer from disposable time constraints, more so in the developing country

context. Also, women are more likely to face credit constraints, high mobility re-

strictions, and weak bargaining and negotiation power in intrahousehold decision

making (Agarwal, 1997; Devereux, 1999), and these may potentially contribute to

training dropout.

While exogenous pressure might play a role in the decision-making pro-

cess to either drop out or continue with training, it might not be the adequate

reason to explain the pervasive nature of the problem (training dropout) across

training schemes and countries. One of the potential reasons for high training at-

trition could be the mismatch between trainees’ expected post-training earnings

and the actual earnings (Abebe et al., 2017a). Trainees might lack information on

the actual returns to the training and might decide to either continue or drop out

of the training program based on incorrect/incomplete information. Expectations

can be subjective and may vary from one trainee to another. Therefore, these are

considered endogenous factors influencing the decision-making process.

Providing correct information on market returns has been shown to be ef-

fective in increasing school attendance (Jensen, 2010). In an experiment in the Do-

minican Republic, the study finds that students tend to underestimate the returns

to formal schooling. On providing correct information on returns to schooling,

students updated their expectations, which led to an increase in enrolment in the
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subsequent year, and an overall increase in the average length of formal schooling.

In a job placement experiment in India, Jensen (2012) finds that provid-

ing information on the nature of the job significantly increased the employment

outcomes. In the experiment, women in randomly selected villages were provided

detailed information on BPO jobs (overview of BPO sector, nature of jobs, and level

of compensation),13 and accessing such jobs (names of specific firms currently re-

cruiting, how to apply for jobs) by experienced BPO recruiters. The study finds that

the intervention increased employment rates in BPO jobs among women from treat-

ment villages by 4.6 percentage points, and women from treatment villages were

2.4 percentage points more likely to work at all for pay outside the home. Also,

women from treatment villages expressed more willingness to continue working

even after marriage and childbirth, indicating a shift in aspirations towards work

as a long-term career option.

In the context of vocational training, it has been shown that the effective-

ness of training programs depends upon the length of exposure to training and

failure of participants to complete training programs negatively affect their earn-

ings (Galdo and Chong, 2012; Choe et al., 2015). An experiment in Mongolia, Alzua

Soyolmaa Batbekh et al. (2020), find that providing information to the trainees on

actual earnings improved their training participation and length of retention in the

training program. The study argues that average trainees might not be fully aware

of the labour market benefits of completing training, and the lack of information

can be more pronounced in rural areas of developing countries, where trainees

might have low literacy levels. To increase awareness among trainees on the ac-

tual market returns, the intervention comprised of distributing weekly newsletters

to the training participants in randomly selected training batches. The newslet-

ters clearly stated the market wages for occupations in sectors that were similar

13Business Process Outsourcing (commonly known as call centre jobs).
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to the trainees and comparative wages in jobs by unskilled workers. Based on the

experiment, Alzua Soyolmaa Batbekh et al. (2020) report that providing a weekly

newsletter to trainees with information on actual market returns to the training

led to a significant gain in the length of exposure to the program (increase by 2.3

additional days of attendance), training completion rates increased (6.9 percentage

points higher probability of course completion) and training dropout decreased

(-7.7 percentage points probability of dropping out).

In a similar experiment in Kenya, individuals were given information

about actual earnings after vocational training (Hicks et al., 2013). In Alzua Soyol-

maa Batbekh et al. (2020), the information was provided to the trainees after they

had enrolled in a training program, whereas in Kenya (Hicks et al., 2013), the in-

formation was provided before training enrolment. It is interesting to note that,

in the Mongolia study, providing information to trainees would indicate whether

the extra information improves training completion, and the Kenya study would

provide findings on, whether providing extra information enables increased enrol-

ment/admission in training programs. Hicks et al. (2013) find that both men and

women had a somewhat optimistic perception about post-training earnings, i.e.,

their expected earnings were higher than actual earnings. It is crucial to see that

misconception on earnings can either be an underestimation or overestimation.

Therefore, the impact of providing information can go in either direction, when

provided in case of candidates with underestimated perception, the impact can

increase training completion, and on the contrary, when information is provided

to candidates with overestimated returns, candidates might drop out of training.

Hicks et al. (2013) find a negative (though statistically insignificant) effect on train-

ing participation, suggesting that information depressed the demand for training.

This is indeed what is expected, as individuals had overly optimistic expectations

on post-training earnings, and telling them about the actual earnings reduced train-

ing enrolment.
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Consistent with Hicks et al. (2013), based on an experiment with young job

seekers in Ethiopia, Abebe et al. (2017a) find that job seekers had reservation wages

well above what they would realistically get, mainly among the trainees with better

education (high school graduates). The experiment comprised of organising large

job fairs, to provide an opportunity for face to face interaction between firms and

job seekers. The findings from the study show that, as a result of their participation

in job fairs, job seekers revised their inaccurate expectations/beliefs and reduced

their reservation wages. This in turn led to better employment outcomes for high

school graduates, who before treatment, had over-optimistic reservation wages.

Apart from these studies, the literature focusing on vocational training

dropout is rather slim, especially when compared with the number of studies fo-

cused on secondary and higher education (Dore and Lüscher, 2011; Tanggaard,

2013). Based on a literature review,14 Cerda-Navarro et al. (2017) recommends that

one of the main strategies to reduce dropout is to increase awareness about the

training programs among prospective trainees. The study states that the most ef-

fective way to increase awareness is to ”conduct guided counselling sessions with

students before they choose which training program they wish to join”. The study

strongly recommends that students should be informed about the training pro-

grams and subsequent job opportunities from the very beginning. Another rec-

ommendation is that ”counselling should aim to improve training and job-related

decision making processes such that students feel like agents able to influence their

professional career and futures”. In summary, the study suggests that students

should be provided with information and knowledge of job opportunities and the

nature of the job that is associated with each training program.

14Review comprised of 60 papers, out of which 37 were scholarly articles and 23 theses.
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2.5 Summary

The chapter provides a critical summary of the literature on various active labour

market strategies and issues that might hamper the effectiveness of these programs.

There is no straightforward answer to the extent to which countries should

rely on active labour market strategies to address unemployment. Advocates of

active labour market strategies argue that these are the most direct instruments to

address unemployment and poverty. On the other hand, opponents consider these

programs largely as a waste of public funds and that any benefits, if at all, for the

participants come at the expense of other workers. The working model for any

active labour market strategy might lie somewhere in between these two extremes.

Active labour market strategies comprise a wide range of interventions

that might be used to address a very specific type of problem underlying unem-

ployment. It is, therefore, better to consider unemployment as a manifestation of

a certain embedded problem in the labour market which is context-specific. The

success of any labour market intervention, thus, would depend on the right iden-

tification of the underlying cause of unemployment, rather than a one size fits all

strategy that would expect all active strategies to be equally effective, irrespective

of the circumstance and context.

For example, wage subsidies are provided to support the labour demand

by covering the cost of labour. The assumption is that employers/firms might be

reluctant to hire new labour market entrants, who lack job experience. This re-

sults in unemployment among job seekers who might be willing to work, but are

untrained and untested, and less capable of signalling their productivity. By sup-

porting the labour cost, wage subsidies provide an opportunity to the workers to

get placed with employers, who otherwise would be reluctant to hire new work-

ers. The idea is to serve both workers and employers. On the one hand, workers
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get to be trained and can use the experience as a stepping stone to move ahead in

their careers. On the other hand, employers learn more about the new workers and

thereafter get an opportunity to hire from a pool of trained workers which reduces

the firm’s hiring cost. The underlying cause of unemployment, in this case, is not

the lack of skill in the labour force; in fact, the tacit assumption is that job seekers

already possess the skills that are in demand (by the firms). Therefore, the issue is

not of labour supply, rather, wage subsidies are used to address unemployment by

increasing/easing the labour demand.

Most studies indicate that wage subsidies might improve employment,

but the impact is only short-lived. They do not yield long term impact, and the

employment rates plummet soon after the subsidy ends. Studies further suggest

that both subsidised and non-subsidised workers often compete for the same jobs,

and the positive effects on the subsidised workers are at the expense of the non-

subsidised ones. However, wage subsidies are effective in smoothing household

consumption during a crisis phase, especially if a recession is short-lived. Subsidies

also enable firms to retain their workers during recessions, who otherwise would

have to be laid-off. This helps firms to recover faster after the crisis ends.

The second set of active labour market policies comprise strategies that

attempt to mitigate the search and matching friction between job seekers and em-

ployers. The underlying assumption is that both employers and job seekers might

have sub-optimal information, and decisions made by either party based on the

misinformation, lead to a bad match. On the one hand, the firms might hire poorly

matched workers, which ultimately increases a firm’s hiring and firing costs. On

the other hand, job seekers might join jobs that are poorly matched with their

skills or withdraw from job search entirely. The idea of the search and matching

assistance programs is to fill the information gap between employers and job seek-

ers, either by providing more information about employers to the workers or by
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providing more information on workers to the employers.

Search and matching assistance programs might include a wide range of

interventions. These may range from intermediation services to the job seekers,

promoting face-to-face interaction between employers and job seekers, reduction

in job search cost, and strategies that aim to improve signalling to prospective

employers, such as, reference letters from previous employers, CV, non-cognitive

test scores.

The direct impact of certain search and matching assistance programs on

employment, such as jobs fairs, has been found to be ambiguous. However, studies

reported that these interventions certainly played a role in aligning job seeker’s

expectations to more realistic earnings. Many studies indicate that job seekers have

over-optimistic expectations and high reservation wages, which contributes to a

high rejection of job offers by the workers. An increase in exposure to prospective

employers led job seekers to reduce their reservation wages and accept more job

offers, which eventually led to an increase in employment.

Search and matching friction is further exacerbated when workers are not

good at signalling their skills to appropriate employers. Strategies that enhance sig-

nalling, such as reference letters and well-written job applications, can be effective

in increasing their employment probability. Firms might value unobserved charac-

teristics of the workers, and a lack of information on worker’s skills at recruitment

creates significant friction that keeps the wages and productivity low. Hence, a

credible signal in this direction can also reduce the matching friction.

Studies also indicate that signalling has differential effects for those with

low and high skills. Signalling can be instrumental for those having high skills but

disadvantages people with lower skills. While this is certainly beneficial to firms, it

might not lead to a reduction in unemployment, as it may simply be a reallocation
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of work from less-skilled individuals to more skilled ones. Also, as search and

matching assistance programs are typically less expensive as compared to other

active labour market strategies, they are generally a favourable choice in terms of

cost-benefit perspective.

The third set of active labour market policies aim to improve the sup-

ply of skilled labour force and augment the employment probability of job seek-

ers through vocational training. Vocational training programs can be quite het-

erogeneous depending on the context, as well as the aim and target of the train-

ing scheme. For example, training schemes may be either for the general unem-

ployed population or narrowly targeted to address unemployment among a specific

marginalised population (based on gender, poor families, conflict zone). Training

schemes may target either new labour market entrants or long-term unemployed

job-seeking workers, or they retrain the existing labour force to make them rele-

vant to the changing skill demand in the market. Training schemes vary widely

in their duration which can range from three months (short duration training) to a

maximum of ten to twelve months (long duration training).

Vocational training programs were initially adopted by developed coun-

tries in the 1970s, but are now being frequently used in developing countries, es-

pecially after the global financial crisis of 2007-08. Initial study findings from the

developed economies suggested that vocational training has a very modest effect

on employment probability. Results suggested that it is more effective to invest

in early schooling, rather than trying to remedy education failures through voca-

tional training. As a result of this, early reviews advocated that youth employment

policies should shift from ’curative’ to ‘preventive’ measures, i.e., shifting the focus

from consequences to the cause. However, later studies from developed economies

provide evidence of positive long-term effects for training programs. The findings

indicate that training schemes might be ’slow burn’ interventions: it takes time for
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the impacts of human capital acquisitions to affect employment rates or earnings.

Studies that did a comparative analysis suggested that training schemes

might be more effective in developing countries as compared to developed coun-

tries. The positive results in the developing country context could be attributed

to the fact that job seekers in developing countries start with a very low level of

formal education and relatively no skills, thus training might play an important

role in their skill-building and engage them in paid employment.

Many studies also indicate that while training might have a modest impact

on overall employment in the developing countries - consistent with the findings

from developed countries - it certainly has a stronger impact on formal employ-

ment. The findings are intuitive given the presence of a huge informal sector,

where youths are often engaged in informal or casual work, even without any for-

mal skill training. A more relevant question, however, is whether the impact on

formal employment sustains over time? The findings in this regard are mixed,

some studies show that the effect on formal employment not only sustain but grow

over time, while others suggest that impacts might fall over time, making it dif-

ficult to assume that short-term gains will necessarily persist. However, evidence

suggests that training might have a sustained impact on formal employment for

certain subgroups and that better-targeted training could be more effective.

Besides the direct effect on labour market outcomes, such as employment

and earnings, training might potentially affect the psychosocial well beings, such

as self-esteem and future expectations. It is expected that motivated trainees might

pursue further investment in human capital to augment their employability. How-

ever, continued investment in skill acquisition can be expensive, both in terms of

money and time, and therefore can be a hindrance, especially for the disadvantaged

population.
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It is difficult to assess the effectiveness of skills-based training programs

in relation to macro-economic situations. When the market is in crisis and unem-

ployment rates are high, it is intuitive to assume that firms might not hire as many

workers and skill training might not be able to push employment rates upwards.

On the other hand, when market conditions are good and employment rates are

high, there should be more job opportunities available, making it easier for peo-

ple to find jobs irrespective of training. Studies indeed find evidence for both,

but generally, training programs are more effective in a recessionary environment,

especially if the crisis is short-lived.

One of the major issues that worsen the effectiveness of training schemes

are high dropout rates. Training programs are expensive to implement and high

training attrition further deteriorates the cost-benefit ratio of these programs. The

reasons for a dropout can be manifold, but broadly, they can be categorised as ex-

ogenous factors and endogenous factors. Exogenous reasons are external pressures

that make it difficult for candidates to continue with training, such as restrictions

or objections posed by family or relatives. Endogenous factors can be considered

as the perceptions inherent to the trainees that motivate them to either drop out

or continue with the training. One of the potential reasons for high training at-

trition could be the mismatch between trainees’ expected post-training earnings

and actual earnings. Often trainees lack correct information on actual returns to

the training and drop out of the training programs based on the sub-optimal in-

formation. Studies suggest that informing candidates about post-training realistic

earnings can play a vital role in reducing training attrition, especially among the

disadvantaged population.
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Table 2.1: Evaluations in developed countries

Authors Nature of study Country Outcomes Summary

Card et al.
(2018)

Meta-analysis of active
labour market pro-
grams (ALMP)

Five coun-
try groups:
the Germanic
countries (Aus-
tria, Germany,
and Switzer-
land), Nordic
countries (Den-
mark, Finland,
Norway, and
Sweden), Anglo
countries (Aus-
tralia, Canada,
New Zealand,
United King-
dom, and
United States),
and two non-
mutually exclu-
sive groups of
lower/middle
income
countries—“non-
OECD” coun-
tries , and
Latin American
and Caribbean
(LAC) countries

Overall (all ALMP interven-
tions) - Among the 415 short
term estimates, 40% are signif-
icantly positive, 42% is insignif-
icant, and 18% are significantly
negative. The pattern of re-
sults is more positive in the
medium and longer terms, with
a majority of estimates (52%)
being significantly positive in
the medium term, and 61% be-
ing significantly positive in the
longer term.
Training programs - Percentage
of estimates with a significant
positive impact of a training
program is 35% in short term
and increases to 54% and 67%
in medium and long term re-
spectively. Mean training effect
on employment probability is 2
percentage point in the short
term and more than 6.5 percent-
age point in the medium and
long term.
Gender - The differences across
gender group are systematic,
and the average estimated pro-
gram effect is slightly larger at
all time horizons for females
and females have a higher prob-
ability of being significant pos-
itive from short term to long
term.
Age group- For youth partici-
pants, relatively small average
program effects (2.5 percentage
points) noted on employment in
the short and medium-term, but
more evidence on the long term.

Training programs tend
to have small average
effects in the short run,
coupled with more pos-
itive average impacts
in the medium and
longer runs. Concern-
ing different participant
groups, training is more
successful for female
participants and those
drawn from a pool of
long term unemployed.
The program estimates
for youths and older
workers are typically
less positive than for
other groups. Train-
ing programs tend to
be more effective in
a recessionary environ-
ment (high unemploy-
ment rate), especially if
the recession is short-
lived. Also, the esti-
mated impacts derived
from randomised con-
trolled trials are not
much different on av-
erage from the non-
experimental estimates.

Bergemann and
Van den Berg
(2008)

Meta-analysis of ALMP Austria, France,
West Germany,
Norway and
Poland

Employment impact on fe-
male-Majority of studies (13 out
of 16) find a positive effect of
training on labour market out-
comes for women, and in many
cases, the effect on employment
probability exceeds the effect
for men. Employment impact
on male - Close to zero and in-
significant.

Effect of training is
much more in females
than in males. The
effect of training pro-
grams for women is
even more in economies
with a relatively low fe-
male labour force par-
ticipation. Larger the
fraction of unemployed
women, higher is the
potential for skill train-
ing to update their skills
and increase their em-
ployment probability.
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Table 2.1: Evaluations in developed countries (continued)

Authors Nature of study Country Outcomes Summary

Lechner et al.
(2011)

Non-experimental
comparison between
training participants
and non participants.

Germany Employment impact - Employ-
ment rate increases by approx-
imately 10 pp for short or long
training programs and 20 pp for
retraining. On average, train-
ing programs increase the total
employment period by about 8-
10 months. Both short (less in-
tense) and long duration (more
intense) training yield positive
long-run effect, however, there
is a trade-off in terms of an
initial lock-in effect. Positive
effects materialise much earlier
for short term training than for
long-duration training.

Negative short-run
(lock-in) effects on em-
ployment for training.
The extent and dura-
tion of these effects are
directly proportional
to training duration.
In the long run (after
about 2 to 4 years), all
programs have positive
effects on employment
probability and earn-
ings when compared
with non-participants.

Schochet et al.
(2008)

Experimental evalua-
tion of Job Corps, US

United States Earnings impact - Negative in
the first two years after random
assignment but became positive
in year 3. In year 4, weekly earn-
ings were 12 percent more in
the treatment group in compar-
ison to control. Positive earning
impacts were noted across most
subgroups in year 4. No statisti-
cally significant impacts on an-
nual earnings were found after
year 4.
Earnings per hours - At the
end of quarter 16, employed
treatments earned an average of
$0.22 more per hour than em-
ployed controls in their most
recent jobs ($7.55 in treatment
compared to $7.33 in control).
Employment impact- Signifi-
cantly positive in year 4 (2.4
percent more in treatment)
but then dwindled and dis-
appeared, with even statisti-
cally significant negative em-
ployment rate in year 6 and 7.
Gender - Earning gains was lit-
tle more in male ($1,530 ) than
female ($1,134), statistically sig-
nificantly positive in both cases.

Negative or insignifi-
cant short term impact,
significant positive im-
pact in 4 years period,
after that impact dissi-
pated.

52



Table 2.1: Evaluations in developed countries (continued)

Authors Nature of study Country Outcomes Summary

Age group - Youths from the
oldest age group (20 to 24 years)
had the highest gains in annual
earnings ($2,663).
Training type - Residential
trainees have statistically pos-
itive earnings gain of $1,378,
however, no statistical signif-
icance was identified in case
of Non-residential training
(though a positive gain of
$1,149 was estimated).

Dar et al. (1999) Meta-analysis of ALMP Majority from
U.S., Canada,
U.K., Sweden
and Germany

Employment impact - Effect of
training is mixed. Somewhat
positive effect emerges for pro-
grams targeted to long-term un-
employed but less so for train-
ing targeted to unemployed and
disadvantaged youths. In al-
most all cases, participants did
not do better than the control
individuals, either in their post-
training employment probabil-
ity or their earnings.

Early interventions at
the schooling stage are
likely to be more effec-
tive than trying to rem-
edy education failure
through youth training.

Kluve (2010) Meta-analysis of ALMP Developed
countries

Employment impact - Training
programs - the most commonly
used type of active policy show
a modestly positive effect.

Rather than contextual
factors such as labour
market institutions or
business cycle, it is
almost exclusively the
program type that de-
termines the program
effectiveness

De Koning
(2005)

Meta-analysis of ALMP Developed
countries

Employment impact- Effect of
training can be quite effective
for the adults and particularly
for the older unemployed but
youth training has poor results.
Most studies that look into
the long term effects find that
effects get smaller over time,
while only one study finds that
long-term effects are larger than
short-term effects.

Effect of training is
mixed.
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Table 2.1: Evaluations in developed countries (continued)

Authors Nature of study Country Outcomes Summary

Vooren et al.
(2019)

Meta-analysis of ALMP Austria, Bel-
gium, Den-
mark, Ger-
many, New
Zealand, Nor-
way, Poland,
Portugal, Ro-
mania, Russia,
Serbia, Slo-
vak Republic,
Spain, Sweden,
Switzerland,
Unite King-
dom, United
States

Roughly half of the sample con-
sists of estimates from Ger-
many. Impact of programs mea-
sured at 6, 12, 24, and 36 months
after the start of the program.
At 6 months after the program
started, none of the programs
have a statistically significant
impact. Subsidized labour and
public employment have neg-
ative coefficients, whereas en-
hanced services and training
programs both have positive im-
pacts. The effects of enhanced
services and training programs
remain positive at 12, 24, and 36
after the program start. The im-
pact of subsidized labour turns
positive at 12 months and re-
mains positive at 24 and 36
months as well. The impact of
public employment stays nega-
tive at 12 and 24 months but
becomes positive at 36 months.
No heterogeneity was found
based on the gender of the par-
ticipants.

Training programs
were found to have a
positive but statistically
non-significant impact
after 6, 12, 24, and 36
months of the start of
the program.
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Table 2.2: Evaluations in developing countries

Authors Nature of study Country Outcomes Summary

Attanasio et al.
(2011)

Experimental evalu-
ation of Jovenes en
Accion

Columbia Overall employment and earn-
ings:
In women - Employment prob-
ability increased from 5 to 6 pp,
paid employment increases by 7
pp, hours per week by 3 hours,
wages/salary by 20 percent.
In men - No significant impact
for men.
Formal employment and earn-
ings:
In women - Trained women
were 8 pp more likely to have a
contract, and 7 pp more likely
to hold formal employment.
The formal wage in women in-
creased by a staggering 33 per-
cent.
In men - Trained male youths
were 6 pp more likely to hold a
formal contract, and 5 pp more
likely to have formal employ-
ment. Male formal wages in-
crease by 23 percent.

Large program effects,
especially for women

Attanasio et al.
(2017)

Long term followup of
Attanasio et al. (2011)
sample using adminis-
trative data. The data
only capture formal em-
ployment and formal
earnings.

Columbia Formal Earnings - Large and
significant positive impact
Overall 12 percent increase in
formal earnings.
Formal Employment in Female
- Increase by 3 pp.
Formal Employment in Male -
Increase by 5 pp.

Large program effects
for both men and
women.

Hirshleifer et al.
(2016)

Experimental evalua-
tion vocational training
for general unem-
ployed.

Turkey Short run findings (after 12
months of training comple-
tion):
Employment probability- In-
crease by 2-2.9 pp. Likelihood
of working more than 20 hours
per week increase by 1.9 pp.
Earnings - No significant im-
pact.
Formal employment - Increase
by 2-3 pp.
Formal earnings - 8.6 percent
increase over the control earn-
ings.
Long run findings (two and
half years of training comple-
tion): Comments only on for-
mal employment and formal
earnings.

The results suggest
that vocational train-
ing programs has a
very modest positive
impact on the overall
employment. Also, the
measured impact of
training is much less
than what was expected
by the participants
themselves and by the
government agencies.
Training has short-term
employment potential
for the unemployed.
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Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Formal Employments and
earnings: No significant impact
on formal employment and
formal earnings. Only male
aged 25 and above showed
significant treatment impacts
on employment probability and
working hours per week. Could
not reject the null hypothesis
of equality on treatment effects
across four age X gender groups
(Male less than 25, Male 25 or
older, Female less than 25 and
Female 25 or older). Training
impact was found to increase
the employment probability
(4.9 pp) in high unemployment
regions compared with low
unemployment regions. Private
training providers increase the
employment probability (4-6
pp) in comparison to those
provided by a public provider.

Card et al.
(2011)

RCT in Juventud y Em-
pleo (JE)

Dominican Re-
public

Employment - No statistically
significant impact (either on ag-
gregate or on subgroups based
on gender, age, education and
location)
Earnings - A modest impact
of 10 % on earnings per
month. (conditional on being
employed), and only marginally
significant.
Earning impact on subgroup
- Similar in men & women,
and younger & older workers.
But, a large positive effect for
better-educated workers and in-
dividuals from the capital city.
The better-educated individuals
from the capital city account for
virtually all the positive effect in
monthly earnings.
Hours /week (conditional on
working) - No effect

Little evidence of pos-
itive effect on employ-
ment outcomes. Some
evidence of a modest ef-
fect on earnings, condi-
tional on working.

56



Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Ibarraran et al.
(2014)

RCT in Juventud y Em-
pleo (JE)

Dominican Re-
public

Employment - No statistically
significant impact on the aggre-
gate sample.
Formal employment - Males
assigned to the treatment group
were 4 pp (17 %) more likely to
be in formal employment.
Monthly earnings - No impact
on the full sample, however,
earnings conditional on em-
ployment were significantly
more in the treatment group
individuals. Among those
employed, individuals in the
treatment group earned seven
percent higher than control
individuals. This is true for
female in general but male only
in the capital city.
Current and future expec-
tations - Positive impact on
perception about their current
situation and future expecta-
tions, stronger for female and
younger individuals.
Social and personal com-
petency test (CPS)- Statisti-
cally significant impact on
non-cognitive skills, but not
translated into impact on em-
ployment probability.

No statistical impact on
employment probabil-
ity. Formal employ-
ment improved in male.
Earnings improved in
women and male from
the capital city.

Ibarrarán et al.
(2019)

Long term followup of
Ibarraran et al. (2014)
up to 6 years after train-
ing assignment

Dominican Re-
public

Employment: Overall effect on
employment probability is close
to zero and insignificant.
Earnings - Statistically signif-
icant only in the capital sub-
sample and particularly for
women from the capital. In-
crease of 21 % in capital sub-
sample and among women the
increase was by 30 %. However,
the impact was positive over the
full sample and all sub samples
but not statistically significant.
Formal employment - In over-
all sample, 4 pp (17%) more
likely to be in formal employ-
ment. However, this is mainly
driven by men (7.7 pp or 26 %
more likelihood of formally em-
ployed). Formal employment is
largest in the capital sub-sample
(8.1 pp or 37%), and is higher
in women (9 pp) than in men
(6.1 pp). A significant impact
of 5 pp on formal employment
in older individuals (>21 years)
than 16-20 years age group indi-
viduals

No effect on overall
employment probabil-
ity, but significant im-
pact on formal employ-
ment in male. Signifi-
cant impact on earnings
in both male and fe-
male in the capital city
(urban market). The
small positive effect in
subgroups is generally
sustained/and or grow-
ing over time. The
impact might be more
in case of a dynamic
labour market.
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Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Acevedo et al.
(2017)

RCT in Juventud y Em-
pleo” (PJyE)

Dominican Re-
public

Future expectations about em-
ployment and improved living
condition in short run - Expec-
tation about employment is pos-
itive and significant in men (3.6
pp) and women (3.5 pp), but on
living condition only in case of
women (3 pp).
Well being measured at long-
run - Training positively affect
self-esteem (13.5 pp more in
treatment), and expected future
earnings (6.3% more in treat-
ment) in women. No impact on
self-esteem in men and the ex-
pectations on future earning is
reversed and negative in treat-
ment men (-9 % less in treat-
ment than control).
Short run labour market out-
comes (12 months after train-
ing completion) - Women em-
ployment probability increased
by 5.9 pp (26.8%). Earnings im-
proved by 17% and job satis-
faction by 16.3 pp (39%) in the
treatment group. No impact on
male employment outcomes.
Longer labour market out-
comes (3 years after training) -
No statistically significant out-
comes in either male or female.

Job training can be
transformative for
women, especially in
the short run. Training
creates expectations
that are not met, espe-
cially among men.

Honorati (2015) RCT in government
sponsored training
program

Kenya Employment probability - Sig-
nificant positive results, an in-
crease of 15-17 percent.
Earnings - No statistically sig-
nificant change of earnings in
male. Significant increase of 132
percent in participating female
compared to control female.
Formal employment - Signifi-
cant impact of 10 pp in male, no
effect on female.

Significant positive re-
sults, specifically an in-
crease of 15 percent
in current employment
among both male and
female participants

Alzua Soyol-
maa Batbekh
et al. (2020)

RCT in government
sponsored training
program

Mongolia Training assignment experi-
ment:
Short term findings (after 6
months of training comple-
tion):
Employment - 12 pp increase.
Earnings - 50% increase in com-
parison to control mean
Skill match - 14 pp increase.
Self employment - 8 pp in-
crease.
Medium term findings (after 12
months of completion):
Employment - No effect on em-
ployment probability.

Training had significant
impact in short-term
but dissipates over
longer period. In-
forming trainees of job
prospects decreased
training dropout.
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Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Earnings - Sustained impact on
earnings.
Skill match - No effect on skill
match.
Self employment - Sustained
impact on self employment.
Substantial heterogeneity with
disproportionately more impact
on better-off, older and better-
educated participants. Not
much heterogeneity over gen-
der.
Newsletter experiment:
Days of attendance - Increase
by 2.3 additional days of atten-
dance. 6.9 pp higher probabil-
ity of course completion. 8.5
pp higher probability of passing
an exam. -7.7 pp probability of
dropping out.

Cho et al. (2013) RCT in government
sponsored training
program

Malawi Self assessed skill develop-
ment - Program was very
successful in improving self-
assessed practical skills of the
individuals’.
Time use during training -
More hours per week invested
in men as compared to women.
Time use after training - Men
continued to invest on human
capital even after training com-
pletion. However, as invest-
ment on training was compen-
sated from personal savings,
this led to decreased perusal in
women. Reason for training
dropout was found to be very
different for men and women.
Women stick to training when
other opportunities disappear
and men dropout to take advan-
tage of migration options. Fam-
ily obligation and getting mar-
ried are two main options cited
by women for dropping out of
training.

Training results in
skills development,
continued investment
in human capital, and
improved well-being,
with more positive ef-
fects for men. However,
training was not found
to improve the labour
market outcomes.
Women make decisions
in a more constrained
environment, and their
participation is affected
by family obligations.
The very short-term
effect of training on
women was a decrease
in their likelihood of en-
trepreneurship, as their
personal savings were
depleted on training.
Employment outcomes
for the dropouts were
found to be very similar
to those who were not
trained (control group
individuals).
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Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Diaz and Rosas
(2016)

RCT in Peruvian Job
Youth Training Program
(Projoven)

Peru Long-term follow (3 years after
training):
No impact on employment
probability, hours worker per
week. Positive impact on for-
mal employment by 3.8 pp (an
increase of 17%-20%). Based
on the subgroup analysis, a ma-
jor impact was noted among
women (26 %) and in youths
older than 18 years (35%). No
impact on socio-emotional skills
(self-esteem, perseverance, am-
bition).

No effect on overall
employment but formal
employment was posi-
tively affected.

Alfonsi et al.
(2020)

RCT in a government
sponsored training pro-
gram

Uganda Long-term follow (3 years after
training):
Vocational training gains
emerge slowly but are long-
lasting. The long-lasting impact
of vocational trainees is due
to the fact that the trainees
use the training certificates to
demonstrate their skills to a
potential employer, and there-
fore they receive significantly
higher rates of job offers when
unemployed, which hastens
their movement back into work.

Tackling youth unem-
ployment by training
youth appears to be ef-
fective.

Maitra and
Mani (2017)

RCT in subsidized voca-
tional training

India 6 months follow-up results:
Employment- 6% increase
Self-employment - 4% increase
Hours worked per week - In-
crease by 2.5 hours
Earnings - Increase by 120%
Treatment effect sustained af-
ter 18 months.

Vocational training can
be useful over short to
medium run.

Chakravorty
and Bedi (2019)

Non-experimental eval-
uation of government
sponsored training pro-
gram (DDUGKY)

Bihar, India Immediately after training
completion: Employment -
Trainees were 29 pp more likely
to be employed as compared
to the non-trainees. About
42% of the trainees received
job placements while the share
of non-trainees with jobs rose
from 8.4% to 12.2% over the
same period (three to four
months).
6 months after training com-
pletion: The estimates for
employment and earnings were
no more significant. The differ-
ence in the employment rates
between treatment and control
group was around 3.4 pp

Impact of training is
high in short-run but
dissipates over a period
of time.
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Table 2.2: Evaluations in developing countries (continued)

Authors Nature of study Country Outcomes Summary

Prillaman et al.
(2017)

Government spon-
sored training program
(DDUGKY)

India Compared to women, men were
13 pp more likely to receive a
job offer after training comple-
tion.
Out of those who received the
job offer, men were 26 pp more
likely to accept the jobs.
Low rate of job retention after
training. 74% of trainees who
accepted a job offer after train-
ing dropped out of jobs after
nine months of training comple-
tion. Better job retention in fe-
males.

Men were better ex-
posed to labour market
opportunities after
training completion,
but females were more
likely to continue in
jobs they were placed
in after training.

Agrawal and
Agrawal (2017)

Vocational training pro-
grams

India Earnings among vocational
graduates were significantly
higher (by about 20%) as com-
pared to those with general
secondary education.
Female vocational graduates
earned less than their male
counterparts, more so in the
rural areas.

Large sections of the
population in the age
group of 15-59 years did
not have any kind of
formal training.
Large proportion of for-
mal trainees remain un-
employed.
Among the vocational
trainees, a large share is
accounted for by non-
formal trainees.

Alegre et al.
(2015)

Evaluation (Non-
experimental) of gov-
ernment sponsored
training program.

Spain Long-term follow (3 years after
training):
Employment outcomes: No im-
pact on employment probabil-
ity.
Educational outcomes: Train-
ing programs have a positive
impact in terms of re-engaging
youths in formal education, at
least until the completion of
compulsory secondary educa-
tion. However. Once re-
engaged, most students do not
pursue post-compulsory educa-
tion.

Training programs are
ineffective in increas-
ing the labour mar-
ket prospects of partici-
pants. But, significantly
effective in re-engaging
youths in formal educa-
tion.
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3 Study context

3.1 Introduction

Labour market activities are very diversified in developing countries. The most

prominent and distinct features of the labour market in developing countries are: a

large fraction of people work as self-employed, most of these are remarkably small

scale enterprises, and much of the business relies on its own ’demand creation’.

Most enterprises, such as street vending, can be understood as an ‘employment-

led’, survivalist strategy, rather than ‘growth-led’ demand for labour. The reason

for such a labour market structure in developing countries is because of the abun-

dance of unemployed workforce who are either illiterate or have very limited ex-

posure to formal education. It is difficult for this population to get engaged in

salaried employment, and thus many of them resort to self-employment that seeks

to create its own demand for its services (Campbell and Ahmed, 2012).

Though the growth rates in developing countries began to increase around

about 1990, an abundance of labour in developing countries make it challenging

to absorb them into productive employment, resulting in a situation of extensive

under-utilisation of labour. The fundamental reason lies in the divergence of de-

mographic trends leading to greater labour-supply pressures in developing coun-

tries. The implication is that the employment challenge in developing countries

is predominantly a youth employment challenge. In other words, the poorer the

country, the higher is the population growth rate, the younger is the population

age structure, and the higher is the youth unemployment. Thus, while an ageing

population is a concern for many developed countries, providing employment to

the young workforce is the primary challenge for much of the developing world.

In a developing country, the issue is not of unemployment per se but under-
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employment. In the absence of social protection systems in developing countries,

unemployment is generally not an option among youths. ‘Open’ unemployment in

developing countries is known to be concentrated among educated youths, whose

families can afford them a longer period of job search. A vast majority of youths

engage themselves in informal work, either as self-employed such as street ven-

dors, casual labourers etc, or work in small unorganised private enterprises such

as hotels, restaurants etc.

Informal employment is a predominant feature of the labour market in

developing countries. ILO (2002) categorises informal employment into 1. Self-

employment in unregistered enterprises 2. Unpaid family workers 3. Paid employ-

ment in informal jobs such as casual or daily labour, and 4. Unregistered help for

informal and formal enterprises (Campbell and Ahmed, 2012). Typically ‘informal’

sector consists of mostly small, family-owned enterprises that are labour intensive,

have low earnings, and are either not subjected to or do not comply with labour

market regulations. These enterprises typically offer less favourable wages and

working conditions to those employed.

The informal economy is the largest sector to employ the majority of work-

ers in the world today, including an overwhelming share of new labour market en-

trants. Overall in Africa, 80% of its non-agriculture employment, 60% of urban em-

ployment and around 90% of new jobs over the past decade are in informal work.

In Asia, the share of informal work ranges from 45% to 85% of non-agriculture

work and around 40% to 60% of urban employment (Campbell and Ahmed, 2012).

Furthermore, the informal sector not only accounts for a major source of employ-

ment in developing countries but also contribute a significant share to a country’s

GDP. A weak institutional capacity to provide education, poor skill levels & lack of

training and poor infrastructure to support development are often the most impor-

tant reasons that contribute to the rise of the informal economy in a country.
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There is a strong negative correlation between the level of economic devel-

opment and the share of the informal employment in the economy; that is poorer a

country higher is the share of informal employment and lower is the share of wage

employment. Of course, the informal employment engages a huge job-seeking

population, but the employment is typically ‘temporary’ in nature and ’vulnerable’

(low paid, and most often without any protection or benefits).

The ILO defines ‘vulnerable’ employment as the sum of shares of ‘own-

account workers’ (also referred to as ’self-employed jobs’) and ‘contributing family

members’ in the labour market.15 The literature usually focuses on the distinction

between self-employment (or own account work) and wage employment, where

self-employment involves returns to own investments, in terms of labour, capital

and entrepreneurship skills, whereas wage employment involves a return to labour

and human capital. Self -employment indeed constitutes a major chunk of the in-

formal economy, for example, self-employment amounts to around 70% of informal

employment in Sub-Saharan Africa, 62% in North America, 60% in Latin America

and 59% in Asia (Becker, 2004).

The following sections provide an overview of the existing labour mar-

ket in India, followed by the need and status of vocational training. This chap-

ter further identifies the gap/challenge in the vocational education system, taking

DDUGKY as the case. I use the DDUGKY administrative data and qualitative inter-

views with the training providers to identify the existing challenges of skill-based

training programs in India. I conclude this chapter by eliciting the study hypothesis

and an overview of the study setting.

15Contributing family workers are those workers who are engaged in ‘self-employment jobs’ as
own-account workers in an establishment operated by a related person in the same household.
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3.2 Indian labour market

Around 90% of India’s entire working population and 85% of the non-agriculture

workforce is engaged in informal employment (Srija et al., 2014). The Indian labour

market broadly consists of two types of employment viz. formal and informal em-

ployment. Formal employment comprises jobs in licensed organisations and is

regulated under government norms, such as the tax laws (income tax, sales tax).

On the other hand, informal employment comprises self-employed, unlicensed and

unregistered economic activities such as unregistered rural traders, farmers, casual

labourers, unregistered enterprises (hotels and restaurants/dhabbas, own manned

general stores/street vendors etc). Informal employment has the biggest share in

the Indian economy and supports half of the working population in both rural and

urban areas. Informal jobs are typically characterised by certain distinct features

such as easy entry (anyone job seeker who wishes to work finds work), a small

operation scale, unstable employment, and no need for formal education. There is

also a considerable difference between the rural and urban informal jobs in terms

of production efficiency and the rural informal jobs are the lowest income jobs

compared to the urban ones. Also, there has been a rise in the trend of informal-

isation of industrial labour after the 1980s, by means of subcontracting and use of

contractual and temporary workers.

Self-employment or own-account work, under most circumstances, is con-

sidered as informal employment, but, it is a little tricky to consider what kind of

wage employment might be considered as informal employment, and might de-

pend on the country context. ILO defines a person as engaged in informal employ-

ment if he is working with an unregistered enterprise, however, NCEUS (National

commission for enterprises in the unorganised sector set up in 2004) defines firms

to be informal in India, if they additionally employ less than ten workers (Srija

et al., 2014). Both ILO and NCEUS considers wage employees to be in informal
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employment if they do not receive ‘social protection’.

Broadly defined, the informal employment includes self-employment in

an informal enterprise (that is small and either outside or do not comply with

the government regulations) as well as wage labourers employed in informal jobs

(that is unregulated and unprotected) either in organised or unorganised sector

enterprises in both urban and rural areas.

To summarise, In India, informal employment includes:

• Own-account workers working in their informal enterprises.

• Employees having informal jobs, either employed by organised or unorgan-

ised sector enterprises.

• Domestic based workers employed by households.

• Own account workers producing good exclusively for their consumption.

• Contributing family workers, irrespective of whether they are engaged in

formal or informal sector enterprises.

3.2.1 Employment trends in India

Table 3.1: Employment in organised-unorganised sector (in million)

Employment 2004-05 2011-12

Organised Unorganised Total Organised Unorganised 2011-12
Sector Sector Sector Sector

Formal 32.06 (52%) 1.35 (0.3%) 33.41 (7.3%) 37.18 (45.4%) 1.39 (0.4%) 38.56 (8.1%)
Informal 29.54 (48%) 396.66 (99.7%) 426.20 (92.7%) 44.74 (54.6%) 390.92 (99.6%) 435.66 (91.9%)

Total 61.61 (13%) 398.01 (87%) 459.61 (100%) 81.92 (17.3%) 392.31 (82.7%) 474.23 (100%)

Source: Srija et al. (2014); Mehrotra et al. (2019).
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Table 3.1 shows the employment trend in formal and informal jobs in the

organised and unorganised sector in India. The share of employment in the organ-

ised sector increased from 13% in 2004-05 to 17.3% in 2011-12, but this increase was

due to an increase in informal employment within the organised sector which had

risen from 48% to 54.6%, whereas formal employment in the organised sector de-

creased from 52% to 45.4%. This is suggestive of the increasing informalisation of

labour within the organised sector. In the unorganised sector, formal employment

marginally increased from 0.3% to 0.4% and informal employment marginally de-

creased from 99.7% to 99.6%. On the whole, the number of formally employed

increased from 33.41 million in 2004-05 to 38.56 million in 2011-12, and those infor-

mally employed increased from 426.20 million to 435.66 million.

Table 3.2: Sectoral employment trends in India (share of workers in %)

Sector 2004-05 2011-12 2017-18

Agriculture 58.5 48.9 44.1
Manufacturing 11.7 12.6 12.1
Non-manufacturing 6.4 11.7 12.7
Service 23.4 26.8 31.1

Source: Mehrotra et al. (2019).

Historically, the agriculture sector was the main contributor to employ-

ment in India, but the share of employment in agriculture has been decreasing

progressively over the years. Agriculture is predominantly an unorganised sector,

and 97% of employment is informal. As shown in Table 3.2, the share of employ-

ment in agriculture decreased from 58.5% in 2004-05 to 44.1% in 2017-18, which

is indicative of the transition of the informal labour to other sectors. The manu-

facturing sector is more or less stagnant, with a marginal increase in employment

from 11.7% in 2004-05 to 12.1% in 2017-18. However, there is immense growth

in the non-manufacturing sector which comprise mainly of construction (and ho-

tels/restaurants) from 6.4% to 12.7%, and this growth is driven by an increase in

informal employment within the non-manufacturing sector. Unarguably, the ser-
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vice sector is the one to employ a major chunk and has been growing over the

years. A growing economy relies on agriculture in its initial phase, followed by a

high growth rate in the manufacturing sector and ultimately leading to a strong ser-

vice sector. However, in India, the ‘high growth rate of the manufacturing sector’

was more or less absent during its growth phase and the agriculture and industrial

sector were never able to match the consistent and strong growth of the service

sector after the ’80s.

Owing to consistent GDP growth and a strong service sector, job oppor-

tunities for skilled labour are available but given that the service sector jobs are

mostly formal jobs it holds promise for the educated population. The less educated

or illiterate mostly find employment in informal jobs in the non-manufacturing sec-

tor.

3.2.2 Informal economy and skill levels of the workforce

One of the reasons for the growth and persistence of the informal economy in

India is the education and skill levels of the workforce. As per the National Sample

Survey Organisation (NSSO) 2012,16 146 million (out of 485 million) of the working

population (15-59 years) are illiterate, which accounts for around 30% of the total

workforce. 52% of the working population has secondary education (class 10),

7.1% has their highest qualification as higher secondary (class 12), only 3% (15

million) has technical qualification at tertiary level, and 7.2% has general academic

qualification till tertiary level. Also, as recently as 2017-18, only around 2.4% of the

workforce received formal vocational training.

NSSO data categorise the workforce based on three types of employment:
16The NSSO conducts a large scale representative survey on employment and unemployment

across India. The surveys follow a multi-stage stratified sampling design, having rural and urban
sectors as two strata. Villages or urban blocks are the first sampling unit, and a household is the
second sampling unit.
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self-employed, casual or daily wage labourers and regular salaried work. Most of

those who are illiterate, work either as self-employed or as casual wage labourers,

engaged in low productive work. Over half of the workforce having secondary

level education (class 10) are self-employed, but more concerning is that around

75 million having secondary education are engaged as casual wage earners. Given

that half of the total workforce has their highest education attainment until only

secondary level and nearly a third of this workforce is engaged in casual work is

worrying (Mehrotra et al., 2019).

The total number of the workforce with higher secondary education (34.4

million) is approximately equal to those who have a tertiary level of education i.e.

graduate level and above (35.6 million). Half of those having higher secondary ed-

ucation are self-employed, and around four millions of this population is engaged

in casual work. Around a third of those having higher secondary education are

in regular salaried employment, as against only 15% and 50% among those with

secondary and tertiary education respectively (Mehrotra et al., 2019).

Given the low education levels in India, it is strongly pragmatic for the

Indian government to implement skills-based vocational training programs. The

vocational training can help youth, especially those with low levels of formal edu-

cation, to improve their employability and facilitate a transition to formal jobs from

self-employed jobs and casual/daily wage employment.

3.3 Overview of vocational training (VT) in India

3.3.1 Status of VT in India

The NSSO 68th round provides information on formal as well as informal training,

and categorised individuals as to whether they have received or receiving voca-
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tional training and the field of training in the working-age group (15 to 59 years)

population.17 The survey defined formal vocational training as a structured train-

ing program in education or training institutes that provides certificates, diplomas

or degrees recognised by state/central government, public sector or other recog-

nised bodies. Informal training, on the other hand, includes those training that

is outside the purview of the institutional setup and comprises of training that

is imparted either through hereditary, self-learning, learning on the job and other

informal sources.

Table 3.3: VT in India: 2011-12 (in %)

Vocational Training Rural Urban Total

Receiving formal training 0.55 1.59 0.87
Received formal training 1.26 4.16 2.16
Received informal training 8.37 9.15 8.6
No vocational training 89.83 85.1 88.38

Total 100 100 100

Source: Author’s computation from NSSO 68th round (2011-12).

Table 3.3 shows the vocational training status in India in 2011-12. About

11% of the population reported having undertaken vocational training, however,

only 2% reported having undergone formal training. Needless to mention that

these figures are very low in comparison to some industrialised countries such as

China, Germany, Japan and Korea, where the percentage of the population hav-

ing vocational training ranges from 68-96% (Agrawal and Agrawal, 2017). The low

number of formal vocational training in India is not surprising given the low lit-

eracy level in India, and the minimum educational qualification needed to enrol

in a vocational training course is either a secondary pass (classes 9-10) or a higher

secondary pass (classes 11-12). Individuals who are not qualified at least up to sec-

ondary education cannot enrol in any formal vocational course. The second factor

17The 68th round NSSO survey conducted in 2011-12 sampled 101,724 households covering more
than 450,000 individuals.
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that contributes to the low uptake of vocational training is the poor perception of

vocational training in India. Students prefer academic education rather than un-

dertaking vocational training, and therefore not many students opt for vocational

courses. It is also worth mentioning that the proportion of individuals having

vocational training is more in the urban sector as compared to the rural sector.

Table 3.4: Proportion of population across VT: 2011-12 (in %)

Vocational Training Rural Urban Total

Receiving formal training 5.36 10.65 7.44
Received formal training 12.42 27.95 18.54
Received informal training 82.21 61.39 74.02

Total 100 100 100

Source: Author’s computation from NSSO 68th round (2011-12).

Table 3.4 shows the proportion of population across formal and informal

training. Among those having vocational training, a large proportion of trainees

have informal training (74%). As expected, the share of informal trainees is higher

in the rural (82%) sector as compared to the urban sector (61%). On the contrary,

the share of those having formal vocational training is merely 18.5% and is much

higher in the urban sector (28%) as compared to the rural sector (12%). This might

be intuitive, as people staying in the rural sector are mainly engaged in agriculture

activities and acquire skills mostly through informal channels (hereditary learning

or learning on the job).

Table 3.5 shows the labour market returns to formal and informal voca-

tional training in India. The average daily wage of formal trainees is more than

double that of informal trainees. As expected, wages in the urban sector is more

than in the rural sector. However, it is interesting to note that unemployment rates

are much higher among formal trainees as compared to informal trainees: around

8% among formal trainees against mere 0.65% among informal trainees. Also, the

unemployment rate among formal trainees is twice as high in the rural sector as
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in the urban sector. These statistics provide an insight into the un-utilisation of a

sizable proportion of trained human resources and at the same time raise questions

on the quality and employability of the vocational trainees.

Table 3.5: Labour market outcomes: Formal and informal training

Vocational Employed Unemployed UR Daily
Training (× 1000) (× 1000) Wage (INR)

All (rural+urban)

Formal training 65.57 6.03 8.42 504.32
Informal training 84.15 0.55 0.65 216.06

Rural

Formal training 61.95 8.44 12 338.66
Informal training 82.76 0.55 0.66 167.46

Urban

Formal training 68.05 4.38 6.05 592.27
Informal training 87.02 0.57 0.65 283.26

Source: Author’s computation from NSSO 68th round (2011-12). UR is unemployment rate
and is defined as the ratio of the number of unemployed people to the labour force population.

There is also a clear distinction in the nature of employment of the for-

mal and informal trainees as shown in Table 3.6. The formal trainees are engaged

primarily in the tertiary sector (services industries) and informal trainees are pre-

dominantly engaged in primary (agriculture and related industries) and secondary

sectors (manufacturing and construction industries). Informal trainees from the

rural sector are engaged more in agriculture (and allied sector), and those from the

urban sector are engaged in the manufacturing and construction industries. It is

worthwhile to reiterate that the agriculture and manufacturing/construction sector

is largely informal jobs and service sector employment is more formal engagement.

This provides clear evidence that the formal trainees get placed formal jobs and the

informal trainees get placed in informal jobs.
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Table 3.6: Employment: Formal and informal training (in%)

Sector of Formal Informal

Employment Rural Urban Total Rural Urban Total

Primary 17.19 1.4 7.46 51.86 3.01 35.35
Secondary 28.97 30.23 29.74 31.53 55.56 39.65
Tertiary 53.84 68.37 62.8 16.61 41.43 25

Total 100 100 100 100 100 100

Source: Author’s computation from NSSO 68th round (2011-12).

3.3.2 Providing VT in India

The Indian education system comprises of primary, middle (or upper primary), sec-

ondary and higher education levels. Elementary education includes primary and

middle schooling (till standard 8), secondary education includes standard 9 and

10, higher secondary schooling is standard 11 and 12, and vocational education,

graduation and higher qualifications are included in higher education.

In the Indian context ‘vocational education’ and ‘vocational training’ al-

beit used interchangeably, are not the same. Vocational education is imparted as

a part of formal schooling at the higher secondary level starting from standard

11 to 12. There are a number of courses, that broadly fall under six major disci-

plines, such as, agriculture, business and commerce, engineering and technology,

health and paramedical, home science and humanities, and science and educa-

tion. In contrast, vocational training is outside the purview of formal schooling

and is imparted through institution-based training programs. The qualification re-

quirement for entry in a vocational training course varies from standard 8 to 12,

depending on the requirement of training in different trades. While more than 17

ministries/departments provide and finance various types of vocational training

in India, historically, vocational training has been mainly provided through ITIs

(Industrial training institutes)/ITCs (Industrial training centres) and Polytechnics.
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These institutes belong to the post-secondary level (below the tertiary level of edu-

cation) and provide training in more than 150 courses/trades (Agrawal, 2012). To

avoid any confusion, I clarify that here I am discussing only the formal avenues

of vocational training and not the informal mechanism which is altogether outside

the purview of the formal system.

The conventional route of providing vocational training through ITI/ITC

suffers from some serious issues. Apart from low enrolment/admission in the ITIs,

there is a strong mismatch between the demand for skills and the supply of trained

manpower through these institutes. The curriculum followed at the institutes have

little market relevance and there is a lack of reciprocity between the market demand

and vocational course. The demand for skilled manpower is high, but employers

do not find suitable skills among people with vocational qualifications and prefer

to recruit either engineering tertiary graduates or general secondary students and

train them in-house (Kumar et al., 2019; Agrawal and Agrawal, 2017).

Moreover, the coverage of ITS/ITCs is quite disproportionate in terms of

the number of institutes in the states. 37% of the total ITIs/ITCs are concentrated

in just five states and one union territory in the southern region of India, which

account for only 21% of the country’s total population, and also most of the training

institutes are located in urban sectors. The existing infrastructure for vocational

training is insufficient to cater to the increasing youth population, especially with

low formal education levels from the rural sectors (Agrawal, 2012).

In India, around 5-7 million young people enter the labour market every

year, the majority of them are unskilled and from rural areas. The Eleventh Five-

Year Plan (2007-12) laid a strong emphasis on skill development programs to create

a pool of skilled manpower. Recognising the importance of youth employment

challenge, the government of India stated at the 44th Indian Labour Conference in

February 2012, “Youth employment is a high-priority agenda for the government. This
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can happen only if we equip our young people with skills that are required to meet the

demands of our rapidly growing economy”. Although training and skill-building have

always been a policy agenda in the country, it gained renewed focus as a policy

priority of India with the launch of “Skill India” (technically known as the National

Skills Development Mission) on 15th July 2015. As a precursor to the launch of

“Skill India”, the government launched a job linked national skills-based vocational

training program, Deen Dayal Upadhyay Grameen Kaushal Yojana (DDUGKY) on

25th September 2014 under the Ministry of Rural Development (MoRD).

3.4 DDUGKY

Deen Dayal Upadhyay Grameen Kaushal Yojna (DDUGKY) is a part of the National

Rural Livelihood Mission (NRLM) and is a skills-based vocational training program

with guaranteed job placement, uniquely focused on rural youths of the age group

of 15-35 years from poor families. Over 180 million or 69% of the country’s youth

population between the ages of 15-35 years live in rural areas. DDUGKY aims

to cater to the need of around 55 million youths who are at the bottom of the

pyramid from poor families with no or marginal employment. The vision statement

of DDUGKY is “Transform rural youth into an economically independent and globally

relevant workforce”.18

The scheme is implemented in the public-private partnership (PPP) model,

where registered private training partners called ’Project Implementing Agencies’

(PIA) are responsible for mobilising the candidates, provide training and placement

in salaried jobs, targeting rural youths from poor families. PIAs are also respon-

sible for providing post-placement support to the trainees and ensure retention in

the placed jobs. Ministry of Rural Development (MoRD) provides overall monitor-

ing, policy formulation and funding to DDUGKY is in collaboration with the states
18http://ddugky.gov.in/content/about-us-0 accessed on 15 April 2021.
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(75% central funding and 25% state funding). The State Rural Livelihood Mission

(SRLM) are the apex organisation within the state, responsible for the implementa-

tion of DDUGKY through the PIAs. The training is mainly residential and ranges

from 3 months to 12 months of training duration.

DDUGKY is a PAN-India program implemented in 28 states and union

territories, across 689 districts, training youths from over 7426 blocks. According

to the official website, currently, PIAs provide training in more than 502 trades

from 50 industry sectors. From its inception in 2014 till April 2020, the Indian

government has invested more than Rs.56 billion (roughly 800 million USD) in this

program.

Some of the salient features of the DDUGKY scheme are as follows:

• Mobilisation and selection of candidates: PIAs provide training to a group

of candidates (referred to as ‘batch’) at a time, on different trades (approved

by the SRLMs) in their training centres. A batch, generally, can enrol 30-

35 candidates. To start a batch, the first step is mobilising candidates from

designated villages (rural areas). The objective of mobilisation is to spread

awareness of the training scheme and is done through various mechanisms,

such as awareness camps, job fairs, banners/handbills/pamphlets and door-

to-door visit. PIAs are responsible for doing mobilisation in coordination

with SRLM staff, especially with the Job Resource Person (JRP), and in con-

sultation with the village institutions, such as Self-help Groups (SHGs), and

Gram Panchayats (GPs). The objective of mobilisation is to reach the maxi-

mum number of eligible candidates and ensure minimum exclusion errors,

i.e., all job-seeking eligible candidates must get the opportunity to enrol in

the training scheme. After mobilisation, ‘desirous’ candidates willing to join

the training program are asked to visit the training centres for counselling.
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The objective of counselling is to provide as much detailed information about

the training scheme and job prospects to the candidates. During counselling,

candidates are screened based on their eligibility,19 willingness to participate

in training, and their commitment to fulfil the training requirements (training

completion and job uptake). The list of selected candidates is sent to SRLM

for approval before the start of training of a ‘batch’.

• Skill training: After the approval of the ‘candidate list’ by the SRLM, PIAs

initiate the training of that ‘batch’. Two weeks after training inception, the

‘batch’ is ‘frozen’. Within these two weeks (before batch freezing), candi-

dates can drop out from the batch and are replaced with new candidates.

PIAs are not allowed to take any new candidate after ‘batch freezing’. The

final list of candidates at batch freezing is also approved by SRLM. DDUGKY

mandates two broad components of training in each course. The first com-

ponent is training on general skills, such as soft skills/spoken english and

information technology (use of computer and internet) and the second com-

ponent is trade-specific training, called domain training. Training can be of

different duration, such as for three months (576 hours), six months (1152

hours), nine months (1578 hours) or 12 months (2304 hours). The training

duration depends on the trade as well as on the PIA. Training, in most cases,

has two component, first is classroom training (training conducted in the

training centre) and the second component is on-the-job training (OJT) with

firms/employers. Duration of OJT might vary depending on the trade and

PIA, and can go up to a maximum of 30 days (for three months training),

60 days (for six months training), 90 days (for nine months training) and 120

19Candidates should be between 15-35 years and DDUGKY follows certain criteria to identify
‘needy’ households and include those with Below Poverty Line card, government health insurance
(Rashtriya Swasthya Bima Yojna/RSBY), participants in public works scheme (National Rural Em-
ployment Guarantee Act/NREGA), or member of Self-Help Group (SHG). Social inclusion is an
important component under this program and composition of 50% Scheduled Caste/Scheduled
Tribe, 15% minorities, and 33% women, and 3% persons with disabilities are encouraged.
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days (for 12 months training). It might be worthwhile to note that not all

training batches have OJT provision, some might only have classroom train-

ing followed by job placement (depends entirely on the trade and PIA).

• Assessment and certification: Two types of assessment are done under DDU-

GKY. The first is internal assessment, conducted by PIA at an interval of every

15 days during the training tenure. The second is the third-party assessment

and certification of all trainees by agencies approved by the National Council

of Vocational Training (NCVT) or the Sector Skill Councils (SSCs). DDUGKY

mandates at least 70% of the trained candidates per batch to be certified. Each

candidate, therefore, receives two certificates on training completion, one by

the PIA and the other by the approved certification agency.

• Job placement: PIAs have a mandate to place at least 70% of the trained can-

didates in salaried jobs, which offer a minimum monthly salary of Rs.6000.20

Proof of employment is to be demonstrated by salary slip (provided by the

human resource department of the employing firm) and bank account state-

ment of the trainee. Job joining letter, salary slip and bank account statements

are to be regularly submitted by the PIA to SRLM for a minimum of 3 months

after training completion. A trained candidate is considered ‘employed’ only

if he/she continues in a PIA job for at least three months. However, a trainee

doesn’t need to stay in the same job (where he/she was placed) for three

months, but the job should indeed be a PIA job (one that is arranged by the

PIA). Another distinguishing feature of DDUGKY is that candidates engaged

in self-employment is not considered ’employed’ under the scheme.

• Post placement support: Conditional on job placement, trainees are provided

wage subsidy of Rs.1000 per month, for two months if placed within the

residence district, for three months if placed within the residence state and

2085 USD/month
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for six months if placed in a job outside their state of residence. However, to

get the wage subsidy, trainees must share their salary slip and bank account

statement with the PIA (which is subsequently shared by the PIA with SRLM)

and thereafter the post-placement support amount is credited to the trainee’s

bank account by the PIA.

• Post placement tracking and retention support: DDUGKY mandates PIAs

to track, monitor and support candidates for 12 months from the date of

training completion. However, in practice, PIA rigorously tracks and support

trainees to ensure job retention for three months, as it is linked to the cost

reimbursement milestones of the PIA. Tracking trainees after three months

period is often not as strictly done.

3.5 Identification of issues in DDUGKY implementation

One of the main issues concerning the effectiveness of the DDUGKY scheme is a

high dropout rate during training and from the placement jobs. The identification

of this issue is based on the DDUGKY administrative (Management Information

System/MIS) data and qualitative interviews with PIAs from the states of Jhark-

hand and Bihar, India.

3.5.1 MIS data

The MIS is maintained regularly by the SRLM based on the data shared by PIAs.

The following section elaborates some crucial findings using the MIS data shared

by Bihar Rural Livelihood Promotion Society (BRLPS), and Jharkhand State Ru-

ral Livelihood Society (JSLPS).21 The data set comprises of 116,941 trainees who

21BRLPS and JSLPS are the SRLM for Bihar and Jharkhand.
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enrolled under DDUGKY since its inception in 2014 till 2020, across Bihar and

Jharkhand.

Table 3.7: Training and placement statistics from MIS

Indicators Percentage of
Candidates

Panel A: Training Completion
Training Dropout 11%
Training Completed 89%

Panel B: Job Placement (Conditional on Completion)
Job Placement 44%
Job Dropout 56%

Note: Author’s calculation from Bihar and Jharkhand administrative data.

Panel A in Table 3.7 shows that 11% of trainees dropped out before com-

pleting the full training course. It is important to note that in DDUGKY, training

dropout refers to candidates who dropped out of training after ‘batch freezing’

because batches are entered in the MIS only after batch freezing. Candidates are

free to leave the training before ‘batch freezing’, given that, the two weeks dura-

tion between batch inception and batch freezing is the window where candidates

are expected to get themselves more aware of the training. This is the time when

candidates decide if the training and type of jobs provided after the training would

be suitable for them. If the candidates find themselves not suited for the training

or the jobs prospects, they may decide to leave the course. PIAs can fill the vacant

seats in a batch with a new candidate. However, dropout after batch freezing can-

not be replaced by new candidates, and PIAs need to complete the training with the

remaining batch strength. Important to note that the training attrition rate of 11%

is still lower as compared to other studies in the developing country setting (17%

in the Dominican Republic reported by Card et al. (2011), 23% in Turkey reported

by Hirshleifer et al. (2016)).

While training attrition is indeed an issue for DDUGKY, more concerning
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is a high dropout from the placement jobs after training completion (placement

dropout). Panel B in Table 3.7 shows dropout from the placement jobs is as high

as 56% (out of trainees who completed training). It is worth reiterating that ‘job

placement’ in DDUGKY refers to at least three months of regular employment in

a salaried job, therefore placement dropout essentially refers to candidates who

dropped out of a job before three months of continuous employment. In other

words, more than half of the trainees to complete the training, are not in jobs

within three months of course completion.

Thus, a high training and placement dropout pose serious challenges to

DDUGKY. At the national level, job placements are as much disappointing, so far

only about 55% of trained candidates have been placed in jobs as of 1st April 2020.22

To put the figures into perspective, assuming an average batch strength of

35 candidates, around four trainees might drop out during the training tenure, and

out of 31 trainees to complete the training, 17 would be unemployed within three

months of training completion. Thus out of 35 trainees, eighteen trainees might

reach the milestone of three months in a placement jobs, thus achieving around

50% job placement as against the DDUGKY mandate of 70% job placement.

To have a better understanding of dropout and the underlying reasons,

from the perspective of the training organisations, PIAs were also interviewed un-

der this study.

3.5.2 Qualitative interviews

As a part of the gap identification exercise, I interviewed staff (program man-

ager/placement coordinator) from 11 PIAs in Bihar in July and August 2018. The

interviews were done using a structured interview schedule (Annexure 1).

22Official statistics from http://ddugky.gov.in/content/about-us-0 accessed on 17 April 2021.
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The objective of these interviews was to understand the main concerns in

the implementation of DDUGKY from the perspective of the training providers.

The PIAs unequivocally pointed out that training dropout and dropout from the

placement jobs are pressing concerns in DDUGKY. They also opined that placement

dropout is almost always more than training dropout.

Next, the PIAs were asked to state an approximate number of candidates

(based on their experience) progressing to successive stages, starting from the field

mobilisation stage until completion of 3 months in placement jobs shown in Table

3.8.

The average capacity for a training batch is around 35. To fill a batch of

this capacity, PIAs were asked to state an approximate number of candidates they

generally mobilise (from rural areas) (Column [1]), out of the mobilised candidates

how many attend the counselling session (conducted by PIA) (Column [2]), out of

those counselled how many candidates continue training after batch freezing (Col-

umn[3]), out of those who start training how many complete the training (Column

[5]), and out of the completed trainees how many are offered a job (Column [6]),

how many of them accept a job (Column [7]), followed by how many start a place-

ment job (Column [8]) and ultimately how many complete 3 months in a placement

job (Column [9]).

Table 3.8 shows that PIAs target around 95-100 (Column [1]) candidates

for a new training batch. Out of the mobilised candidates, around 70-75% (Column

[2]) turn up for counselling. During counselling, PIA counsellors inform candi-

dates and their guardians accompanying them (parents/elder siblings/relatives)

about the training and possible job avenues after the training completion. During

counselling, the PIAs also check the eligibility of the potential candidates, such as

if the candidates are within the age group of 15-35 years, and if the household

belongs to the Below-poverty line (BPL) category or if any member of the house-
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hold is a Self-help group (SHG) member or if any member has worked in National

Rural Employment Guarantee Act (NREGA) or the household is enrolled in gov-

ernment health insurance (Rashtriya Swasthya Bima Yojna/RSBY). Candidates who

do not fulfil at least one criteria of BPL or SHG or NREGA or RSBY and are either

younger or older than the age bracket are screened as ineligible for the training

during counselling. Thus, after counselling, certain candidates are screened by the

PIA and some voluntarily decide not to participate in training.

For a batch of 35 candidates. PIA start the training batch with more than

35 candidates from the list of counselled candidates who are ‘desirous’ to partic-

ipate in training. PIAs often start a batch with around 40-42 candidates, with a

buffer of 5-7 candidates, accounting for the dropout before batch freezing. Column

[3] of Table 3.8 shows that around 30-32 candidates tend to stay in a typical train-

ing batch at batch freezing. Out of those who choose to continue training, around

83% (see Column [5]) typically complete the training course or in other words, 17%

trainees drop out before training completion.

Out of those who completed the training, around 80% (Column [6]) are

offered jobs, and out of those who are provided with job offers, as high as 90%

(column [7]) candidates typically accept the job offer. For example, in Table 3.8, if

26 trainees complete the training, about 20 candidates accept jobs, which translates

to a 77% job acceptance rate on aggregate. Nevertheless, few candidates might

refuse to join the placement job even after accepting the job offer, however, drop

out at this point is not very high, around 88-90% (column [8]) candidates start a job

after accepting the offer (17 out of 20 candidates start a job).

The highest percentage of dropout happens after job placement. Column

[9] shows that around 40% trainees to start a job after training completion drops

out within the first three months in employment, i.e., the placement rate is around

60% in DDUGKY. However, more pertinent is to examine the placement rate (per-
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centage of trainees to complete three months in a job) out of those who completed

training. Around 10 trainees out of 26 trainees (who completed training) fulfil the

job placement milestone of DDUGKY (three months in the job after training com-

pletion), which translates to 39-40% job placement. In other words, around 60%

trainees to complete the full training tenure drops out of the placement jobs in the

first three months. These estimates for job dropout from the qualitative interviews

are in consonance with those calculated from the MIS data.23.

3.5.2.1 Further into issue identification - understanding reasons

Having identified dropout as one of the major issues in DDUGKY training, the

PIAs were asked to elicit probable reasons for dropout and more importantly, what

according to them could be done to address this issue.

The PIAs opined that reasons for training and placement dropout may

vary, and hence they discussed the reasons and strategies to address both types of

dropout separately.

Following are the reasons mentioned by the PIAs for training dropout:

PIA 1:

• ”Inability to cope up with the training as the environment is very new to them

(trainees) and they are not habituated to learning.”

• “Trainer’s inability to engage effectively with the candidates.”

PIA 2:
23Panel B in Table 3.7 shows the job dropout rate to be 56%
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• ”Job roles and the salary they may get after training, do not match with the aspiration

of the candidates.”

PIA 3:

• ”Jobs not as per expectation.”

• ”Can not adjust to the learning environment.”

• ”Candidates inability to come out of their comfort zone.”

• ”Exam schedule / Function / Festival.”

PIA 4:

• ”Once they join a training course, they realize that the job they will get is not as per

their aspiration.”

PIA 5:

• ”Trainees are unaware of the type of jobs when they come for training, and they drop

from training because of PIA’s inability to mentally prepare them for the jobs.”

• ”Drop out happens because of bad quality of provisions (not offering quality food) in

residential training.”

PIA 6:

• ”Job role do not meet the aspiration of candidates.”

PIA 7:
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• ”Trainers inability to hold the candidate’s interest in training.”

PIA 8:

• ”In our case, drop out is less after freezing of batches and is not much of a problem

for us.”

PIA 9:

• ”Candidate not happy with training Centre/Hostel Facility/Service/Quality/Job.”

• ”Candidate Illness/ Illness of any family member.”

• ”Festival/ Marriage Ceremony at home.”

PIA 10:

• ”After getting more details about work they have to do after training, they become

uninterested as their aspirations are different.”

• ”Not being adjustable to a new environment of learning.”

PIA 11:

• ”Job profile does not suit their aspiration.”

As evident from the above verbatim, training dropout can, of course, be

attributed, to a range of reasons, such as low quality of training, low quality of

facilities provided during residential training, health issue of the candidate or rel-

atives, or family obligations or change in environment. However, the reason most
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frequently cited by the PIAs is the mismatch between a candidate’s expected jobs

versus actual jobs after training.

Trainees initially lack knowledge about the content, structure and timeline

of the training program, and they especially lack knowledge about the working

conditions (location, wage, nature of the job) in jobs that might be offered to them

after training. The candidates learn more about the training and prospective jobs

once they have enrolled in training, and then they decide to continue or drop out

of the training course.

Ideally, candidates should have full information about the training prospects

before they enrol in a training course, but the fact remains, that many trainees con-

tinue to be unaware of these right until the job placement time. It is difficult to

point out exactly how and when this misinformation creeps in. I can only hy-

pothesise that there can be several sources of misinformation, some deliberate, and

some unintentional due to communication loss, and most often this happens dur-

ing the time of training recruitment (mobilisation stage). The incorrect information

can stem from:

• The PIA mobiliser might communicate incorrect information to enrol candi-

dates and achieve training targets.

• The JRP (Job resource person) in charge of organising mobilisation camps for

PIAs might pass inaccurate information about training prospects.24 Most of

the time the misinformation is caused because the JRPs are themselves not

fully aware of the job opportunities, but at times the JRPs might be driven by

incentives.25

• Other community members such as SHG members, past candidates can be

24JRP is block-level community mobilisers recruited by DDUGKY.
25JRPs receive an incentive based on the number of candidates they mobilise to enrol in training.

88



also be a source of incorrect information.

On asking the PIAs about strategies that can be instrumental for reducing

training dropout, they mentioned the following activities:

• Proper Counselling: Informing trainees early on in training about training

and job prospects after training.

• The trainer should actively engage the trainees and connect the classroom

training with the actual job roles.

• Work readiness module, to mentally prepare the candidates for the jobs,

should be part of the training module.

• Meeting and orienting parents and rapport building.

The Program manager for one PIA suggested, “Along with a trainer, senior

facilitators from the PIAs should also be involved to keep candidates motivated and well

informed about the job they have to do.”

Placement officer from another PIA stated that “Candidates need to be men-

tally prepared for the job from day one. Job Readiness program should be part of regular

activities.”

Of course, among other strategies to reduce training dropout, the PIAs

suggested that there should be no compromise in the quality of food or accom-

modation during training and that trainers should be experienced and of good

quality.

Next, PIAs discussed some reasons they think are responsible for place-

ment dropout. As the term suggests, placement dropout refers to dropout from the

job in which the candidates were placed after training completion.
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Following are the reasons mentioned by the PIAs for placement dropout:

PIA 1:

• ”Salary low as per expectation.”

• ”Inadequate lodging and boarding facilities.”

• ”Not being properly managed or treated by the employers.”

PIA 2:

• ”Not willing to migrate to other location for job.”

• ”Focus on preparing for government Jobs.”

• ”Not habituated to the work environment.”

PIA 3:

• ”Location of Job, non-willingness to migrate to new location.”

PIA 4:

• ”Location of Job is out of state.”

• ”Huge gap between aspiration of job and job they are actually doing.”

PIA 5:

• ”Not willing to migrate for job at other location.”
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PIA 6:

• ”Location of Job is outside the residence state.”

• ”Some (candidate) think it’s better to work as a daily wage worker and earn 350 per

day for 8 hours work rather than working as an employee and earning a monthly

salary of 7000- 9000.”

PIA 7:

• ”Candidate not willing to relocate to new location.”

• ”No able to adopt to working environment/working hours.”

PIA 8:

• ”Job is not as per expectation (Salary/ Location/ Work Profile).”

• ”Parents do not allow to go outside the state.”

• ”Candidate’s/relative’s Illness.”

• ”Festival/ Marriage Ceremony at home.”

PIA 9:

• ”Job location do not suit with candidate’s expectation.”

• ”Festival and ceremony at home.”

• ”Social reason; in case of girls Marriage is the priority and many parent do not want

that their child should come home late evening from work:
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Reasons for placement dropout can be varied, but the main reason cited

by PIAs is that candidates are unwilling to migrate outside of their native states for

jobs. DDUGKY aims to train rural youth and place them in salaried employment,

and most often these jobs are in urban sectors of other states. Migration outside

the state and transitions between villages and cities, and between agriculture and

working in large firms, can be stressful and more so if candidates are not prepared

for such jobs from the beginning of their training. Also, rural youths may be reluc-

tant to migrate apprehending that this might compromise the community networks

back in their native place (Munshi and Rosenzweig, 2016). Most of the job offers

come as a shock to the candidates and this augments the chances of dropout during

job placement. Another reason, same as training dropout is the mismatch between

expected earning and actual earning.

Strategies mentioned by PIAs to reduce placement dropout are as follows:

• Pre-placement orientation in the form of job-readiness program or job orien-

tation counselling before placement to improve job uptake.

• Candidates should be informed in advance about the details of the job (nature

of work, salary, location, benefits etc).

• Active post-placement support and counselling at least for 2-3 Months.

It is important to note that the first month into a job is quite crucial, where

the trainees might feel anxious settling in the new work environment. At this time

active post-placement support and counselling can play a very pivotal role in deal-

ing with the anxiousness and insecurity of the newly placed entrants. Providing

due support at this point can help them sustain and better adapt to the working

environment, and could facilitate long term job retention.
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To summarise the above discussion, the most prevalent reasons for train-

ing and placement dropout are: trainees’ unwillingness to migrate outside of their

residence state, and that salary in the placement jobs are not in line with their ex-

pectations. Providing better information about prospective jobs (nature of work,

salary, location, benefits) early in training can have a two-fold benefit. First, can-

didates whose expectations (either in terms of salary/location/nature of work) are

misaligned with the actual jobs may decide to leave the course. On the other hand,

those who choose to stay in training will be better prepared for job uptake and

migration if needed and thus, should have improved job retention. Also, orient-

ing the trainees on the job details just before placement can play a pivotal role in

improving job uptake and retention.

3.6 Study setting

The gap identification exercise using MIS data and PIA interviews revealed that

candidates may lack information about training and prospective jobs. I hypothe-

sise that this lack of knowledge is possibly the underlying reason for the mismatch

between candidate’s expectations and realistic salaries, which eventually causes

dropout from training and placement jobs. This study, therefore, tests whether pro-

viding better information about training and post-training placement jobs can align

the candidate’s expectations, and improve training completion and job placement

rates. To do this, I conduct an informational intervention experiment in DDUGKY

training batches across the states of Bihar and Jharkhand in India. The research

design is discussed in Chapter 5.

The setting for this research is Bihar and Jharkhand (part of undivided Bi-

har before 15 November 2000), India. Bihar is one of India’s poorest states, where

caste- and gender-based hierarchy is pronounced and Jharkhand has a high pro-

93



portion of scheduled tribe population. As per the 2011 Census of India, Bihar is

the 3rd most populated state in India (8.60 percent of the total population of India)

and has a total population of 103 million (Male 54 million and female 49 million).

Jharkhand is the adjoining state and constituted part of undivided Bihar before

2000. The population of Jharkhand is 33 million approximately equally divided be-

tween male and female population. Bihar’s overall Labor Force Participation Rate

(LFPR) is one of the lowest in comparison to other states, with only 48% of males

and 3.7% females (Bihar LFPR – 27% vs Country average LFPR – 36%) engaged

in employment and the corresponding figures for Jharkhand are 52% and 9% re-

spectively (Jharkhand LFPR – 31%). The total literacy rate of Bihar is 61% which is

lower than India’s literacy rate of 66%. Across the state of Bihar, the male literacy

rate (69%) is more than females (51%). The average literacy rate of Jharkhand is

66%, with a male literacy rate of 77% and a female literacy rate of 55%. Table 3.9

summarizes some of the important indicators.

The demographic characteristics of both states are quite comparable, how-

ever, there is a crucial difference in caste composition between the states. 16% (16.5

million) of the total Bihar population comprise of Scheduled Caste (India average

SC population is 16.6%),26 and 26% (8.6 million) of the total Jharkhand population

consist of Scheduled Tribe (India average of ST population is 8.6%). Thus, Bihar

has a high SC population proportion, and Jharkhand has a huge ST proportion.

The selection of states is based on the well-established premise that caste plays a

vital role in determining life choices and including Bihar & Jharkhand provides

the unique opportunity of comparing behaviours of two historically marginalized

communities in India.
26The Scheduled Castes (SCs) and Scheduled Tribes (STs) are officially designated groups of

historically disadvantaged people in India. These categories are recognized by the Constitution
of India, and various castes/jatis are designated to one or other of the categories. The combined
percentage of people in Scheduled Castes and Scheduled Tribes is essentially the official percentage
of people in the lowest part of Indian society.
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Table 3.9: Demographic and economic indicators

Indicators Bihar Jharkhand India

Percentage of total Population of India 8.60% 2.72%
Total Population 10,38,05,267 3,29,88,134 1,21,08,54,977
Male Population 52.20% 51.32% 51.51%
Female Population 47.80% 48.68% 48.43%
Scheduled Caste Population (SC) 15.96% 12.08% 16.63%
Scheduled Tribe Population (ST) 1.29% 26.21% 8.63%
State Literacy Rate 61% 66% 74%
Male Literacy Rate 69% 77% 82%
Female Literacy Rate 51% 55% 65%
State Labour Force Participation Rate (LFPR) 27% 31.40%
Male LFPR 47.80% 52.20% 55%
Female LFPR 3.70% 9.20% 17%

Source: Census 2011 and NSSO 68th round (2011-12).

As DDUGKY explicitly targets youths from marginalised communities,27

this study is particularly interested in the impact of the informational interventions

on females, scheduled castes/ scheduled tribes and less educated, as they might

suffer from larger information barrier on labour market opportunities. In the In-

dian context, existing social structures may hinder participation in the development

program, more so, in social programs based on voluntary participation by the ben-

eficiaries. The goal of DDUGKY is to promote equity irrespective of the social and

economic background, but discrimination based on caste, economic status, gender

or any other social markers, either in program participation or job placement and

job retention after training offsets the scheme objectives. Under such a scenario,

the existing issues need to be addressed otherwise only increasing government

spending on the scheme may achieve little towards enhancing welfare and equity.

27Social inclusion is a crucial component under DDUGKY and a composition of 50% SC/ST, 15%
minorities, and 33% women, and 3% of persons with disabilities are encouraged.
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3.7 Summary

Labour market activities are quite diversified in India, as it usually is for any de-

veloping country. The major issue in developing countries is that of underem-

ployment, as a vast majority of youth are engaged in informal work, either as

self-employed or in small unorganised private enterprises, that does not guarantee

a steady paycheck.

In India, the informal sector is one of the biggest employers, which em-

ploys around 90% of the country’s entire working population. One of the most

contributing factors that led to such a huge informal economy is the low literacy

level. As per National Sample Survey Organisation (NSSO) 2012 report, around

30% of the working population are illiterate, and around half of the remaining

are educated only until secondary education (standard 9-10). Also, most of the

working population has no formal vocational training. Without skills and no for-

mal education, much of the working-age population land up in the ever-increasing

informal sector. The informality of work is much more pronounced in the rural sec-

tors, because of low education levels and the dearth of vocational training avenues.

Compared to the urban youth, rural youth are also more likely to face a skills

gap as well as more information friction regarding formal salaried jobs, which are

almost always located in the urban sectors.

To improve the employability of poor youths from the rural sectors, the

Government of India launched a job linked national skill training program, Deen

Dayal Upadhyay Grameen Kaushal Yojana (DDUGKY) on 25th September 2014

under the Ministry of Rural Development (MoRD). DDUGKY targets poor rural

youth between the age of 15-35 years, provide them skills-based training for three

to 12 months and place them in salaried jobs. DDUGKY is a public-private part-

nership scheme whereby the central and state governments fund the program and

private training providers (project implementing agencies/PIA) are responsible for
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training and job placement.

While DDUGKY provides free of cost training and a guaranteed job place-

ment support, the training scheme is affected by a high rate of training and job

dropout. At the national level, the training dropout rate is around 11%, and only

about 55% of trained candidates were placed in jobs as of 1st April 2020.28 Trainees

dropping out during or at the end of training are costly to the program because

they happen at a stage when the PIAs cannot substitute the dropped-out candidates

with new ones.

In order to elicit more information about possible reasons for the high

dropout, selected PIAs were interviewed. While a host of factors such as fam-

ily obligation, marriage, time constraint, were mentioned as potential reasons for

dropout, a lack of awareness about the details of prospective jobs (salary, benefits,

nature of work, job location) among the trainees was considered to be the most

important reason by the PIAs.

I hypothesise that this lack of knowledge is possibly the underlying rea-

son for the mismatch between candidate’s expectations and realistic salaries, which

eventually causes dropout from training and placement jobs. This study, therefore,

tests whether providing better information about training and post-training place-

ment jobs can align the candidate’s expectations, and improve training completion

and job placement rates. To do this, I conduct an informational intervention ex-

periment in DDUGKY training batches across the states of Bihar and Jharkhand in

India.

Bihar and Jharkhand (part of undivided Bihar before 15 November 2000)

were selected for this study as these are two of India’s poorest states, where caste-

and gender-based hierarchy is pronounced. As DDUGKY explicitly targets youths

28Official statistics from http://ddugky.gov.in/ accessed on 10 May 2021.
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from marginalised communities, this study is particularly interested in the impact

of the informational interventions on females, scheduled castes/ scheduled tribes

and less educated, as they might suffer from larger information barrier on labour

market opportunities.
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4 Methodology

4.1 Introduction

A key question in program evaluation is to establish whether a program changes

the outcome in the beneficiary population. That is, we wish to estimate the causal

effect of the program on those who participated in the program (called the ‘treat-

ment’ group). This causal effect is known as the treatment effect on the treated.

However, a fundamental issue that impedes the causal inference is the absence

of the counterfactual. Ideally, one would want to compare the same individual

with and without the program, but that’s never possible because each individual

is either exposed to a program or not. We always have a missing counterfactual

since we never observe the same individual in both situations. The methodologi-

cal literature focuses on different ways of finding a ‘suitable’ group of individuals

(known as the comparison/control group) with observed outcomes, to represent

the missing counterfactual for the group of individuals who had been exposed to

the program.

The choice of the comparison group is crucial in the identification of causal

effect. On average, the comparison group and the treated group should have simi-

lar outcomes in the absence of treatment. However, in practice, it might be difficult

to find an exactly similar comparison group, since those individuals who are ex-

posed to treatment generally will differ from those who are not, in terms of both

observed and unobserved characteristics. The decision to participate in any so-

cial program is often voluntary, where the beneficiaries might be self-selecting into

programs, and this may introduce ‘selection-bias’. The selection-bias makes the

treatment individuals different from the comparison group individuals. Therefore,

any difference between the groups can be attributed to both program impact and

the pre-existing differences, and without a reliable way to estimate the size of this
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selection bias, it is difficult to disentangle the program effect from the selection

bias.

Although treatment effects can be individual specific, one uses a summary

measure to obtain a reliable estimate of the treatment effect. Two such measures

are the Average Treatment Effect, and the Average Treatment Effect on the Treated

(ATET). These discussions can be better understood in term of the potential out-

come, introduced by Rubin (1974).

For each individual i we define:

• Treatment indicator Ti with

– Ti= 1 if the person is subjected to the program.

– Ti = 0 if the person is not subjected to the program.

• Potential outcome YT
i for each treatment state, with outcome

– Y1
i if the person is subjected to the program (Ti = 1).

– Y0
i if the person is not subjected to the program (Ti = 0).

It is important to note that an important assumption regarding how the

outcomes are related to the treatment, underlies the above representation. This is

the Stable Unit Treatment Value Assumption – SUTVA (Angrist et al., 1996). This

says that potential outcome for each individual is unrelated to the treatment status

of other individuals, and for each unit, there are no different forms or versions of

each treatment level that lead to different potential outcomes. i.e., one and only one

of the potential outcomes is observed for every unit. This also rules out general

equilibrium effects.

Given this, the program impact for person i is given by:
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∆i= Y1
i - Y0

i

Since we can never observe both Y1
i and Y0

i for the same individual/unit

at the same time, we will not be able to estimate an individual treatment effect.

The observed outcome is given by:

Yi = TiY1
i + [1 - Ti] Y0

i

While estimating individual treatment effect is impossible, what we may

hope to estimate is the average treatment effect (ATE) on a group of individuals or

units. ATE is the expected effect of the program on a randomly selected individual

and is defined as:

Average treatment effect (ATE) : E(∆i) = E(Y1
i − Y0

i ) = E(Y1
i ) - E(Y0

i )

Similarly, average treatment effect on the treated (ATET) measures the ex-

pected effect of the program on a randomly selected individual from the population

of the treated group and is defined as:

Average treatment effect on the treated (ATET):

E(∆i|Ti = 1) = E(Y1
i − Y0

i |Ti = 1) = E(Y1
i |Ti = 1) - E(Y0

i |Ti = 1)

The term E(Y0
i |Ti = 1) is the missing counterfactual which we do not

observe but is logically well defined.

We now rewrite the ATE as follows:

ATE = E(Y1
i |Ti = 1) - E(Y0

i |Ti = 0)

=> E(Y1
i |Ti = 1) -E(Y0

i |Ti = 1) +E(Y0
i |Ti = 1) - E(Y0

i |Ti = 0)

=> E(Y1
i − Y0

i |Ti = 1) +E(Y0
i |Ti = 1) - E(Y0

i |Ti = 0)
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=> ATET + [E(Y0
i |Ti = 1) - E(Y0

i |Ti = 0)]

The term [E(Y0
i |Ti = 1) - E(Y0

i |Ti = 0)] is known as the average selection

effect. The selection effect captures the difference in the expected outcomes of

the treated and the non-treated groups in the absence of the program (i.e., the

difference in the outcomes that are not due to the program). In other words, the

average selection effect captures the difference in the outcomes of the untreated

individuals in the treatment and comparison group, in expectation. Since we do

not observe E(Y0
i |Ti = 1), generally it is not possible to assess the magnitude of

the average selection bias when we substitute this with an observable component

from the control group, and hence the extent to which the average selection effect

explains the difference in the outcomes between the treatment and the comparison

group.

We next discuss a specific method that is used to minimise the average

selection bias.

4.2 Randomised controlled trial

Randomised controlled trials commonly referred to as RCT or experiments, have

a long tradition in agriculture and biomedical settings. It is however only recently

that there has been an increase in field experiments in economics, and intensively

used in development economics in the last 20 years or so.

Broadly, studies can be categorised as randomised experiments or obser-

vational studies. Randomised experiments refer to a setting where the assignment

status is independent of the units and their observed and unobserved characteris-

tics, as well as the researcher has the control over the assignments (Cochran, 1972).

On the other hand, in observational studies, the researcher has no control over the
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assignment status, and the assignment mechanism can depend on the observed

and or unobserved characteristics of the units (Rosenbaum, 1995; Imbens and Ru-

bin, 2015).

Here we briefly discuss the basis for doing RCT, especially in the context

of development economics.

4.2.1 Elimination of average selection bias using randomised controlled trials

Randomised controlled trial (RCT) is a setting in which the average selection bias

can be entirely removed or minimised, as individuals/units are randomly assigned

to the treatment and comparison group.29 The treatment group is then exposed

to treatment and the control group is not. Then the outcome Y is observed and

the average outcomes for the treated and control groups are compared. Since in-

dividuals/units are randomly assigned to treatment and control, any difference in

the expectation of outcome can be attributed to their exposure to treatment. Had

they not been exposed to treatment, then the outcome for the treatment and control

group individual/units would have been in expectation the same. Since in an RCT

the mean outcomes are independent of treatment assignment, we have:

E(Y1
i |Ti = 1)=E(Y1

i |Ti = 0) =E(Y1
i )

E(Y0
i |Ti = 1)=E(Y0

i |Ti = 0) =E(Y0
i )

Since E(Y0
i |Ti = 1) = E(Y0

i |Ti = 0) (because of randomisation, the expec-

tation of the outcomes for both treatment and control group are the same in the

absence of treatment), the average selection effect is nullified and we get,

29In practice, the population of interest is not a random sample from the entire population. It
may be selected on observables.
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ATE = E(Y1
i − Y0

i |Ti = 1) = ATET

Given the randomised allocation of treatment in an RCT setup, the OLS

estimator of the treatment effect in the regression of observed outcomes on an

intercept and the treatment indicator will provide an unbiased estimator of the

ATE and ATET as this is equivalent to a comparison of the average outcomes.

In summary, RCT provides a unique opportunity for researchers to control

the assignment status and hence eliminate/reduce average selection bias. However,

experiments can be difficult to implement and might have ethical concerns. In the

following, we discuss some issues regarding implementation.

4.2.2 Concerns in randomised experiments

4.2.2.1 Implementation: One of the main concerns with the implementation of

an experiment is an ethical concern. The core idea of an RCT is having the re-

searcher control the treatment assignment status, which means that certain indi-

viduals/units are deliberately restricted from getting exposed to the treatment or

intervention. For example, if one is to examine the impact of textbooks in schools,

then some schools are provided with textbooks and some are not. In a sense, the

researcher is denying the children from the control group schools getting access

to the textbooks. Another example is where we are interested in estimating the

effect of skill-based training on employment outcomes. In this experiment, some

candidates are randomly assigned to training and some are restricted from getting

enrolled in the training. The control group candidates here are denied the benefits

they might have availed from the training. In the current study, we provide job

information to randomly selected training batches and not to the control batches.

The fact that it is the researcher who determines who would get the benefits of

(any) intervention is an ethical question.
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Often RCTs are conducted in large scale social programs in coordination

with government and non-government partners (NGOs). In many instances, it

becomes difficult for the government to deliberately restrict program exposure to

random individual/units, making it untenable to implement an experiment. Also,

experiments can be quite expensive to implement. RCT relies on strict research

designs, and maintaining the strict and often complex experimental design during

field implementation are also expensive.

4.2.2.2 Internal validity: “Internal validity refers to the ability of a study to estimate

casual effects within the study population” (Athey and Imbens, 2017, p.79). This es-

sentially means that the findings from the study sample (individual/unit) can be

generalised to the study population (population from which the study sample has

been drawn). However, imperfect compliance, attrition, and externalities are sit-

uations that are quite common in field experiments, and which can pose serious

challenges to the internal validity of the causal inferences (Duflo et al., 2007).

Imperfect compliance: RCT mandates that the sample units assigned to

treatment and control adhere to the treatment assignments, and great care needs to

be taken to ensure that compliance is near to perfect. However, in many instances,

compliance is not perfect: units assigned to the treatment group do not take up

the treatment and units assigned to the control group might get exposed to the

treatment. This is referred to as partial (or imperfect compliance). The researcher

seldom has full control over the choices made by the sample units (individuals),

therefore, perfect compliance can be difficult to achieve.

Also, there are cases where perfect compliance is not possible to enforce

because of the experimental design. For example, consider a case where the ran-

domisation unit is not the individual, but a classroom and one is to evaluate the
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effect of an intervention administered at the level of the class. In such a case, the

researcher essentially cannot control the presence or absence of the individuals

on the day of treatment. If the idea is to administer treatment to a selected class

on a particular day, some students might be absent on that particular day, which

means that not all students from the treated batch are necessarily ‘treated’. For

instance, in the current study, we administered our interventions at the level of the

training batches. Ideally, we would like all trainees from the treatment batches to

get exposed to the intervention, nonetheless, it has often been the case that not all

trainees were present on the day of intervention sessions.

A typical example of imperfect compliance can be seen in encouragement

designs (Duflo et al., 2007). In encouragement designs, the researcher does not ran-

domise the treatment itself (for ethical or practical reasons) but randomly assign

units/individuals to an encouragement to receive treatment. Such designs are very

useful to evaluate programs that are available in the entire study area but the take

up is not universal. Deliberately stopping people to access programs can be uneth-

ical and unpractical. In such scenarios, rather than not allowing the control group

individuals from participating in the programs, the treatment group individuals

are provided with some kind of encouragement to participate in the programs.

The encouragement can be in the form of financial incentives or invitation letter,

or anything else that is not given to the control group individuals, but at the same

time, nothing stops the control group individuals from participating in the pro-

gram. Hence, both treatment and control group individuals are free to participate,

the only difference is that treatment individuals are exposed to some encourage-

ment which affects their probability of getting treated. The encouragement only

increases the probability of treatment group actually being treated without guaran-

teeing one to one conversion (i.e., not all the treatment group units will be treated).

This leads to the focus being on the estimation of the impact of the ‘encouragement’

or the ‘intervention’ on the probability of being treated rather than the treatment
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effect itself. Estimating the effect of encouragement/intervention is not a problem

given that the intervention was randomised. Comparison of the treatment and

control group would yield the estimate for the impact of the intervention called the

Intention-to-treat (ITT) estimates for the treatment. To prevent the re-introduction

of selection bias, the analysis focuses on the initial treatment assignments (for the

encouragement randomisation) and compares all the treatment and control group

individuals initially assigned to each group, irrespective of their actual treatment

status.

In cases where the actual treatment is different from the variable that is

randomly assigned, let Z be the variable that is randomly assigned (invitation

letters, financial support etc.) and T be the actual treatment. Specify Y1
i and Y0

i

to be the potential outcomes for individuals with Z = 1 and Z = 0 respectively.

Because Z was randomly assigned, SUTVA holds true, we know that E(Y0
i |Zi =

1)− E(Y0
i |Zi = 0) = 0, and therefore comparing the treatment and control group

individuals will yield the causal effect of Z. But since Z is not equal to T, this is

not the effect of treatment T. As Z influences the probability of getting treatment,

the difference in the average outcome is called the intention-to-treat estimate (ITT).

More generally, ITT estimate refer to the difference between the treatment and

control units/individuals who were part of the ‘original’ treatment assignment,

irrespective of the actual treatment status. In many contexts, as well as in the

current study, the ITT estimate is the parameter of interest.

However, there are situations, where the researcher might be strictly in-

terested in estimating the treatment effect (causal effect of T) rather than the ITT

(causal effect of Z) estimate. In order to estimate the causal effect of T, Z can be

used as the instrumental variable (IV) that mimics the required exogenous varia-

tion in the treatment in the framework of instrumental variable estimation (IVE).

The IV approach deals with the endogenous treatment assignment: Z is randomly
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assigned but individuals who actually choose the treatment are endogenously se-

lected.

Let the observed outcome = Yi, treatment intensity = Ti , and instrument = Zi

The relevant equations are set up as follows:

Yi = α + βTi + ϵi

Ti = δ + γZi + θi

If both treatment and instrument are binary variables, one can estimate

the grouping estimator known as the Wald estimator. Wald estimator is the ratio

of the intention-to-treat estimate and the fraction of individuals who got treated in

the treatment and control group.

βw = [E(Y|Z = 1) – E(Y|Z = 0)] / [E(T|Z = 1) – E(T|Z = 0)]

In other words, βw is the ratio of the difference in mean Y between the

group with Z = 1 and Z = 0 and difference in mean Y between the group with

T = 1 and T = 0

Under two identification assumptions of Independence and Monotonicity,

the Wald estimator gives the effect of treatment on those whose treatment status

was influenced by the instrument, which is known as the local average treatment

effect (LATE) (Angrist and Imbens, 1995). These are those individuals who in

the absence of randomly assigned instrument would not have been exposed to

treatment but are induced to receive treatment by the assigned instrument.

In special case, where, no individual in the control group receive treat-

ment, the Wald estimator gives the effect of the treatment on the treated.
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Externalities: Experiments can have spillover effects such that individu-

als from the control group are affected by the treatment. For example, suppose the

randomisation unit is a village, and some information set is provided to randomly

selected treatment villages and supposed to be withheld in the control villages.

However, if the villages are close to each other, then there are chances that people

would interact among each other and therefore it might be possible that the treat-

ment information is spilt over to the control villages. Thus, the control group is

also unintentionally exposed to the treatment. If the spillover effects on the control

individuals/units are positive, then the treatment effect will generally be smaller

than it would have been without spillover.

Attrition: Attrition refers to the failure in collecting the outcome data for

some individuals who were part of the original sample. It is not much of a problem

if attrition is random, except that it would reduce the study sample and hence the

precision of our estimates. However, if attrition is correlated with the treatment

status, then it is a concern as the treatment effect will be biased. For example, if

individuals who are least benefiting from a program drop out of survey (say the

control group individuals), then ignoring the outcomes of these individuals will

lead to overestimation of the program effect. While random assignment ensures

the independence of the potential outcomes in the initial treatment control group,

it does not continue to hold in case of systematic non-random sample attrition.

4.2.2.3 External validity: “External validity concerns inferences about the extent to

which a causal relationship holds over variation in persons, settings, treatment and out-

comes” (Shadish et al., 2002, p.83). Therefore, external validity refers to the extent

of generalisability and replicability of the causal inferences drawn from a particu-

lar sample, to alternative settings that might involve different population, different

outcomes, or different contexts (Athey and Imbens, 2017; Duflo et al., 2007).
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Internal validly is crucial for an experiment to justify the causal inferences,

external validity is important in terms of them being able to use the learnings from

a particular study to other contexts. While internal validity is necessary for external

validity, it is not sufficient.

We next discuss some concerns that challenge the external validity of the

random controlled trial experiments.

General equilibrium effects: Since randomised experiments are designed

to capture the difference between the treatment and control groups, they measure

the partial or localised effect of intervention/treatment on the recipients, but they

are not able to pick up the general equilibrium effects. This might have impor-

tant policy implications especially if an intervention/treatment/program is scaled

up to cover the entire population (of interest). General equilibrium effects can be

thought of another kind of externalities and as with externalities, it might be pos-

sible to pick some of these effects if the unit of observations were large. However,

in many cases the general equilibrium effects may work at much macro level, say,

state, country or even world and it would be difficult to design experiments to pick

up differences at a national or international level.

Hawthorne and John Henry effects: Another limitation of the randomised

experiment is that the experiment itself may cause the treatment and control group

to change their behaviour. Changes in the behaviour of the treatment group are

called Hawthorne effects, and changes in the behaviours of the control group are

called the John Henry effects. Simply because both treatment and control units

are being ‘observed’ in an experiment might compel them to alter their behaviour

which might be different from their ‘normal’ behaviour. The treatment group units

might be thankful for being in the treatment group and might work harder than
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usual to make the program a success. Control units might increase their efforts to

compete with the treatment units or might do worse for being denied the chance

to be in the treatment group. Thus, the treatment effects might capture not only

the effect of the inputs but also the changes in outcomes caused by the altered

behaviours.

Generalizability: Often the issue that comes up with RCT is the extent

to which the inferences from an experiment are generalizable or replicable to other

settings. For example, if a certain intervention works in one state of India, will it

work in another state with a different socio-economic and geo-political landscape,

and will the same intervention work in Africa. The results of an experiment are

difficult to generalise with certainty. Often experiments are conducted in relatively

small regions with a specific population, and therefore external validity can only

be argued upon. Of course, one can diversify the sampling units, and this is what

is usually done to satisfy the external validity. However, even with large scale ex-

periments, there are situations (communities/locations) which that are not covered

in the experiment, and thus external validity can seldom be fully satisfied.

Also, if an experiment is conducted with extra care, it becomes difficult to

replicate it. For example, pilot projects are often run with particular care, and the

program partners, whether government officials or NGOs are often of high quality

and the researcher might extend much hand-holding support with the hope of

conducting the research in best possible way, often referred to as “gold plated”

evaluation. This could pose a threat while scaling up the program. It becomes

difficult to replicate the inferences of the pilot phase in the scaled-up project, simply

because the pilot was done with special care which of course is not possible in a

scaled-up phase. On scaling up, a range of government officials and NGOs of

varying qualities might get involved in the project and therefore the findings from

the scaled-up phase might differ from that of the pilot phase might. While it is
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difficult to remove this altogether, it is important to avoid “gold plated” programs.

It is also crucial to keep in mind that interventions/treatments should not be too

complex so that it gets extremely difficult to replicate the experiment without the

help of the research team. It is important to keep the interventions/treatments

simple to the extent that it is adaptable and replicable by the local government or

existing infrastructure after the end of the experiment.
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5 Research design

5.1 Introduction

As mentioned in chapter 3, dropout during training and from the placement jobs

are core issues that undermine the effectiveness of DDUGKY. During the inter-

views, PIAs stated that one probable reason could be a misalignment between the

candidate’s expectation and the actual economic returns to training. Candidates

might overestimate the actual returns and when presented with actual jobs, they

may get disappointed and find the jobs not suitable for them.

When candidates enter the training program, they may lack full knowl-

edge about the post-training placement jobs such as the wage, location, the nature

of the job, etc. They get to learn more about the program and the jobs as the train-

ing progress and decide either to continue or to drop out of the training. As shown

in Table 3.8, candidates drop out at all stages of training, such as between training

start and batch freezing, during the training, after training and before placement,

or from the placement jobs. As discussed earlier, dropout before batch freezing is

not detrimental to DDUGKY, in fact, this is the window within which the candi-

dates are expected to decide either to drop out or continue with the training. Batch

freezing generally happens after two weeks of the training start date. Therefore,

the project implementing agencies (PIAs/training organisations) expect the candi-

dates to decide, whether to leave the training or continue with it, within these two

weeks of training inception. If candidates leave the training before batch freezing,

the vacancies are replaced with new candidates by the PIA. But, if they drop out

of training after batch freezing, then the PIA has to continue training with the re-

maining candidates, as new admissions for a batch are not permitted (in DDUGKY)

after freezing.
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A two weeks time (time before batch freezing) might be insufficient for

the candidates to know everything about the training program and prospective

jobs. Therefore, the candidate’s decision to either leave or continue with the train-

ing could be ill-informed. It might happen, that needy candidates drop out and

candidates with misaligned expectations continue to stay in the training. This has

negative implications at least in two ways. First, of course, this is harmful to those

needy candidates who dropped out of the training, and who might have benefited

the most from the training. The second repercussion is that candidates who stayed

in training with misaligned expectations are counterproductive to the PIA. Trainees

with misaligned expectations might be more likely to drop out during the training

or from jobs. Also, most of the placement jobs are outside the residence state of

the candidates, which mandates inter-state migration. Migration can be stressful,

more so if the candidates are not aware and prepared from the very beginning of

training. The placement jobs might come as shock to the candidates, and because

they were unprepared, they may either deny joining the placement jobs or drop

out of the jobs too quickly. Unawareness and unpreparedness of the candidates

about the post-training placement jobs may contribute to training and placement

dropout.

If the candidates are provided with better information about the post-

training placement jobs early in the training, then two things can happen. First,

candidates whose expectations (either in terms of salary/location/nature of work)

are misaligned with the actual placement jobs may decide to leave the training, and

the PIA can replace the vacant seats with new candidates. This can be a win-win

situation for both the PIA, who can achieve their quantitative target by training the

batches at the optimum batch capacity, as well as for needy candidates who get the

opportunity to participate in training in place of non-needy candidates. Therefore

the first effect can be an increase in dropout. The second effect of providing infor-

mation about jobs early in training comes from the fact that those who choose to
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continue with the training will be better prepared for job uptake and more condi-

tioned for job retention. Besides providing information about the prospective jobs

early in training, if the candidates are given orientation about the jobs and practical

issues in the jobs right before the placement season, they will be better prepared

for job uptake, especially if the jobs necessitate migration. The pre-placement ori-

entation can be pivotal to improve job uptake and retention. Thus the anticipated

effect of providing the information is an initial increase in dropout but improved

job placement and retention among the remaining trainees.

The research questions that this study seeks to answer are:

• Can targeted information delivered early in training, address the lack of in-

formation, better align candidate’s expectations, and lead to better training

and placement outcomes?

• Can an information intervention before the placements prepare trainees better

for job uptake and improve job retention?

The following section discusses the sampling protocol, experimental de-

sign, data collection tools and the outcomes that are of interest to this study.

5.2 Sampling

Assuming an average batch size of 30 trainees, the power calculations revealed

the need for canvassing the study in around 90 batches.30 A batch is defined as

a group of students who enroll, have classes and graduate together. Initially, 110

30I consider a power of 80% and a significance level of 5%. For the main outcomes of the study, i.e.,
job retention, I assume a base mean (job retention without any intervention) of 70% (as mandated
under DDUGKY). Based on these assumptions, the minimum detectable treatment effect is 10.6
percentage points with 45 clusters (training batches) per group (treatment and control) and 30
observations (trainees) per cluster.
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training batches were selected, to account for training delays and batch cancella-

tions. While the study was initiated with 90 batches (out of 110), four batches got

cancelled midway, and therefore, this study is based on 86 training batches. Out

of the 86 selected training batches, 42 batches were randomly assigned to the treat-

ment group (which were exposed to two informational intervention sessions) and

the remaining 44 batches served as the control group. Besides the informational

interventions (in the treatment training batches), data was collected across 4 survey

rounds from all the 86 batches. This section elaborates on the sample selection pro-

cedure. Details of the interventions and survey tools are discussed in subsequent

sections.

5.2.1 Collecting information on training batches

Starting from December 2018, information was collected on the sector and trade

wise tentative training plan from all project implementing agencies (PIA) in Bihar

and Jharkhand. The PIAs were requested to provide their tentative training plan

(for the current month and near future) in a custom-designed information sheet.

An example of the information collected from the PIAs is shown in Table

5.1. The first column is the name of a PIA (anonymised here). Although Bihar

and Jharkhand had unique PIAs, some PIAs were common to both the states. The

second and third column mentions the state and the district of the training centre,

respectively. The fourth and the fifth column mentions the sector and trade for

the training batch. The sixth column is for the duration of training in months

and the last column is the tentative training start date. Each row pertains to one

training batch. A PIA may have plans to start the training of multiple batches,

either in the same trade or different trades. In such cases, there were multiple

entries for all the training batches separately. For example, as shown in Table

5.1, in Bihar, PIA-1 had planned to start the training of two batches in the same
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Table 5.1: An illustration of information sheet

PIA State Centre Sector Trade Duration Training Start
Name District (months) Date

PIA-1 Bihar Patna CONSTRUCTION ELECTRICIAN 3.5 15-Jan-19
PIA-1 Bihar Patna CONSTRUCTION ELECTRICIAN 3.5 15-Feb-19
PIA-2 Bihar Nawada IT BPO 4 10-Dec-18
PIA-2 Bihar Nawada IT BPO 4 10-Feb-19
PIA-3 Bihar Patna IT HARDWARE 4 20-Dec-18
PIA-4 Bihar Patna IT BPO 3 20-Dec-18
PIA-3 Bihar Patna IT BPO 3 31-Dec-18
PIA-4 Bihar Patna IT BPO 3 20-Jan-19
PIA-5 Bihar Patna RETAIL SALES 3 10-Jan-19
PIA-6 Bihar Patna RETAIL SALES 6 15-Jan-19
PIA-1 Jharkhand Dhanbad APPAREL SMO 3 20-Jun-19
PIA-2 Jharkhand Hazaribagh APPAREL SMO 3 25-Jun-19
PIA-7 Jharkhand Ranchi APPAREL SMO 3 20-Jun-19
PIA-8 Jharkhand Ranchi APPAREL EMBRODIERY 6 25-Jun-19
PIA-5 Jharkhand Hazaribagh CONSTRUCTION ELECTRICIAN 3.5 15-Jul-19

trade (Electrician), one in January and another in February 2019. Similarly, PIA-2

planned to start the training of two batches in BPO, one in December 2018 and

another in February 2019. On the other hand, PIA-3 had planned to start the

training of one batch in Computer Hardware and another batch in BPO, both from

the same sector (Information Technology).31 Essentially, the information sheet was

meant to capture as many details of PIA’s tentative training plans.

This information was collected from the PIAs seven times during the study

periods, in November and December in the year 2018, and in February, April, May,

June and August in the year 2019.

5.2.2 Selection of training batches

Sample selection of batches to be covered under the study was done each time the

tentative training plans were collected from the PIAs in the information sheet. This

31A Sector can comprise of more than one trade.
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means that batch selection and random assignment of the batches to the treatment

and control group was also done in November and December in the year 2018 and

in February, April, May, June and August in the year 2019, coinciding with the

information sheet. The batch selection and random assignment were carried out as

per a sampling protocol using a specially written command file in STATA.

5.2.2.1 Sampling protocol: The step wise process for batch selection and treat-

ment assignment from the information sheet is as follows.

Condition 1 - Removing a training batch if the duration of training is

more than 6 months. The information sheet consisted of all training batches, and

although the training duration ranged from 3 months to 12 months, a majority

of the training was for 6 months and below. The purpose of this protocol was

to ensure, the sample consists of batches with a comparable training duration. It

might not be logical to compare short duration training (say 5 or 6 months training)

with longer duration ones (9 months and above) since training dropout and em-

ployment outcomes might systematically vary for short and long duration training.

The training duration in the sampled 110 batches ranged from 3 to 6 months, with

a mean duration of about 4 months.

Condition 2 - Although training centres are located in several districts

across the state, they are mostly concentrated in and around the state capital. Com-

paring the training centres from the nearby districts with those located in far off

districts might yield biased results. Therefore, to maintain comparability of the

sampled training batches, this protocol mandated a batch to be filtered out if the

district of the training centre was located more than five hours from Patna (capital

of Bihar) or Ranchi (capital of Jharkhand). It is important to note that the informa-

tion sheet and treatment assignment was carried out for each state separately. Table
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5.2 shows the district-wise distribution of the sampled batches in both states. For

the sampled training batches, most of the training centres were from Muzaffarpur

and Patna in Bihar and Ranchi in Jharkhand.

Table 5.2: Sampled batches

Training centre district No. of sampled batches Percent

Bihar
Jehanabad 5 7.14
Munger 1 1.43
Muzaffarpur 10 14.29
Nawada 8 11.43
Patna 43 61.43
Purba Champaran 1 1.43
Samastipur 1 1.43
Vaishali 1 1.43

Total 70 100

Jharkhand
Bokaro 3 7.5
Dhanbad 5 12.5
Hazaribagh 7 17.5
Khunti 1 2.5
Ranchi 24 60

Total 40 100

Condition 3 - As per this protocol, only one training batch could be

selected, in cases where two or more batches were to start within a duration of 31

days, by the same PIA and in the same sector. In other words, if a PIA had planned

to start the training of two batches in, say, the Apparel sector, within 31 days, then

this sampling protocol randomly selected one batch and automatically dropped the

other one. An illustration is shown in Table 5.3.

In this illustration, PIA-1 had planned to start two training batches in the

same sector (Apparel) within one month of each other (28th Nov 2018 and 20th
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Table 5.3: An illustration of sampling frame

Information Sheet Sampling frame

PIA Sector Training PIA Sector Training
Name Start Date Name Start Date

PIA-1 APPAREL 28-Nov-18 PIA-1 APPAREL 28-Nov-18
PIA-1 APPAREL 20-Dec-18
PIA-2 APPAREL 15-Dec-18 PIA-2 APPAREL 15-Dec-18
PIA-2 APPAREL 15-Dec-18
PIA-2 APPAREL 15-Dec-18
PIA-3 APPAREL 10-Dec-18
PIA-3 APPAREL 24-Dec-18 PIA-3 APPAREL 24-Dec-18
PIA-4 HOSPITALITY 15-Jan-19 PIA-4 HOSPITALITY 15-Jan-19
PIA-4 HOSPITALITY 10-Dec-18
PIA-4 HOSPITALITY 20-Feb-19 PIA-4 HOSPITALITY 20-Feb-19

Dec 2018), PIA-2 planned to start the training of three batches in the same sector

on the same date (15th Dec 2018), and PIA-3 planned on starting the training of

two batches in a gap of two weeks (10th Dec 2018 and 24th Dec 2018). Under

such a situation, the sampling protocol randomly selected one training batch from

the three PIAs. PIA-4 planned to start three batches on 10/12/2018, 15/01/2019

and 20/02/2019, thus the sampling protocol randomly selected one from the two

batches starting within one month and also a second one since the proposed date

of 20th Feb 2019 was more than 31 days apart from the one starting on 15th Jan

2019. This protocol was put in place to reduce the possibilities of spillover of the

intervention from a treatment batch to a control batch if a PIA simultaneously had

one batch in the treatment and one batch in the control group. Hence, to avoid this,

it was ensured that no two batches from the same sector and the same PIA becomes

a part of the sampling frame. It was assumed that if the batches start at a different

time, the chances of interactions between the candidates from these batches would

be low, and consequently, spillovers would be controlled.
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Condition 4 - The last and the most important condition imposed by

the sampling protocol was to select training batches only in pairs, from any given

sector within each state. The objective of this protocol was to maintain balance in

the number of training batches assigned to the treatment and control group within

sector and state. For example, suppose the information sheet had 5 batches in the

Apparel sector, then this protocol ensured, that only 4 batches were retained, and

one was discarded. If, say Construction sector had three batches in the informa-

tion sheet, then according to this protocol only 2 batches were retained, and one

was discarded. As mentioned earlier, sampling of training batches and treatment

assignments were done every time the information sheet was updated. As the in-

formation sheet was updated seven times, therefore, the sampling was also done

seven times. This protocol ensured that the state and sector-wise pairing of the

training batches is maintained in every draw. After the state and sector-wise pair

of training batches were selected, one training batch from each pair was randomly

assigned to the treatment group and the other to the control group. Out of the total

110 sampled training batches, the state and sector wise stratification is shown in

Table 5.4

However, the study ultimately covered 86 batches out of the 110 sampled

batches. The state and sector wise stratification of those batches is shown in Table

5.5. 54 batches were from Bihar and 32 batches from Jharkhand. As the random-

ization strata is State X Sector, the study has, in total 13 randomization strata.

The study did not involve sampling at an individual level, and all trainees

enrolled in the selected training batches were surveyed. A total of 2163 trainees

were interviewed from the 86 selected training batches.
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Table 5.4: Batches sampled

Bihar

Sector Control Treatment Total

APPAREL 3 3 6
BANKING & FINANCIAL SECTOR 3 3 6
CONSTRUCTION 9 8 17
HEALTHCARE 1 2 3
IT 9 7 16
LOGISTICS 1 1 2
RETAIL 6 7 13
TOURISM & HOSPITALITY 4 3 7

Total 36 34 70

Jharkhand Control Treatment Total

Sector

APPAREL 11 11 22
AUTOMOTIVE 1 1 2
CONSTRUCTION 6 6 12
HEALTHCARE 1 1 2
SECURITY 1 1 2
Total 20 20 40
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Table 5.5: Batches surveyed

Bihar

Sector Control Treatment Total

APPAREL 3 3 6
BANKING & FINANCIAL SECTOR 3 3 6
CONSTRUCTION 7 7 14
HEALTHCARE 1 1 2
IT 6 5 11
LOGISTICS 1 1 2
RETAIL 4 4 8
TOURISM & HOSPITALITY 3 2 5

Total 28 26 54

Jharkhand

Sector Control Treatment Total

APPAREL 9 8 17
AUTOMOTIVE 1 1 2
CONSTRUCTION 4 5 9
HEALTHCARE 1 1 2
SECURITY 1 1 2
Total 16 16 32

Table 5.6: Respondents surveyed

State Control Treatment Total
Group Group

Bihar 827 650 1,477
Jharkhand 356 330 686
Total 1,183 980 2,163
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5.3 Experimental design

The study evaluates the impact of an informational intervention on vocational

training using a randomised controlled trial (RCT) design in the two Indian states:

Bihar and Jharkhand.

The RCT was clustered at the level of a training batch, and comprised of

two arms, a treatment arm and a control arm. 42 batches were allocated to the treat-

ment arm and 44 batches to the control arm. Information intervention was carried

out twice in the treatment batches: Intervention A (first information intervention

session) was done within two weeks of the start of training (between the first day of

training and batch freezing), and Intervention B (second information intervention

session) was carried out at the end of classroom training. A treatment batch was

exposed to both the intervention sessions. Interventions were implemented at the

level of the training batch. A sample of both interventions is provided in Appendix

A.

5.3.1 Intervention A

5.3.1.1 Objective: Provide information that helps candidates to be better in-

formed about the overall training, assessment and certification, and especially the

post-training placement jobs that trainees might be placed in after training comple-

tion.

5.3.1.2 Intervention: The intervention took place within the first two weeks of

training start, before “batch freezing”. As discussed earlier, trainees dropping out

of a training batch before freezing is not costly to the PIAs as they can attract more

candidates to fill the vacant seats in the batch. The intervention was carried out at
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the training batch level whereby the trainees from a treatment batch were gathered

in a room (typically their classroom). They were informed about the training and

post-training placement jobs that were provided to the previous batches from the

same trade/sector. The session was carried out using a PowerPoint presentation.

The training details comprised of in-depth deliberation of the training

(number of days of training, subjects taught during the course, facilities provided

to candidates), followed by certifications that will be provided to them on training

completion.

The placement details included job title, company name, location (city and

state), working hours, and compensation package (net monthly wage and in-kind

benefits), for the jobs where the trainees from the previous batches were placed.32

The intervention session concluded with a couple of motivation slides to

orient the candidates on the possibilities of career growth in the jobs. At the end

of the session, trainees were provided with the opportunity to clarify any doubt

or questions. The intervention sessions were always accompanied by either the

placement in-charge or the program manager from the PIA. At the end of session,

we also captured the preference ranking of all candidates for the placement jobs

that were discussed during the session.

5.3.1.3 Theory of change: The information intervention session might help trainees

to improve their awareness about the training program and the jobs offered there-

after. I expect that: (i) dropout may increase immediately after the intervention,

as learning about the program may lead some trainees to update their expecta-

tions. Therefore, those who realise that their expectations do not match with the

actual returns might drop out, (ii) trainees who continue with the training would

start the program with more accurate information and might have better-aligned

32The placement details were provided by the PIA specific to a treatment batch.
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expectations. Therefore, retention in the training and placement jobs may increase.

The idea of the intervention is to improve the matching of the better-suited

candidates with the training course, through a pathway that might increase initial

dropout but reduce subsequent dropout from training and jobs.

5.3.2 Intervention B

5.3.2.1 Objective: Prepare trainees for the transition from training to work.

5.3.2.2 Intervention: The intervention took place a few days (approximately 10

days) before training completion. This intervention reinforced the learning from in-

tervention A, but more importantly, intervention B discussed the current job place-

ment opportunities that were available to a specific treatment batch. Similar to

intervention A, this intervention was also carried out at the training batch level.

The placement details included job title, company name, location (city and

state), working hours, and compensation package (net monthly wage and in-kind

benefits), for the current placement jobs specific to the training batch in context.33

5.3.2.3 Theory of change: Most post-training placement jobs are located in other

states and trainees might need to migrate for these jobs. The idea of relocation can

be stressful and potentially trigger fear and insecurity, and as a result of not being

able to cope with the change, candidates may drop out. I expect that (i) following

the intervention some trainees may decide to refuse placement, as learning about

actual opportunities may lead them to update their expectations about the salary

and location of the jobs; (ii) the remaining trainees will be better prepared to deal

33The placement details were provided by the PIA specific to a treatment batch.
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with transiting from training to the placement jobs. The expectation from this

intervention is an improvement in job retention.

5.4 Data collection

Four survey rounds were conducted with the trainees from the 86 selected batches.

All surveys were administered on a tablet using a customized questionnaire de-

signed on the Survey CTO platform. The baseline and midline surveys were ad-

ministered in face-to-face interviews with trainees and two endline surveys were

administered using phone interviews. Details of the information collected at each

survey round are discussed in this section (see Appendix B for the questionnaires).

5.4.1 Baseline survey

This survey round was carried out in the first two weeks of training inception, i.e.,

between the start of training and batch freezing. Data collectors administered the

baseline questionnaire in face-to-face interview sessions with the trainees. Both

treatment and control group trainees were interviewed at the baseline, and the

surveys always preceded the interventions in the treatment batches. The baseline

survey questionnaire was custom designed to capture a range of individual demo-

graphic characteristics (Panel A), education attainment (Panel B), socio-economic

background (panel C), non-cognitive skills (Panel D), and expectations (Panel E).

Table 5.7 shows the information collected at the baseline.

5.4.1.1 Panel A: This panel captured information on respondent’s demographic

characteristics, such as age, sex, marital status, religion and caste. Religion com-

prises Hindu, Muslim, Christian and Other (including Sikhs, Buddhists and Jains).
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Table 5.7: Baseline variables

Indicators Variable Definition

Panel A: Demographic Characteristics
Sex Gender of the trainee
Age in years Age of the trainee
Marital status – married or not married Trainee is married
Caste – SC/ST/OBC/General Caste of the trainee
Religion – Hindu/Muslim/Christian Religion of the trainee
/Other

Panel B: Education
Primary (till 5 class), Highest education level achieved
Middle (6-8 class), Secondary (9-10 class),
Higher secondary (11-12 class),
and Tertiary (Graduate and above)
Qualified secondary level (Class X) Passed class 10th
Qualified higher secondary (Class XII) Passed class 12th

Panel C: Socio-economic Background
Household head relationship (Father) Head of household
Household head relationship (Mother)
Household head relationship (Others)
Earning members Number of earning members in the family
Household earning (Indian Rupees) Monthly income/ earning of the household?
Agriculture land Household has agriculture land
BPL card Household is below poverty line
RSBY card Household insured under government health scheme
NREGA Household member worked in public works program
SHG member Household is a member of self-help group (SHG)
Internet use Use of internet before joining the training scheme
House type: Kutcha Type of house
House type: Semi-pucca
House type: Pucca by Indira Awas Yojanaj
House type: Pucca by Non IAY
Own house If the trainees owns a house
Household type: Nuclear household Family arrangement of the household of the trainee
Household type: Joint household
Household members Number of household members
Ever migrated out of state (self) Trainee migrated out of the state in the last one year
Ever migrated out of state (relatives) Relative migrated out of the state in the last one year
Relatives migrated Number of relatives ever migrated
Immediate difficulty to family (0%-100%) Difficult to family during training
Future difficulty to family (0%-100%) Difficult to family during job
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Table 5.7: Baseline variables (end)

Indicators Variable Definition

Panel D: Non-cognitive Skills
Big 5 Extraversion Test (1 to 5) Set of forty-four questions, scored between

“Strongly disagree” (1) to “Strongly agree” (5)
Big 5 Agreeableness Test (1 to 5)
Big 5 Conscientiousness Test (1 to 5)
Big 5 Neuroticism Test (1 to 5)
Big 5 Openness Test (1 to 5)
Grit Test (1 to 5) Set of seven questions, scored between “Very

much like me” (1) to “Not much like me at all”
(5)

ASE Test (1 to 4) Set of ten questions, scored between “Strongly
disagree” (1) to “Strongly agree” (4)

Life goal Test(1 to 4) Set of five questions, scored between “Very Im-
portant” (1) to “Not at all important” (4)

Panel E: Expectations
Previous earnings (Rupees) Average monthly income during the last 12

months before training
Hypothetical earnings (immediate) (Rupees) Average monthly income now, had the trainees

not participated in training
Hypothetical earnings (in one year) (Rupees) Average monthly income 12 months from now,

had the trainees not participated in training
Expected earnings (in one year) (Rupees) Expected monthly income after 12 months of

completing the training
Preferred earning (in one year) (Rupees) Preferred monthly income after 12 months of

completing the training
Expected minimum salary (immediate) (Rupees) Expected minimum salary in job after training
Expected maximum salary (immediate) (Rupees) Expected maximum salary in job after training
Expected average salary (immediate) (Rupees) Expected average salary in job after training
Training usefulness (0%-100%) Perceived usefulness of the training scheme
Training satisfaction (0%-100%) Satisfaction with the decision of

joining the training scheme
Likelihood of training completion (0%-100%) Likelihood of training completion
Likelihood of job offer (0%-100%) Likelihood of getting a job offer after

training completion
Likelihood of job offer outside state (0%-100%) Likelihood of the job offer being outside the

residence state of the trainee
Likelihood of accepting job inside state (0%-100%) Likelihood of accepting a job offer if the job is

inside the residence state
Likelihood of retention in job inside state (0%-100%) Likelihood of staying in job for one year if the

job is inside the residence state
Likelihood of accepting job outside state (0%-100%) Likelihood of accepting a job offer if the job

is outside the residence state
Likelihood of retention in job outside state (0%-100%) Likelihood of staying in job for one year if the job

is outside the residence state
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Caste comprises of Scheduled Caste, Scheduled Tribe, Other Backward Class and

General Caste.34 The aim of DDUGKY and for that matter, any skill training pro-

gram is to reduce unemployment among the disadvantaged communities, but this

is possible only if the existing social structures do not impede the training out-

comes. Discrimination in training completion or post-training employment based

on religion, caste, gender or other social markers might offset the objective of eq-

uity in social programs. Therefore, understanding whether participation in the

training scheme helps to dismantle the social barriers or are themselves affected by

the existing social structures is of paramount importance.

5.4.1.2 Panel B: The questions relate to the highest educational achievement of

the respondents. This is categorised into six groups. Those who were illiterate

and those educated till class 5 formed the first two categories. Those whose high-

est education was from class 6 to class 8 were categorised as middle school level,

those from class 9 and class 10 comprised the secondary level category, those in

class 11 and 12 were classified as higher secondary level, and those with higher

qualification (such as undergraduate degree/diploma/post-graduate degree) con-

stituted the tertiary education category. The baseline survey also noted whether

the respondents passed class 10 and class 12 board exams.

5.4.1.3 Panel C: The panel includes questions that relate to the typical socio-

economic background of the respondents. Questions include the relationship of

the household head with the respondents, the number of earning members in the

household, the total monthly earnings of the household, and if the household had

agricultural land. Although DDUGKY is free for trainees, participating in the train-

34The constitution of India classifies its citizens into four categories for affirmative action: Sched-
uled Castes (SCs) and Scheduled Tribes (STs) are various officially designated groups of historically
disadvantaged people in India. Other Backward Class (OBC) includes other groups/communities
that are not SC or ST, and the rest of the population is classified as general caste.

130



ing programs might necessitate a substantial investment of time. Thus training

programs might draw the trainees, at least temporarily out of the labour market,

during the duration of training. Cho et al. (2013) in an evaluation of three months

training programs in Malawai, find that training kept the trainees busy over the

entire training duration. Ironically, therefore trainees from a poor economic back-

ground might be less likely to complete the training, but for whom investing in

the human capital might yield the maximum returns. This section also enquires

if the household is a beneficiary of the government schemes, such as, if it belongs

to the Below-poverty line (BPL) category,35 if any member of the household is a

Self-help group (SHG) member,36 if any member has worked in National Rural

Employment Guarantee Act (NREGA),37 and if the household is registered under

Rashtriya Swasthya Bima Yojna (RSBY).38 Type of house (categorised as Kutcha if

the house is made of natural materials such as mud, leaves, bamboos etc, or Pucca

if it is made of concrete and bricks, if Pucca but supported under Indira Awas

Yojna),39 house ownership and household arrangements (in terms of joint or nu-

clear family).40 Joint or nuclear family arrangement, however, as defined in this

survey is based on the food arrangement. If all the household members share a

joint ‘Chulha’/kitchen, i.e., if the food is cooked and shared between household

members, then they were classified as a joint family and if it is done separately for

individual families even if they stay in the same house, they were classified as a

35Below Poverty Line (BPL) is a benchmark used by the government of India to identify individ-
uals and household in need of government assistance and aid. Internationally, an income of less
than 1.9 USD per day per head is defined as extreme poverty. As per the 2011 census, approx. 259.5
million (21.3% of the total population) have income less than 1.9 USD per day per head. In India,
scoring is done on 13 parameters ranging from 0-4, a score of 17 or less out of 52 are classified as
BPL.

36A self-help group (SHG) is a community organization with 10-20 members from the vil-
lage/community. Its purpose is mostly to act as a financial intermediary for saving and lending to
its members in need.

37Government-sponsored public works program.
38Government health insurance scheme for the vulnerable population.
39Government-sponsored housing scheme for BPL.
40Joint family is a type of extended family that comprises parents, their children, spouses of the

children, and their offspring. A nuclear family comprises parents and their children.
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nuclear family. The questionnaire asked about the number of people (excluding the

respondent themselves) who lived in the same household as the respondent in the

past 12 months and share the same ‘Chulha’. These are used as proxy indicators of

the economic status of the respondent’s household. Last, in this section, questions

were related to the migration status of the respondent and family member, such as,

if the respondent/relatives had spent one month or more outside their home state

in the last one year, and the number of relatives with migration history. As most

of the jobs in DDUGKY are outside the residence state of the trainees that man-

dates migration, these questions aim to understand the prior exposure of trainees

to migration to other states. It is intuitive to hypothesise that trainees who had

better exposure to migration are more likely to retain in jobs and those with the

least experience are likely to drop out early from training and jobs. Panel C also

collected information on the extent of difficulty to the family while the respondent

is staying outside of the home during the training and if the respondent works out

of state for 12 months. Both these questions were answered on a scale of 0% to

100%, where 0% implies the least difficulty and 100% corresponds to maximum

difficulty.

5.4.1.4 Panel D: In addition to the cognitive skills (measured by Panel B), per-

sonality traits and soft skills are now considered important predictors for labour

market outcomes. As non-cognitive skills are often not measured they constitute

part of the ‘unobserved’ characteristics. Studies often try to explain labour market

outcomes (or for that matter any other outcomes) based on typically observed char-

acteristics such as socio-economic and demographic indicators leaving out a large

chunk of unobserved individual’s personality traits. Dasgupta et al. (2015) in a

field experiment in India sought to understand the difference between participants

and non-participants in a vocational training program. The authors found that par-

ticipation in a skills-based training program is influenced by both socio-economic
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characteristics as well as the behavioural traits of individuals. After controlling for

the socio-economic characteristics, they found that individuals who were more tol-

erant of risk and more competitive were more likely to participate in the skill train-

ing program. Thus they argue, that only socio-economic and demographic charac-

teristics might not fully explain program participation, and behavioural traits play

a crucial role in training participation. They opined that, as a methodology, there is

valuable information to be gained by dissecting, what they referred to as the ‘black

box’ of unobservables by collecting data on personality traits. Towards this ob-

jective, the baseline survey captured certain non-cognitive abilities, such as BIG 5,

grit, attitude and self-esteem, and life goals. BIG 5 personality traits were measured

using forty-four questions that correspond to five traits - (1) Contentiousness, (2)

Extraversion, (3) Agreeableness, (4) Neuroticism, and (5) Open-mindedness, and

Grit was measured using a set of seven questions. BIG5 and Grit were replied on a

5 point Likert scale using the categories mentioned in Table 5.7. Attitude and self-

esteem were measured using the Rosenberg Self-esteem Scale. The scale consists of

ten questions answered using a 4 point scale that ranges from “Strongly disagree”

(1) to “Strongly agree” (4). Questions 2, 5, 6, 8, and 9 are reverse scored (in the

opposite direction), i.e., “Strongly disagree” (4) to “Strongly agree” (1). The cumu-

lative attitude and self-esteem measure is the addition of all scores. Higher scores

indicate higher self-esteem. The life goal test was the fourth non-cognitive skill

that comprised of a set of five questions, scored on a 4 point scale as mentioned in

Table 5.7.

5.4.1.5 Panel E: This section of the baseline questionnaire collected information

on, first, the previous earning of the respondents during the last 12 months before

they joined the training course. The next two questions relate to the hypothetical

earnings now (at the time of the baseline survey) and one year from now, had they

not enrolled in the training program. The objective of the questions on hypothetical
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earnings was to capture the outside options available to the trainees. One might

intuitively expect that trainees with better outside options would be more likely to

drop out, and trainees who are less likely to earn in an alternate scenario would

be more likely to complete the training. Then, the questionnaire asked about their

expected earnings in 12 months after training completion as “What do you think

your monthly income will be 12 months after this training?” and their preferred

earnings in 12 months after training completion as “What would you want your

monthly income to be 12 months after this training?”. Both these questions serve

as an approximate measure of one’s aspiration, with one representing the expec-

tation of achievable income strictly from training and the other representing their

preference to earn a certain amount at the same point in time, i.e., one year after

training completion. Collecting information on the expectations of the trainees at

the baseline is important to the thesis as this would enable me to examine if the

initial expectations affect the training outcomes. If trainees overestimate the re-

turns, then they might be more likely to get disappointed when provided with the

placement jobs and may deny taking up the job or drop out of the jobs too early.

Apart from the long term expected and preferred earnings, respondents were asked

about their immediate expected income (such as maximum, minimum and average

salary) in placement jobs after training completion. All earnings are in Indian Ru-

pees. Perceived usefulness of the training and respondent’s satisfaction with the

decision to enrol in the training were answered on a scale of 0% to 100%. Other

questions in Panel E relate to the likelihood of training completion, the likelihood

of job offer (conditional on training completion), and the likelihood that the job

offer (conditional on receiving a job offer) will be outside of their residence state.

Also, the baseline questionnaire enquired about the likelihood of accepting a job

offer and staying in the job for 12 months, if the job offer is inside and outside of

the residence state of the respondent. All likelihood questions were also coded in

percentages ranging from 0% to 100%, where 0% implies the least likelihood and

100% corresponds to maximum likelihood.

134



5.4.2 Midline survey

The respondents were surveyed again before the end of their training. The midline

surveys were administered in face-to-face interview sessions with the respondents

approximately 7-10 days before the training end date. The survey was carried out

in all the 86 selected batches (both control and treatment batches), and similar to

the baseline surveys, these surveys also preceded the intervention in the treatment

batches. Both baseline and midline surveys were done at the training centres. It

is important to mention that all subsequent surveys interviewed only those re-

spondents who were surveyed at the baseline. Trainees who were not surveyed at

baseline (because they were absent on the day of survey) were not interviewed in

the follow-up survey rounds.

Table 5.8: Midline variables

Indicators Variable Definition

Expected minimum salary (immediate) (Rupees) Expected minimum salary after training.

Expected average salary (immediate) (Rupees) Expected average salary after training.

Expected earnings in one year after training (Rupees) Expected monthly income after 12 months of
completing the training.

Preferred earning in one year after training (Rupees) Preferred monthly income after 12 months of
completing the training.

Training usefulness (0%-100%) Degree to which the training is useful.

Training satisfaction (0%-100%) Degree to which the trainees are
satisfied with the training.

Likelihood of training completion (0%-100%) Likelihood of training completion.

Likelihood of job offer (0%-100%) Likelihood of getting a job offer after
training completion.

Likelihood of job offer outside state (0%-100%) Likelihood of getting a job
outside of state after training.

Likelihood of accepting job inside state (0%-100%) Likelihood of accepting a job in the state.
Likelihood of retention in job inside state (0%-100%) Likelihood of staying at least 12 months in a

job in the state after accepting it.
Likelihood of accepting job outside state (0%-100%) Likelihood of accepting a job outside the state.
Likelihood of retention in job outside state (0%-100%) Likelihood of staying at least 12 months

in a job outside the state after accepting it.

135



The midline survey questionnaire was custom-designed, essentially to

capture the expectations of the trainees at the end of the training. The midline

surveys collected information on the expected and preferred earning of the re-

spondents 12 months after training completion, as well as their expected income in

the post-training placement jobs immediately after training completion. Questions

on how useful they think the training has been for them and their satisfaction re-

garding the decision to participate in the training were also enquired in the midline

surveys. Likelihood of completing the training, likelihood that they will be offered

a job after training completion, and likelihood that the job might be outside the

residence state, as well as the likelihood of joining and staying in jobs if the job

is inside and outside the residence state was also recorded in the midline surveys.

(see Table 5.8).

5.4.3 Endline survey

In addition to the baseline and midline surveys, two endline surveys were also

carried out under this study. The first endline surveys were conducted two months

after training completion, and the second endline surveys were done three months

after the first endline (i.e., five months after training completion).

The endline surveys captured the current engagement status of the respon-

dent, such as, if the respondent was employed in a salaried job (arranged by PIA

or otherwise), worked in a family farm or family enterprise, self-employed, casual

labour (farm or non-farm), attended educational institution, unemployed or was

not able to work (due to disability etc.). The first endline surveys also collected

information on the status of training completion, i.e., whether the respondents

completed or not completed the training. The respondents who did not complete

the training, are considered training dropouts. The survey further asked about the

reasons for dropping out of the training (conditional on dropping out).
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Figure 5.1: Timing of surveys and interventions

5.5 Outcomes of interest

This section elaborates on the outcomes that are of interest to this study. These are

the outcomes on which the treatment effect ( i.e., the effect of the information in-

tervention) is estimated. The outcomes are categorised broadly as Main Outcomes

and Intermediate Outcomes.

5.5.1 Main outcomes

• Dropout during training – Dropout is captured in the first endline survey

round.41 The variable is a binary indicator, that takes a value of 1 if the

trainee dropped out of the training before completion and 0 otherwise (if

they completed the training).

• Placement in jobs by PIA conditional on training completion – The variable

captured information on whether the trainee was placed in a DDUGKY job

(arranged by the PIA), conditional on training completion, during the first

endline surveys. This is coded as, 1 if the trainee was in a DDUGKY job and

41The first endline surveys were conducted two months after training completion.
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0 otherwise.

• Unconditional retention in PIA jobs – This is also a binary indicator, that is

coded as 1 if the trainee was still in a DDUGKY job at the second endline

and 0 otherwise.42 It is important to mention that this is not conditional on

training completion or job placement, and is defined for all those surveyed in

the second endline survey round.

• Retention in PIA jobs conditional on placement – The counterpart of uncon-

ditional job retention is conditional job retention that is coded similar to un-

conditional retention but defined for only those who were placed in PIA jobs

at training completion. In other words, the conditional job retention is 1

(for those who were in DDUGKY jobs at the second endline) and 0 (not in

DDUGKY jobs) only for those who were coded as 1 in the ‘Placement in jobs

by PIA conditional on training completion’ variable.

5.5.2 Intermediary outcomes:

The objective of the treatment (interventions) was to inform trainees about the

characteristics (nature of work, salary, location, benefits) of the prospective jobs that

might be offered after the training completion. Based on this information, trainees

were expected to update their expectations regarding the earnings and likelihood

of training completion, job offer, and job acceptance. The variables captured in the

midline survey described in Table 5.8 are the intermediary outcomes.

42The second endline surveys were conducted five months after training completion.
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5.6 Summary

This chapter provides a detailed discussion of the sampling procedure adopted in

the study. Sample selection was at the level of a training batch and comprised of

two broad activities. The first activity was to collect information on the sector-

wise tentative training plan from the project implementing agencies (PIA) in Bihar

and Jharkhand. The training plan was collected in a custom-designed informa-

tion sheet. This information was collected seven times during data collection. The

second activity was to select the sample batches from the information sheet and

allocate the batches to the treatment and control arm. The sampling protocol com-

prised of four conditions. The first protocol was to select the training batches with

a course duration of fewer than six months, the second protocol was to concentrate

the district of the training centres in clusters within the states, the third protocol

was to not select more than one batch from a PIA if the training batches were from

the same sector and starting either simultaneously or within 31 days. The fourth

and most important protocol was to select the batches only in pairs for a particular

sector within a state. Thus, the sample selection was stratified at the sector and

state levels. This was done to ensure the balance between treatment and control

group batches within each sector and state. The total number of training batches

selected was 90, but because four batches got cancelled midway. Therefore, the

study consists of 86 batches, 42 in the treatment arm and 44 in the control arm.

A total of 2163 trainees from the 86 training batches constitute the sample of the

study.

The trainees from the treatment arm batches were exposed to two inter-

ventions. The first intervention was done soon after training inception, and the

second intervention was done just before the end of the training course. The in-

terventions were carried out at the training batch level, whereby the trainees (from

a treatment batch) were gathered in a room (typically their classroom) and were
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provided with as many details as possible about the training and job placement

opportunities specific to the sector of training. The placement details were pro-

vided to us by the training institute that was specific to a batch. The intervention is

expected to initially increase the training dropout, but improve job placement and

job retention among those who complete the training course.

The survey sample was interviewed four times. The baseline surveys were

done soon after the training inception (before the intervention in the treatment

batches), the midline surveys were done just before training completion (before the

intervention in the treatment batches), the first endline surveys took place after two

months of training completion, and the second endline after five months of train-

ing completion. The baseline survey captured information on the individual de-

mographic characteristics, education attainment, socio-economic background, non-

cognitive skills, and expectation of the trainees. The same cohort of the respondents

surveyed at the baseline was followed up in the midline and endline surveys. The

midline surveys captured the change in expectations by the end of the training

course and the endline surveys captured information on the outcomes of the study.

The study has four main outcomes. First is training dropout, which is a bi-

nary variable, that is 1 if the trainee dropped out of the training before completion

and 0 otherwise (if they completed the training). Training dropout is measured

at the first endline. The second main outcome is job placement (conditional on

training completion) measured at the first endline. This is also a binary variable,

which is 1 if the trainee was placed in a DDUGKY job (arranged by the PIA) and 0

otherwise. The third and fourth main outcomes are the conditional and uncondi-

tional retention in PIA jobs as measured at the second endline, which was carried

out after five months of training completion.

The variables captured at the midline surveys as mentioned in Table 5.8

are the intermediary outcomes of the study.
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6 Data description

6.1 Introduction

As mentioned in chapter 5, respondents from all the 86 sample batches were sur-

veyed over four waves. The baseline survey was conducted within the first two

weeks of training inception, midline survey at training completion, first endline

survey was carried out after two months of training completion, and the last follow-

up survey was done five months after training completion.

As shown in Table 6.1, the baseline survey round was conducted from De-

cember 2018 to October 2019 covering 2163 trainees. The same cohort was followed

over time in the subsequent survey rounds. The midline survey round was carried

out from March 2019 to January 2020. Out of 2163 respondents who were surveyed

at the baseline, we were able to survey 1613 respondents at the midline, those who

were present at the training centres on the day of the survey. As the baseline and

midline surveys were administered in a face-to-face interview with the respondents

at the training centres, those absent on the day of the survey were not interviewed.

We tried to reach as many as possible of the full cohort of 2163 respondents

in the first and second endline surveys. The first endline surveys were canvassed

from May 2019 to March 2020 and covered 2089 respondents; the second endline

round was done from August 2019 to May 2020 and covered 2070 respondents (Ta-

ble 6.1). As the endlines were done over the phone, survey attrition was relatively

low (3-4%).
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Table 6.1: Respondents surveyed in four survey waves

Survey Round Observations Survey Period

[1] [2]

Baseline 2163 December 2018 to October 2019
Midline 1613 March 2019 to January 2020
First endline 2089 May 2019 to March 2020
Second endline 2070 August 2019 till May 2020

This table shows the number of respondents surveyed in the four survey rounds.
Column[1]: Shows the number of respondents surveyed in each survey wave.
Column[2]: Shows the period of data collection for each wave.

The national lockdown due to Covid -19 pandemic was imposed by the

Indian Government on 24th March 2020, disrupting the data collection for the last

survey round. The second endline questionnaire was revised to accommodate the

lockdown scenario for the outstanding surveys. The original second endline ques-

tionnaire enquired about the ’current’ status of the trainees, but as everything was

closed during the lockdown, the ’current’ status was modified to capture the ’be-

fore lockdown’ status. However, ’before lockdown’ could have been difficult and

confusing for the respondents to understand, so the second endline questionnaire

was modified to capture the status of the trainees at the time of the annual Holi fes-

tival.43 It was felt that it would be easy for the respondents to better recollect what

they have been doing just before the Holi festival, given the short recall period and

the importance of the festival.44

This chapter is broadly divided into three sections. As the number of re-

spondents surveyed changed over the survey waves, the first section of this chapter

(section 6.2) discusses the sample characteristics (those measured at the baseline)

for the respondents surveyed in different waves.45 The aim is to examine if the

43Holi is an annual two-day festival and was on 9th of March in 2020.
44The last endline surveys were done in May 2020 which was only one and half months from

Holi.
45See Table 5.7 for the variables captured in the baseline surveys.
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sample characteristics changed over the survey waves. Also, the study sample is

compared with the DDUGKY administrative data to see how close is the sample

to the usual population of individuals who join DDUGKY and whether the study

findings have internal validity. Since, the DDUGKY administrative data capture

only certain demographic characteristics (age, gender, caste, and religion) of the

trainees, I could compare the data sets only on indicators that were common to

both.

The second section (section 6.3) describes the expectations of the trainees

at the end of training (measured in the midline surveys, see Table 5.8 for the vari-

ables captured in the midline surveys) relative to the expectations at the start of

training (measured in the baseline surveys, see Panel E in Table 5.7.). The out-

comes of the study are discussed in section 6.4.

6.2 Sample characteristics

This section describes the baseline characteristics of the sample surveyed over the

three survey rounds, namely, the baseline survey, midline survey, and second end-

line survey. For the sake of brevity, we choose to discuss the characteristics of

the sample surveyed in the second endline over the first endline, first, because the

second endline was the last survey wave, and second, the number of respondents

surveyed is very similar in the first and second endline surveys (first endline =

2089 and second endline = 2070. see Table 6.1). The discussion of the baseline

characteristics is done under five subheads, such as individual demographic char-

acteristics, education attainment, socio-economic background, non-cognitive skills,

and expectations.
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6.2.1 Individual demographic characteristics:

Columns [1], [2] and [3] in Table 6.2 shows the demographic composition (captured

at the baseline) for the sample surveyed in the baseline, midline and second endline

surveys. Column [4] of the table shows the demographic characteristics of those

enrolled under DDUGKY since its inception in 2014 across Bihar and Jharkhand,

using the DDUGKY administrative (Management Information System/MIS) data.46

Table 6.2: Individual demographic characteristics

Indicators Sample Mean

Baseline Midline Second Administrative
Endline Data

[1] [2] [3] [4]

Age (years) 19.824 19.711 19.83 19.751
(2.611) (2.471) (2.621) (2.634)

Female 0.527 0.547 0.522 0.471
Married 0.098 0.084 0.096
Scheduled Caste 0.278 0.286 0.276 0.228
Scheduled Tribe 0.153 0.155 0.153 0.229
Other Backward Class 0.497 0.491 0.501 0.426
General Caste 0.071 0.069 0.071 0.116
Hindu 0.902 0.915 0.903 0.903
Muslim 0.065 0.053 0.065 0.058
Christian 0.032 0.032 0.032 0.032

Observations 2163 1613 2070 116941

This table shows the mean demographic characteristics of the study sample and the usual
DDUGKY trainee population using the administrative data. Age is a continuous variable, all
other variables are binary. Standard deviations in parenthesis. Column[1]: Shows the average for
the sample covered in the baseline survey. Column[2] and Column [3] shows the average for the
sample covered in the midline and second endline surveys. Column [4]: Shows the average of
the indicators from the DDUGKY administrative data. Variable definitions are provided in Table
5.7. Table 6.1 shows the number of respondents surveyed in each survey wave.

46The MIS is maintained regularly by the State Rural Livelihood Missions (SRLM) based on the
data shared by the project implementing agencies (PIA). This MIS data set consists of 116,941
trainees who enrolled in DDUGKY since its inception in 2014 till 2020, across Bihar and Jhark-
hand, and was shared by the Bihar and Jharkhand SRLM (Bihar Rural Livelihood Promotion Society
(BRLPS), and Jharkhand State Rural Livelihood Society (JSLPS)).
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Column [1] of Table 6.2 depicts the demographic characteristics of the

original sample with whom the study was first initiated. We describe some of

the indicators of the original sample as follows. While DDUGKY targets youths

between 15-35 years of age, a majority of the trainees enrolled under the program

are of 19-20 years. Most of the trainees are unmarried and females constitute more

than half of the sample (53%).

Given that DDUGKY targets youths from disadvantaged/marginalised

population, 27% of the sample trainees are Scheduled Castes, 15% are Scheduled

Tribes, and around half of the sample are from Other Backward Class.47 General

Caste trainees constitute only 7% of the total enrolments in the study sample data.

These figures are suggestive of the fact that DDUGKY is well-targeted towards the

youths from disadvantaged communities.

We can draw two inferences from Table 6.2. First, comparing column [1]

with column [4] shows the composition of the study sample to be similar to the

usual population of trainees enrolled under DDUGKY. This suggests the study

sample is representative of the overall trainee population and the research find-

ings could apply to other contexts. Albeit the study focuses on one government-

sponsored training program, that is, DDUGKY, the study has much wider appli-

cability as skill training programs are widely implemented in India and across

developing countries.

Second, columns [1], [2], and [3] clarify that sample composition in terms

of the demographic characteristics remains essentially the same over the survey

waves.
47The constitution of India classifies its citizens into four categories for affirmative action: Sched-

uled Castes (SCs) and Scheduled Tribes (STs) are various officially designated groups of historically
disadvantaged people in India. Other Backward Class (OBC) includes other groups/communities
that are not SC or ST, and the rest of the population is classified as General Caste.
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6.2.2 Highest education level achieved:

Column [1] of Table 6.3 shows, that about half the sample trainees have attained

higher secondary level (11 to 12 class) of formal education as their highest qualifi-

cation, and a large chunk of the remaining trainees in the sample are educated till

secondary level (class 9-10). There are only a few trainees with a qualification above

class 12 (9% have qualifications, such as undergraduate degree/diploma/post-

graduate degree) and still fewer with a qualification less than class 9 (5%). Such

a distribution is in line with the eligibility criteria of DDUGKY, as the minimum

education qualification mandated for enrolment in a training course is at least class

9. In other words, candidates should have cleared middle school level (class 6-8) to

enrol in the training program.

In the study sample, around 92.5% of the respondents have completed

secondary level of formal education, and around 57% have completed higher sec-

ondary level. Table 6.3 also depicts that the qualification distribution of the sample

is almost the same over the survey waves.

6.2.3 Socio-economic background:

Table 6.4 shows that around 82% of the trainees live in a male-headed household

(MHH), a pattern consistent with the traditional family structure and views on

gender roles. A majority of respondents (90%) have one to two earning members

in the household, and with an average monthly earning of less than 15000 INR,48

support three or more dependent family members. Only around 30% of the house-

holds have a concrete house, the rest live in thatched houses made of mud, leaves,

bamboos etc. The family arrangement in a majority of cases (95%) is a nuclear

family, that typically consists of one male adult, his wife, and their children.

48Around 210 USD per month.
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Table 6.3: Highest education attained

Sample Mean

Indicators Baseline Midline Second
Endline

[1] [2] [3]

Middle school (6-8 class) 0.055 0.051 0.051
Secondary level (9-10 class) 0.362 0.358 0.363
Higher secondary (11 TO 12 CLASS) 0.496 0.507 0.499
Tertiary education (Undergraduate & above) 0.088 0.084 0.087
Qualified Secondary Level 0.925 0.928 0.93
Qualified Higher Secondary 0.568 0.573 0.57

Observations 2163 1613 2070

This table shows the mean education characteristics of the study sample. All variables are binary.
Column[1]: States the average of the indicators for the sample covered under the baseline survey. Col-
umn[2] and Column[3] states the averages for the sample surveyed in the subsequent waves. Variable
definitions are provided in Table 5.7.

As DDUGKY targets youths from marginalised communities, eligibility

criteria mandate the potential candidates to be from households registered as BPL,49

or in a self-help group (SHG),50 or in National Rural Employment Guarantee

Act (NREGA),51 or in government health insurance (Rashtriya Swasthya Bima Yo-

jna/RSBY).52 Candidates who do not fulfil at least one criteria of BPL or SHG or

NREGA or RSBY are screened as ineligible for the training under DDUGKY. These

are all government schemes for poor people, and therefore being beneficiary under

any of these schemes is used as an indicator to identify marginalised household by

the government.

49Below Poverty Line (BPL) is a benchmark used by the government of India to identify individ-
uals and household in need of government assistance and aid. Internationally, an income of less
than 1.9 USD per day per head is defined as extreme poverty. As per the 2011 census, approx. 259.5
million (21.3% of the total population) have income less than 1.9 USD per day per head. In India,
scoring is done on 13 parameters ranging from 0-4, a score of 17 or less out of 52 are classified as
BPL.

50A self-help group (SHG) is a community organization with 10-20 members from the vil-
lage/community. Its purpose is mostly to act as a financial intermediary for saving and lending to
its members in need.

51Government-sponsored public works program.
52Government health insurance scheme for the vulnerable population.
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Table 6.4: Socio-economic background

Sample Mean

Indicators Baseline Midline Second
Endline

[1] [2] [3]

Household head relationship (father) 0.823 0.830 0.825
Household head relationship (mother) 0.079 0.080 0.080
Household head relationship (others) 0.098 0.093 0.095
Earning members (1-2) 0.902 0.905 0.905
Earning members (3 or more) 0.098 0.095 0.095
Household earning (5000 or less ) 0.270 0.270 0.271
Household earning (5001-9000 ) 0.227 0.229 0.226
Household earning (9001-15000 ) 0.333 0.334 0.336
Household earning (15000 or more) 0.170 0.166 0.168
Household members (2 or less) 0.057 0.053 0.058
Household members (3-5) 0.564 0.570 0.562
Household members (6 or more) 0.379 0.377 0.380
House type: Kutcha house 0.506 0.502 0.504
House type: Semi pucca house 0.205 0.212 0.207
House type: Pucca house(IAY) 0.093 0.096 0.091
House type: Pucca house(Non IAY) 0.196 0.190 0.198
House ownership: Own house 0.994 0.995 0.994
Family arrangement: Joint family 0.067 0.069 0.067
Household has agriculture land 0.633 0.638 0.630
Household registered as below poverty line 0.785 0.781 0.788
Household registered with health insurance 0.377 0.382 0.376
Household registered in self-help group 0.753 0.753 0.755
Household worked in public works scheme 0.243 0.259 0.247
Internet use 0.511 0.498 0.515
Ever migrated out of state (self) 0.129 0.129 0.129
Ever migrated out of state (relatives) 0.515 0.521 0.518
Difficulty to family during training 10.324 10.304 10.285

(21.023) (21.080) (21.077)
Difficulty to family during job 14.508 14.513 14.217

(25.755) (25.753) (25.452)

Observations 2163 1613 2070

This table shows the mean of socio-economic household characteristics. All variables are binary,
except the ’Difficulty to family’ indicators, that are scored on a continuous scale of 0% to 100%.
Standard deviations in parenthesis. Column[1]: States the average of the indicators for the sample
covered under the baseline survey. Column[2] and Column[3] states the averages for the sample
surveyed in the subsequent waves. Variable definitions are provided in Table 5.7.
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More than 75% of households in the study sample belong to the Below-

poverty line (BPL) category and have one or more member of the household in a

self-help group (SHG). Around 25% households have one or more members who

worked in National Rural Employment Guarantee Act (NREGA) in the last year,

and more than a quarter of the households are registered under the government

health insurance scheme (Rashtriya Swasthya Bima Yojna /RSBY). This suggests

that the training program successfully reaches the intended target group - people

from poor households.

Only about half of the sample trainees were accustomed to the use of the

internet before taking admission in the training program. Most of the respondents

have lived within their native states until this point, and only around 13% trainees

ever spent one month or more outside their home state. While trainees themselves

rarely have experience of interstate migration, household members of around half

of the trainees have prior experience of migrating to other states for work. Given

that DDUGKY jobs are mostly located in other states that necessitate trainees to

migrate, a history of interstate migration in the family can be a determining factor

to training dropout and job retention. The baseline survey also collected informa-

tion on the extent of difficulty to the family while the respondent is staying outside

of the home during the training and if the respondent works out of state for 12

months. Both these questions were answered on a scale of 0% to 100%, where 0%

implies the least difficulty and 100% corresponds to maximum difficulty. Table 6.4

shows that most trainees stated that they or their families have no problem in them

staying outside of home either during the training or in case they need to migrate

out of their native state for jobs after the training. Table 6.4 also clarifies that the

survey cohort is balanced over the survey period.
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6.2.4 Non-cognitive skills:

Besides education qualification, non-cognitive skills are also considered important

markers for labour market success. Studies often neglect to measure personality

traits and try to explain the outcomes solely on indicators that are rather easy to

observe and convenient to measure.

The baseline surveys measure the non-cognitive traits of the trainees un-

der four categories: BIG5, Grit, Attitude and Self-esteem, and Life goals. Figure

6.1 shows the distribution of the scores for the study sample of 2163 respondents

surveyed at the baseline.53

BIG 5 is measured based on a set of forty-four questions that correspond

to five traits. As shown in Figure 6.1, these traits include Agreeableness, Con-

tentiousness, Extraversion, Neuroticism, and Open-mindedness. All the questions

are scored from 1 to 5, where 1 represents ”strongly disagree” and 5 represents

”strongly agree”.54 Figure 6.1 depicts the distribution of the score for each of the

five sub-traits in the baseline sample.55 The blue dotted line inside the plot rep-

resents the mean score. The average score for Agreeableness, Conscientiousness,

and Openness is close to 4, which suggest that an average trainee considers her-

self agreeable, conscientious, and open to new learning and opportunities. On the

other hand, the mean score for Neuroticism is close to 2, which is suggestive that

trainees disagree with them being irrational and consider themselves capable of

making informed choices.

Figure 6.1 also shows the distribution of the score for Grit, Attitude and

Self-esteem, and Life goals at the baseline. Grit is scored from 1 to 5, where 1 is

53see Table 6.1 for the number of respondents surveyed in each survey wave.
54strongly disagree=1, disagree=2, neither agree nor disagree=3, agree=4 and strongly agree=5.
55Cumulative score of each respondent is the average of all the scores.
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for ”very much like me” and 5 for ”not like me at all”.56 The average score of 3.41

suggests that trainees consider themselves somewhat resolute. None the less, the

mean score is positioned in the middle of the scale, which might be indicative that

trainees are not too optimistic or too pessimistic of their abilities.

Attitude and Self-esteem (ASE) are measured based on ten questions scored

from 1 (strongly disagree) to 4 (strongly agree).57 Five questions out of ten are

scored in opposite direction, i.e., for these five questions ”strongly agree” equals 1

and ”strongly disagree” equals 4. The total score for each individual is the addition

of all scores. The highest possible score is 40, and the higher the score higher is

self-esteem. The average cumulative score of 30 in the study sample indicate that

trainees are motivated and have an overall positive subjective sense of personal

worth or value.

Life goals are measured using five questions scored from 1 (very impor-

tant) to 4 (not at all important).58 The average life goal score of 2.14 indicates that

aspects such as ”Need to find a stable job” or ”Need to be successful in work” are

important to the trainees.

Table 6.5 shows the mean score of the personality traits (measured at base-

line) for the sample surveyed in each survey round. The table shows that the sam-

ple properties remain essentially unaltered over the period.

56very much like me=1, mostly like me=2, somewhat like me=3, not much like me=4, and not like
me at all=5.

57strongly disagree=1, disagree=2, agree=3, strongly agree=4.
58very important=1, quite important=2, somewhat important=3, not at all important=4.
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Figure 6.1: Non-cognitive skills
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Table 6.5: Non-cognitive skills

Sample Mean

Indicators Baseline Midline Second
Endline

[1] [2] [3]

Big 5 Extraversion Test (1 to 5) 3.297 3.298 3.296
(0.556) (0.555) (0.556)

Big 5 Agreeableness Test (1 to 5) 3.765 3.776 3.766
(0.535) (0.539) (0.535)

Big 5 Conscientiousness Test (1 to 5) 3.862 3.874 3.865
(0.535) (0.618) (0.621)

Big 5 Neuroticism Test (1 to 5) 2.431 2.422 2.429
(0.711) (0.72) (0.711)

Big 5 Openness Test (1 to 5) 3.946 3.962 3.946
( 0.724) ( 0.719) ( 0.726)

Grit Test (1 to 5) 3.417 3.414 3.422
(0.637) (0.627) (0.639)

ASE Test (1 to 4) 29.092 29.143 29.114
(3.604) ( 3.579) (3.59)

Life goal Test(1 to 4) 2.146 2.138 2.144
(0.334) (0.336) (0.336)

Observations 2163 1613 2070

This table shows the mean of personality characteristics. All variables are continuous.
Standard deviations in parenthesis. Column[1]: States the average of the indicators for the
sample covered under the baseline survey. Column[2] and Column[3] states the averages
for the sample surveyed in the subsequent waves. Variable definitions are provided in Table
5.7.
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6.2.5 Expectations:

A majority of trainees enrolled under DDUGKY are young people who are new to

the labour market without any professional experience. Table 6.6 shows that the

average earnings per month in the study sample before the trainees enrolled for

training is Rs.576/month (8 USD/month). The mean is however driven by only

about 11% of the total sample who had some work experience, but the majority

of trainees (1920 out of 2163 surveyed respondents) had zero earnings before they

came for training.

Table 6.6 also clarifies that trainees have meagre options of earnings with-

out the help of the training program. The average current earnings had they not

come for the training is Rs.726/month (10 USD/month), and the average earning

after one year (without training) is Rs.1752/month (25 USD/month). This is sug-

gestive that trainees have low opportunity cost in terms of loss to earnings from

attending the training program. The data clarifies that, the context in this case

differs from many studies which argue that, trainees are initially drawn out of

employment because of training. In this case, the training program aptly targets

unemployed young people waiting to enter the labour market for the first time.

As shown in Table 6.7, the average salary that trainees expect to receive in

jobs after training completion is around Rs.11000/month (150 USD/month). Typ-

ically, the salary in DDUGKY jobs range from Rs.7000/month (95 USD/month)

to Rs.10000/month (130 USD/month). Given this actual salary range, even the

minimum expected salary of Rs.9040/month or 125 USD/month is indeed an over-

estimation by at least 30%.

While trainees’ average expected earnings after one year of the training

are Rs. 12600/month (160 USD/month), their preferred earnings at the same point

in time are around Rs.16000/month (220 USD/month).
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Table 6.6: Monthly earnings without training (in INR)

Sample Mean

Indicators Baseline Midline Second
Endline

[1] [2] [3]

Earnings before training 576 563 570
(1962) (1894) (1955)

Expected earnings without training 726 709 720
(current) (2247) (2175) (2242)
Expected earnings without training 1752 1664 1739
(in one year) (4093) (3970) (4087)

Observations 2163 1613 2070

This table shows the mean of earnings. All variables are continuous. Standard deviations
in parenthesis. Column[1]: States the average of the indicators for the sample covered
under the baseline survey. Column[2] and Column[3] states the averages for the sample
surveyed in the subsequent waves. Variable definitions are provided in Table 5.7.

Table 6.7: Expected earnings after training (in INR)

Sample Mean

Indicators Baseline Midline Second
Endline

[1] [2] [3]

Expected minimum salary after 9040 9016 9027
training (2641) (2618) (2619)
Expected average salary 11246 11200 11237
after training (3710) (3649) (3659)
Expected earnings in one year 12618 12599 12626
after training (5236) (5097) (5227)
Preferred earnings in one year 16407 16313 16360
after training (7405) (7170) (7322)

Observations 2163 1613 2070

This table shows the mean of expected earnings. All variables are continuous. Standard
deviations in parenthesis. Column[1]: States the average of the indicators for the sample
covered under the baseline survey. Column[2] and Column[3] states the averages for the
sample surveyed in the subsequent waves. Variable definitions are provided in Table 5.7.
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Table 6.7 provides a convincing explanation for the core issues of DDU-

GKY; high dropout from training and placement jobs. If trainees expect to receive a

salary of Rs.11000/month in the placement jobs after the training, then, of course,

they may drop out of training or may not take up jobs when offered with actual

jobs that pay less than their expectation. Also, their preferred earnings after a year

are at least 40% more than their expected earnings, which potentially explains the

underlying reason for trainees dropping out of the placement jobs too early.

Column [2] and [3] in Table 6.6 and Table 6.7 show the baseline expected

earnings for the sample surveyed at midline and endline.

Consistent with earlier studies (Hicks et al., 2013; Abebe et al., 2017a), the

thesis finds that while both men and women have an optimistic perception about

economic returns to training, the reservation wages are much higher among men

(Figure 6.2).

Figure 6.2: Expected earnings at baseline (in INR): by gender

0

2000

4000

6000

8000

10000

12000

14000

16000

18000

20000

Expected salary after
training

Expected earning in one
year after training

Preferred earning in one
year after training

Male Female

n = 2163 trainees surveyed at the baseline.
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Figure 6.3 shows the likelihoods for the study sample at the baseline.59

The likelihood of training completion is more than 90%, and trainees were very

satisfied with their decision to join the training course. Figure 6.3 also shows that

trainees were quite certain of getting job offers after the training and that the jobs

offered to them will most certainly be outside of their native states. The findings

provide a deep insight into the awareness of the DDUGKY scheme among the

newly enrolled trainees. The findings clarify that trainees are aware that they will

be provided placement in jobs that are outside of their native states and they may

need to migrate for these jobs. They are however unaware mainly about the salaries

in the DDUGKY jobs. Considering job location and salary to be the two pivotal fac-

tors that affect job uptake decisions, it can be conclusively said that misinformation

among trainees primarily stems from salaries rather than job location. Consistent

with the above narrative, Figure 6.3 further elucidates that conditional on getting a

job offer, trainees are equally likely to accept the job and stay in the placement jobs

for at least a year, irrespective of the job location.

Figure 6.3: Likelihood at baseline (0% - 100%)
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n = 2163 trainees surveyed at the baseline.

59see Table 6.1 for the number of respondents surveyed in each survey wave.
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6.3 Change in expectations

This section discusses the change in trainees’ expectations as measured at the end

of training (captured at midline),60 in comparison to their expectations at the start

of training (captured at baseline),61. See Figure 6.4 and 6.6.

Figure 6.4 shows that the average expected salary in placement jobs re-

mains unchanged. However, both the long term expected and preferred earnings

have risen by 13-17% at the midline, as compared to their baseline expectations

(Figure 6.4). The findings are intriguing as this shows that trainees stick to their

immediate expectations after training but update their long term expectations more

positively. This draws consistently from the literature that finds training to have a

very strong impact on improving self-assessed practical skills of individuals (Cho

et al., 2013; Ibarraran et al., 2014). In another evaluation of training programs in the

Dominican Republic, Acevedo et al. (2017) find the future expectation about em-

ployment after one year to be significant for all individuals who attended training

compared to those who did not. Figure 6.5 shows that by the end of the training,

the future expected earnings have risen for both male and female trainees.

As depicted in Figure 6.6, being in the training course for two to three

months has led to an improvement in the candidate’s perception of skill acquired.

This is reflected not only by the increased expectations of future earnings but also

by the augmented likelihoods in almost all the indicators.

60see Table 5.8 for the variables captured in the midline surveys
61see Panel E in Table 5.7 for variables captured in the baseline surveys.
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Figure 6.4: Change in expected earnings (in INR)
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6.4 Outcomes

This section describes the sample averages for the four main outcomes of the study

as follows:

• Dropout during training – Training dropout is captured in the first endline

survey round.62 The variable is a binary indicator, that takes a value of 1 if

the trainee dropped out of the training before completion and 0 otherwise (if

they completed the training). Table 6.8 show that 14% of the trainees (290)

dropped out of the training before the course completion.

• Placement in PIA jobs (conditional on training completion) – Job placement

is a binary variable, that takes a value of 1 if the trainee was placed in a

DDUGKY job (arranged by the PIA) and 0 otherwise. This is conditional

on training completion, and is measured at the first endline. Table 6.8 show

that out of 1799 trainees who completed the training, 50% (901) trainees were

62The first endline survey was conducted two months after training completion.
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Figure 6.5: Change in expected earnings (in INR): by gender

(a) Panel A: Male
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(b) Panel B: Female
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Figure 6.6: Change in likelihood (0% - 100%)
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placed in a PIA jobs.

• Retention in PIA jobs (conditional on placement) - The third main outcome

of the study is retention in PIA jobs, conditional on job placement. Retention

is 1 for those who were still in PIA jobs and 0 otherwise, as measured in

the second endline surveys, that was conducted five months after training

completion. Table 6.8 depicts that out of 890 who were placed in PIA jobs,63

602 (67.6%) were still working in PIA jobs at the second endline.

• Retention in PIA jobs (unconditional) - The fourth and final outcome of this

study is the unconditional retention in PIA jobs. Unconditional job retention

is coded similar to conditional job retention, but, defined for all those sur-

veyed at the second endline. The variable takes a value of 1 if the respondent

was still in a PIA job at the second endline, and 0 otherwise. Table 6.8 shows

that out of 2070 respondents surveyed at the second endline, 30% were in

63We could not reach 11 respondents out of 901.
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placement job after five months.

Table 6.8: Main outcomes

Main Outcomes Sample Mean No. of Observations

[1] [2]

Training Dropout 0.138 2089
(290)

Placement in PIA jobs 0.501 1799
(conditional on training completion) (901)

Retention in PIA jobs 0.676 890
(conditional on placement) (602)

Retention in PIA jobs 0.291 2070
(unconditional) (602)

This table shows the mean and the number of observations used for the outcomes. All variables
are binary. Training dropout and job placement are measured at the first endline, and job reten-
tion is measured at the second endline. The total number of observations in the first endline and
second endline is 2089 respondents and 2070 respondents respectively (see Table 6.1). Column[1]:
States the average of the indicators for the sample surveyed. In parenthesis is the absolute num-
ber of respondents for each indicator. Column[2]: States the total number of observations used
for calculating the averages.

Figure 6.7 shows the outcomes among male and female trainees. Com-

pared to males, females are more likely to complete the training, around 15 per-

centage points more likely of being placed in jobs, and 25 percentage points more

likely to stay in the placement jobs for at least a year.
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Figure 6.7: Main outcomes: by gender
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6.5 Summary

Trainees from all the 86 sample batches were surveyed over four survey rounds,

namely, the baseline survey (done soon after training inception), the midline sur-

vey (done just before the end of training), and two endline surveys (first endline

survey after two months of training completion, and second endline survey five

months after completion). The baseline survey captured information on the in-

dividual demographic characteristics, education attainment, socio-economic back-

ground, non-cognitive skills, and expectation of 2163 trainees. The midline survey

captured the change in expectations by the end of the training course and the end-

line survey captured information on the outcome variables, viz. training dropout,

job placement and job retention.

While the sample size varied in the subsequent survey waves, (because

of survey attrition),64 the sample characteristics remain essentially unchanged over

the survey period. This is suggestive that survey attrition was random and not

systematically correlated with specific characteristics.

The majority of trainees to enrol in DDUGKY are young people (19-20

years of age), from poor families (more than 75% of households in our sample

belong to the Below-poverty line (BPL) category) without any prior exposure to

the labour market. These youths have very limited employment options, and most

of them expect to stay unemployed had they not enrolled in the training. However,

once they enrol for the training, they expect more than what they would realistically

be paid in jobs provided to them under DDUGKY. The unrealistic expectations

cause disappointment among the trainees when presented with the actual jobs,

which leads them to either drop out of the training midway or dissuades them to

take up the jobs.

641613 respondents (out of 2163 respondents surveyed at the baseline) were surveyed at the mid-
line, and 2089 and 2070 respondents were surveyed in the first and second endline surveys.
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While both men and women had an optimistic perception of the returns on

vocational training, males have higher reservation wages compared to their female

counterparts. Expectations of future earnings among the trainees further rise by

13-17% during the training tenure, more so among the male trainees.

Even at the start of training, the trainees were quite certain that most jobs

after training completion are outside of their native state, and that they would need

to migrate for doing the jobs. Nevertheless, the trainees were keen to take up and

stay in the jobs, irrespective of whether the jobs are located inside or outside of

their native states.

Around 14% of the trainees dropped out before completion of the full

training course. Out of those who completed the training, half were placed in

jobs provided by DDUGKY, and among those to be placed in jobs, around 67%

continued in jobs after five months of training completion.

Finally, I compare the outcomes from the survey data with the outcomes

from the DDUGKY administrative data.65 Figure 6.8 clearly shows that, while the

training completion rate discounts by merely 3 percentage points, job placement

and job retention rates increase by 6-7 percentage points in the study sample. The

only possible explanation for the change can be attributed to the information in-

tervention treatment in the study sample. It is worth reckoning that out of the

86 sample training batches, 42 batches were exposed to an informational interven-

tion, while in the remaining 44 batches it was ’business as usual’. Informing the

trainees about the prospective jobs after the training completion initially increased

the training dropout as hypothesised. However, those who continued with the

training were more likely of job placement and job retention.

65The author computed the outcomes from the administrative data in the same way as in the
survey data. The administrative data set consists of all those enrolled in DDUGKY in Bihar and
Jharkhand since its inception in 2014 till 2020. The data comprises information on 116,941 trainees.
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The next chapter discusses the effects of the informational intervention,

hereafter, referred to as the ’Treatment effects’.

Figure 6.8: Main outcomes: survey and admin data
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7 Econometric analysis and results

7.1 Introduction

This study is a Randomised Controlled Trial (RCT), whereby 42 training batches

were randomly allocated to the treatment arm and 44 batches to the control arm.

Section 7.2 discusses the results from the balance test that was carried out to ver-

ify whether the randomisation worked, and that the treatment and control group

individuals were similar, at the start of the experiment. The balance test is pivotal

because any difference in the outcomes between the treatment and control group

may be attributed to the ’treatment’, only if both the groups were similar before

the treatment/intervention.

Section 7.3 reports the estimated effects of the intervention (treatment ef-

fects) on the outcomes of interest.

Section 7.4 addresses the issue of possible heterogeneity of the treatment

effects in a range of trainee sub-population. Four dimensions of heterogeneity are

considered for the analysis; gender, caste, education, and expected earnings at the

baseline. Gender and caste are two socio-demographic dimensions of focus under

the DDUGKY program. Education and expectations correspond to two dimensions

of heterogeneity in the conceptual framework: more educated trainees may be

less likely to join and stay in the placement jobs as they might have more outside

options, and trainees with over-optimistic expectations may be more likely to drop

out from the jobs as they might get disappointed with the actual salaries in the

placement jobs.
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7.2 Balance

To check if the randomisation was effective in terms of achieving the balance be-

tween the treatment and control group batches at the baseline, Equation 1 is esti-

mated for each baseline variable Xi :

Xi = βTb(i) + δs(i) + ϵi (1)

where, i is the trainee, b(i) is the batch to which the trainee belongs, T(b) is

a dummy variable equal to one if batch b is a treatment batch and zero otherwise.

Since the sampling of the training batches was stratified over state and sector (see

Table 5.5), I control for the strata fixed effects (δs(i)), and as the unit of sampling

was a training batch, the standard errors are clustered at the batch level.

Equation 1 tests the null of no difference in the average baseline charac-

teristics of the respondents in the treatment and control group (β = 0). Column

[1] and [2] in Table 7.1 shows the mean value of the sample characteristics for the

control group and treatment group respondents at the baseline. Column [3] shows

the difference in the mean values (β from Equation 1), and column [4] reports the

associated p-values for the test.

As Chapter 6 already provides a detailed discussion of the sample charac-

teristics, this section only examines if the treatment and control group is balanced

in terms of their baseline characteristics.

Table 7.1 finds no significant differences in the demographic characteristics

of the control and treatment group. 52% of the respondents from both the control

and treatment group are females. The average age of trainees is between 19-20

years, and most are unmarried in both groups. While 50% of trainees from both
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Table 7.1: Balance table [Part 1 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

Demographic Characteristics
Female 0.527 0.526 -0.002 0.985
Age (years) 19.890 19.744 -0.146 0.367
Married 0.092 0.105 0.013 0.487
Caste: Schedule Caste 0.296 0.257 -0.039 0.317
Caste: Schedule Tribe 0.139 0.170 0.032 0.558
Caste: Other Backward Class 0.494 0.502 0.008 0.858
Caste: General Caste 0.072 0.070 -0.001 0.933
Religion: Hindu 0.897 0.909 0.012 0.668
Religion: Muslim 0.074 0.055 -0.018 0.369
Religion: Christian 0.034 0.036 0.006 0.762

Highest Education Level
Middle school(6-8 class) 0.063 0.046 -0.017 0.423
Lower secondary(9-10 class) 0.359 0.364 0.005 0.901
Higher secondary (11 TO 12 CLASS) 0.490 0.502 0.012 0.777
Tertiary education (Undergraduate & above) 0.088 0.088 -0.000 0.994
Qualified Secondary Level 0.917 0.935 0.018 0.514
Qualified Higher Secondary 0.565 0.572 0.008 0.881

Socio-economic Background
Household head relationship (father) 0.839 0.804 -0.034 0.086
Household head relationship (mother) 0.078 0.080 0.002 0.900
Household head relationship (others) 0.084 0.116 0.033 0.054
Earning members (1-2) 0.916 0.885 -0.032 0.032
Earning members (3 or more) 0.084 0.115 0.032 0.032
Household earning (15000 or more) 0.147 0.198 0.051 0.026
Household earning (5000 or less ) 0.298 0.235 -0.064 0.036
Household earning (5001-9000 ) 0.225 0.230 0.005 0.843
Household earning (9001-15000 ) 0.330 0.338 0.008 0.763
Household members (2 or less) 0.063 0.050 -0.013 0.248
Household members (3-5) 0.557 0.572 0.015 0.620
Household members (6 or more) 0.380 0.378 -0.003 0.931

Observations 1183 980
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Table 7.1: Balance table (cont’d) [Part 2 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

House type: Kutcha house 0.505 0.507 0.002 0.951
House type: Semi pucca house 0.198 0.213 0.015 0.488
House type: Pucca house (IAY) 0.103 0.081 -0.023 0.174
House type: Pucca house (Non IAY) 0.194 0.199 0.005 0.873
House ownership: Own house 0.994 0.994 -0.000 0.947
Family arrangement: Joint household 0.059 0.078 0.018 0.135
Household has agriculture land 0.598 0.674 0.076 0.130
Household registered as below poverty line 0.796 0.772 -0.024 0.373
Household registered with health insurance 0.387 0.365 -0.022 0.557
Household registered in self-help group 0.751 0.755 0.004 0.913
Household worked in public works scheme 0.251 0.233 -0.018 0.519
Internet use 0.520 0.524 0.024 0.710
Ever migrated out of state (self) 0.123 0.137 0.013 0.593
Ever migrated out of state (relatives) 0.507 0.524 0.017 0.696
Difficulty to family during training 9.096 11.806 2.711 0.098
Difficulty to family during job 13.516 15.704 2.188 0.291

Non-cognitive Skills
Big 5 Extraversion Test (1 to 5) 3.290 3.289 -0.001 0.975
Big 5 Agreeableness Test (1 to 5) 3.749 3.774 0.025 0.429
Big 5 Conscientiousness Test (1 to 5) 3.824 3.908 0.084 0.046
Big 5 Neuroticism Test (1 to 5) 2.440 2.420 -0.020 0.742
Big 5 Openness Test (1 to 5) 3.904 3.996 0.092 0.051
Grit Test (1 to 5) 3.390 3.449 0.059 0.225
Attitude & self-esteem Test (1 to 4) 28.986 29.221 0.236 0.336
Life goal Test(1 to 4) 2.152 2.138 -0.014 0.501

Observations 1183 980

Notes: Difficulty refers to: Difficulty to the family while the respondent is staying outside of the home
during the training and if the respondent works out of state for 12 months. Both these questions are
scored on a scale of 0% to 100%, where 0% implies the least difficulty and 100% corresponds to maximum
difficulty.
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Table 7.1: Balance table (end) [Part 3 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

Earnings (Indian Rupees)
Earnings before training 536 625 89 0.529
Expected earnings without training (current) 605 872 267 0.132
Expected earning without training (in one year) 1660 1863 204 0.603
Expected minimum salary after training 8932 9169 237 0.453
Expected average salary after training 11092 11430 338 0.386
Expected earning in one year after training 12705 12513 -192 0.775
Preferred earning in one year after training 16600 16174 -426 0.660

Likelihood (0% to 100%)
Likelihood of training completion 95.106 94.439 -0.667 0.317
Training usefulness 93.356 93.000 -0.356 0.648
Training satisfaction 94.742 94.510 -0.232 0.716
Likelihood of job offer 89.806 89.531 -0.275 0.816
Likelihood of job offer outside state 78.360 79.204 0.844 0.677
Likelihood of accepting job in state 84.624 84.306 -0.318 0.848
Likelihood of retention in job in state 83.593 83.092 -0.501 0.765
Likelihood of accepting job out of state 82.392 82.286 -0.107 0.958
Likelihood of retention in job out of state 81.809 80.939 -0.870 0.673

Observations 1183 980

Notes: Variable definitions are provided in Table 5.7. Columns [1] and [2] report the control group and
the treatment group mean values respectively. Estimates of the coefficient for the treatment dummy in the
regression of the variable from Equation 1 are in column [3]. All the regressions control for strata fixed effects
and standard errors are clustered at the batch level. Column [4] reports the p-value for the test of no treatment
effect. Total number of observations is 2163 (see Table 6.1).
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the samples are from Other Backward Class, there is a difference of 3-4 percentage

points in the proportion of trainees from Scheduled Tribe and Scheduled Caste

categories. The difference is, however, not statistically significant (p-value is 0.558

and 0.317 respectively).

The control and treatment group trainees are very similar in terms of ed-

ucational attainment. For instance, 8.8% of individuals from both the samples have

achieved tertiary level (undergraduate degree/diploma/post-graduate degree) of

education, and around 50% individuals have attained higher secondary level (11 to

12 class) of formal education. Around 36% of the remaining respondents in both

the control and treatment group is educated till secondary level (class 9-10).

In regards to the socio-economic background, certain indicators are some-

what statistically different in the control and treatment group, nonetheless, the

magnitude of the difference is quite small. Around 84% of control group trainees

live in a male-headed household (MHH) as against 80.4% trainees from the treat-

ment group. Another indicator where one can see some difference between the

control and treatment group is in the number of earning members in the house-

hold. While the majority of respondents from both the groups have one to two

earning members in the household, the treatment group (88.5%) has 3 percentage

points fewer respondents than the control group (91.6%). Conversely, the treat-

ment group (11.5%) has 3 percentage points more respondents with three or more

earning members in the household than the control group (8.4%). Around more

than half (55%) of both the samples have their monthly household earnings in the

range of 5,000-15,000 INR. However, as compared to the control group, the treat-

ment group has 5 percentage points more respondents with monthly earnings of

more than 15000 INR, and 6 percentage points fewer respondents with monthly

earnings less than 5000 INR.66 One might argue that trainees from relatively richer

66In multiple hypothesis testing, we expect, in general, to observe some rejection of the null.

172



families could be more equipped and therefore more likely to have better train-

ing outcomes. While this is unlikely to affect the outcomes of the study, given the

small magnitude of difference, it remains a possibility. All the other socio-economic

indicators are statistically similar in the treatment and control groups.

Regarding the non-cognitive skills, Table 7.1 shows no significant differ-

ence between the two experiment arms. The average score in almost all the non-

cognitive indicators is the same in the control and treatment arm. The average

score for Agreeableness, Conscientiousness, and Openness is close to 4 and that

for Neuroticism is 2.4 in both groups. The average score for Grit is 3.4, which is

suggestive that trainees are as much resolute in the control batches as they are in

the treatment batches. The total score for the attitude and self-esteem test is 29, and

that of the life goal test is 2.1, irrespective of the respondent being in the control or

treatment arm.67

The control and the treatment group is similar in terms of their earnings

before enrolment in the training program (p-value = 0.53), as well as in terms of

the outside options without the training.68 The expected or the preferred earnings

is also statistical similar in the control and the treatment group trainees. The story

remains coherent in regards to all the likelihood measures. In summary, the balance

tests suggest that the randomisation was effective.

The cohort of 2163 trainees who were interviewed at the baseline was

followed in the midline and two endline surveys. As explained in Table 6.1, survey

attrition at the midline is 25%,69 but we were able to reach 95-96% of the original

sample at both the endlines.70 It is, therefore, essential to examine if the survey

attrition is correlated with the treatment status.
67Section 6.2.4 elaborates the computation of the average scores.
68p-value = 0.13 for current earnings and p-value=0.60 for earnings after one year in the absence

of training.
69Those present at the training centres on the day of the survey.
70The endline surveys were carried out over the phone.
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Table 7.2 presents the attrition rates for each survey wave and the p-value

associated with the test of no difference between the treated and control batches.

The test results show that attrition rates in all the survey rounds are similar across

the two groups.

Table 7.2: Survey attrition by treatment status

Attrition Attrition Attrition
Midline First Endline Second Endline

[1] [2] [3]

Treatment -0.010 -0.006 -0.012
(0.025) (0.007) (0.007)

Control Mean 0.259 0.037 0.046
p-value 0.675 0.438 0.097

Notes: Attrition is a dummy variable that is one if the respondent is not surveyed in a
survey round and zero otherwise. Columns [1]: Shows the attrition at the midline. Col-
umn[2] and [3] shows the attrition in the first and second endline surveys. The coefficient
on ’Treatment’ is obtained from the regression of the attrition dummy on the treatment
dummy (which is one if the respondent is from a treatment batch and zero otherwise).
All the regressions control for the full set of baseline characteristics as well as strata fixed
effects. The standard errors (in parentheses) are clustered at the batch level. The p-value
is associated with the test of no effect of treatment on survey attrition. Total number of
observations used for calculating survey attrition is 2163 (see Table 6.1).
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7.3 Regression results

This section reports the treatment effects on the outcomes of interest. As explained

in section 5.5, the outcomes are categorised into two groups; Main Outcomes, and

Intermediary Outcomes. The main outcomes are measured in the endline surveys

and the intermediary outcomes during the midline surveys. The treatment effects

are estimated using Equation 2.

yi = βTb(i) + αXi + δs(i) + ϵi (2)

where, yi are the outcomes mentioned in section 5.5. If a batch b is in

treatment group then Tb = 1 and zero otherwise. An individual i in batch b(i),

belongs to a randomisation stratum s(i), and has a vector of characteristics X(i)

(control variables measured at the baseline). Standard errors are clustered at the

batch level.71

7.3.1 Main outcomes

The main outcomes of this study are :

• Dropout during training – Training dropout is captured in the first endline

survey round.72 The variable is a binary indicator, that takes a value of 1 if

the trainee dropped out of the training before completion and 0 otherwise (if

they completed the training).

• Placement in PIA jobs (conditional on training completion) – Job placement

is a binary variable, that takes a value of 1 if the trainee was placed in a

71Unit of randomisation is a training batch.
72The first endline survey was conducted two months after training completion.
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DDUGKY job (arranged by the PIA) and 0 otherwise. This is conditional on

training completion, and is measured at the first endline.

• Retention in PIA jobs (conditional on placement) – The third main outcome

of the study is retention in PIA jobs, conditional on job placement. Job reten-

tion is 1 for those who were still in PIA jobs and 0 otherwise, as measured

in the second endline surveys that was conducted five months after training

completion.

• Retention in PIA jobs (unconditional) – The fourth and final outcome of

this study is the unconditional retention in PIA jobs. Unconditional job re-

tention is coded similar to conditional job retention, but, defined for all those

surveyed at the second endline.

Table 7.3 presents the estimated effects of the treatment on the main out-

comes. The results in Panel A and panel B show that the treatment did not signifi-

cantly change the probability of training dropout and job placement.

Panel C presents the treatment effects on the probability of staying in the

placement jobs for at least five months after training completion. The probability

is estimated to be 11-13 percentage points more in the treated group as compared

to 62% in the control group, an increase of nearly 20%. The results are significant

at the 5% level.

Panel D shows the estimates for the treatment effect on unconditional job

retention. The unconditional probability of being in a PIA job for at least five

months after course completion is around 5 percentage points more in the treated

batches than the control batches.73 However, the difference is not statistically sig-

nificant at the 10% level.
73This is equivalent to an increase of 20% in the treatment batches.
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To summarise the effects of the informational intervention sessions on the

main outcomes of this study, it did not change the training dropout or job place-

ment rates. However, conditional on being placed in a DDUGKY job after training

completion, the intervention significantly increases the probability of staying in

those jobs.
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Table 7.3: Results: Main outcomes

No controls + Demographic + Education + Household + Non-cognitive + Expectations
Characteristics Level Characteristics Skills

[1] [2] [3] [4] [5] [6]

Panel A: Training Dropout
Treatment 0.000 0.004 0.005 -0.001 0.002 -0.000

(0.021) (0.020) (0.021) (0.020) (0.020) (0.020)
Observations 2089 2089 2089 2089 2089 2089
Control Mean 0.136 0.136 0.136 0.136 0.136 0.136
Sample All All All All All All

Panel B: Placement in PIA Jobs (conditional on training completion)
Treatment 0.009 0.010 0.010 0.013 0.014 0.010

(0.051) (0.052) (0.052) (0.050) (0.050) (0.050)
Observations 1799 1799 1799 1799 1799 1799
Control Mean 0.493 0.493 0.493 0.493 0.493 0.493
Sample Trained Trained Trained Trained Trained Trained

Panel C: Retention in PIA Jobs (conditional on placement)
Treatment 0.115** 0.130** 0.129** 0.133** 0.137** 0.130**

(0.053) (0.050) (0.050) (0.051) (0.052) (0.051)
Observations 890 890 890 890 890 890
Control Mean 0.624 0.624 0.624 0.624 0.624 0.624
Sample Placed Placed Placed Placed Placed Placed

Panel D: Retention in PIA Jobs (unconditional)
Treatment 0.050 0.050 0.050 0.056 0.057 0.053

(0.041) (0.041) (0.041) (0.040) (0.041) (0.040)
Observations 2070 2070 2070 2070 2070 2070
Control Mean 0.266 0.266 0.266 0.266 0.266 0.266
Sample All All All All All All

Notes: This table shows the effect of the intervention on the main outcomes of the study. Columns [1]: Shows the regression
results on the treatment dummy without any control variables. Column[2] to [4]: Shows the regression results progressively
adding the baseline characteristics (individual demographic characteristics, education level, household characteristics, non-
cognitive skills, and baseline expectations). See Table 5.7 for the variables captured in the baseline surveys. All the specifications
control for strata fixed effects and standard errors (in parentheses) are clustered at the batch level. * p<0.10, ** p<0.05, ***
p<0.01”.
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7.3.2 Expectations

Table 7.4 shows the results for the balance tests using Equation 1, for the respon-

dents surveyed at the midline.74 Column[1] and [2] in Table 7.4 shows the mean

value of the sample characteristics for the control group and treatment group re-

spondents at the midline. Column [3] shows the difference in the mean values (β

from Equation 1), and column [4] reports the associated p-values for the test. The

test results suggest that, overall, the characteristics of the sample of respondents

surveyed at the midline are similar in the treatment and control groups.

Table 7.5 and 7.6 reports the treatment effects on the intermediary out-

comes from Equation 2.75 Panel A in Table 7.5 shows the coefficient of the treat-

ment effect on the expected salary after training is negative, which suggests that

treatment has the potential to decrease the immediate expectations towards a more

realistic return. However, the magnitude of the effect is small (148 INR or 2 USD

), and lacks statistical power to draw a conclusive inference. Panel B and Panel C

show that the treatment did not significantly change the long term expected and

preferred earnings. However, the positive coefficient for the expected and pre-

ferred earnings indicates that treated individuals are likely to have higher long

term expectations compared to the control group individuals, probably because of

the motivation induced by the treatment.

Table 7.6 shows that treated individuals are more likely to complete the

training (Panel A). Panel F and Panel G show that treated individuals are less likely

to accept and stay in jobs inside their native state. The findings are in line with what

we expect given the treated individuals are better informed that most job oppor-

tunities after training are located in other states states and therefore updated their

willingness to take up jobs inside their native states accordingly. However, Panel H

74see Table 6.1 for the number of respondents surveyed in each survey wave.
75see Table 5.8 for the variables captured in the midline surveys.
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and Panel I shows that the treatment did not affect the likelihood of acceptance and

retention in jobs that are outside of their native states. This might be because the

trainees, irrespective of their treatment status, are equally likely to take-up these

jobs.
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Table 7.4: Balance table at midline [Part 1 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

Demographic Characteristics
Female 0.546 0.548 0.001 0.989
Age 19.823 19.577 -0.246 0.153
Married 0.079 0.091 0.012 0.502
Caste: Schedule Caste 0.302 0.266 -0.036 0.397
Caste: Schedule Tribe 0.141 0.171 0.030 0.585
Caste: Other Backward Class 0.487 0.495 0.008 0.870
Caste: General 0.070 0.068 -0.002 0.925
Religion: Hindu 0.911 0.920 0.009 0.739
Religion: Muslim 0.056 0.049 -0.007 0.702
Religion: Christian 0.033 0.031 -0.002 0.924

Highest Education Level
Middle school(6-8 class) 0.056 0.046 -0.010 0.663
Lower secondary(9-10 class) 0.347 0.372 0.026 0.532
Higher secondary (11 TO 12 CLASS) 0.512 0.500 -0.012 0.779
Tertiary education (Undergraduate & above) 0.086 0.082 -0.004 0.836
Qualified Secondary Level 0.925 0.932 0.007 0.793
Qualified Higher Secondary 0.583 0.561 -0.022 0.680

Socio-economic Background
Household head relationship (father) 0.847 0.810 -0.037 0.091
Household head relationship (mother) 0.087 0.087 0.000 0.987
Household head relationship (others) 0.066 0.103 0.037 0.025
Earning members (1-2) 0.917 0.891 -0.025 0.102
Earning members (3 or more) 0.083 0.109 0.025 0.102
Household earning (15000 or more) 0.141 0.196 0.054 0.026
Household earning (5000 or less ) 0.301 0.234 -0.067 0.027
Household earning (5001-9000 ) 0.226 0.234 0.008 0.762
Household earning (9001-15000 ) 0.332 0.337 0.005 0.859
Household members (2 or less) 0.058 0.046 -0.012 0.265
Household members (3-5) 0.561 0.582 0.021 0.546
Household members (6 or more) 0.381 0.372 -0.009 0.806

Observations 877 736
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Table 7.4: Balance table at midline (cont’d) [Part 2 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

House type: Kutcha house 0.494 0.512 0.018 0.666
House type: Semi pucca house 0.206 0.219 0.012 0.632
House type: Pucca house (IAY) 0.105 0.086 -0.019 0.299
House type: Pucca house (Non IAY) 0.195 0.183 -0.012 0.692
House ownership: Own house 0.998 0.992 -0.006 0.086
Family arrangement: Joint household 0.060 0.079 0.018 0.181
Household has agriculture land 0.600 0.683 0.084 0.108
Household registered as below poverty line 0.784 0.776 -0.009 0.770
Household registered with health insurance 0.391 0.371 -0.020 0.633
Household registered in self-help group 0.751 0.754 0.003 0.937
Household worked in public works scheme 0.263 0.253 -0.011 0.751
Internet use 0.493 0.505 0.013 0.840
Ever migrated out of state (self) 0.122 0.137 0.015 0.562
Ever migrated out of state (relatives) 0.534 0.507 -0.027 0.561
Difficulty to family during training 9.350 11.440 2.090 0.232
Difficulty to family during job 13.888 15.258 1.370 0.535

Non-cognitive Skills
Big 5 Extraversion Test (1 to 5) 3.296 3.299 0.003 0.945
Big 5 Agreeableness Test (1 to 5) 3.783 3.767 -0.015 0.668
Big 5 Conscientiousness Test (1 to 5) 3.838 3.918 0.080 0.056
Big 5 Neuroticism Test (1 to 5) 2.430 2.413 -0.018 0.783
Big 5 Openness Test (1 to 5) 3.921 4.011 0.090 0.074
Grit Test (1 to 5) 3.394 3.439 0.046 0.380
ASE Test (1 to 4) 29.116 29.175 0.059 0.826
Life goal Test(1 to 4) 2.139 2.137 -0.002 0.920

Observations 877 736

Notes: Difficulty refers to: Difficulty to the family while the respondent is staying outside of the home
during the training and if the respondent works out of state for 12 months. Both these questions are
scored on a scale of 0% to 100%, where 0% implies the least difficulty and 100% corresponds to maximum
difficulty.

182



Table 7.4: Balance table at midline (end) [Part 3 of 3]

Baseline Indicators Control Treatment Diff p-value
Mean Mean [2]-[1]

[1] [2] [3] [4]

Earnings (Indian Rupees)
Earning before training 511.859 624.049 112.190 0.422
Current earning without training 548.821 898.808 349.987 0.060
Earning in one year without training 1486.545 1875.136 388.591 0.291
Expected minimum salary after training 8906.043 9147.418 241.375 0.430
Expected average salary after training 11032.896 11398.030 365.134 0.336
Expected earning in one year after training 12696.123 12484.239 -211.884 0.744
Preferred earning in one year after training 16500.570 16089.810 -410.760 0.657

Likelihood (0% to 100%)
Likelihood of training completion 95.177 94.905 -0.272 0.683
Training usefulness 93.535 93.886 0.351 0.682
Training satisfaction 94.937 95.109 0.171 0.805
Likelihood of job offer 90.262 90.380 0.118 0.919
Likelihood of job offer outside state 78.962 79.348 0.385 0.866
Likelihood of accepting job inside state 84.721 84.647 -0.074 0.969
Likelihood of retention in job inside state 83.204 83.533 0.329 0.861
Likelihood of accepting job outside state 82.520 83.111 0.591 0.793
Likelihood of retention in job outside state 81.950 81.726 -0.224 0.919

Observations 877 736

Notes: Variable definitions are provided in Table 5.7. Columns [1] and [2] report the control group and
the treatment group mean values respectively. Estimates of the coefficient for the treatment dummy in the
regression of the variable from Equation 1 are in column [3]. All the regressions control for strata fixed
effects and standard errors are clustered at the batch level. Column [4] reports the p-value for the test of no
treatment effect. Total number of observations is 1613 (see Table 6.1).
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Table 7.5: Results: Expected earnings

No controls + Demographic + Education + Household + Non-cognitive + Expectations
Characteristics Level Characteristics Skills

[1] [2] [3] [4] [5] [6]

Panel A: Expected Salary after Training (Indian Rupees/INR)

Treatment -117.497 -98.702 -105.825 -99.284 -111.468 -147.559
(307.609) (304.763) (302.877) (295.728) (292.880) (256.256)

Control Mean 11334.025 11334.025 11334.025 11334.025 11334.025 11334.025

Panel B: Expected Earning in One Year (INR)

Treatment 583.698 633.653 615.913 615.984 602.303 579.065
(545.373) (525.500) (512.836) (503.539) (509.065) (472.749)

Control Mean 14615.507 14615.507 14615.507 14615.507 14615.507 14615.507

PanelC: Preferred Earning in One Year (INR)

Treatment 844.873 900.324 891.669 866.664 854.351 897.033
(607.214) (595.888) (588.859) (591.288) (589.252) (544.484)

Control Mean 18184.493 18184.493 18184.493 18184.493 18184.493 18184.493

Notes: The dependent variables are captured at midline survey. See Table 5.8 for the variable definitions. Total number of observations
used is 1613 (see Table 6.1 for the number of respondents surveyed in each survey wave). Panel A: Expected average salary in the
jobs offered at the end of training (in Indian rupees). Panel B: Expected earnings after 12 months of training completion (in Indian
rupees). Panel C: Preferred earnings after 12 months of training completion (in Indian rupees). Columns [1]: Shows the regression
results on the treatment dummy without any control variables. Column[2] to [4]: Shows the regression results progressively adding
the baseline characteristics (individual demographic characteristics, education level, household characteristics, non-cognitive skills, and
baseline expectations). All the specifications control for strata fixed effects and standard errors (in parentheses) are clustered at the batch
level. * p<0.10, ** p<0.05, *** p<0.01”.
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Table 7.6: Results: Likelihood [Part 1 of 2]

No controls + Demographic + Education + Household + Non-cognitive + Expectations
Characteristics Level Characteristics Skills

[1] [2] [3] [4] [5] [6]

Panel A: Training Completion
Treatment 0.056 0.056 0.053 0.053 0.05 0.057*

(0.04) (0.037) (0.036) (0.034) (0.034) (0.034)
Control Mean 9.801 9.801 9.801 9.801 9.801 9.801

Panel B: Training Usefulness
Treatment 0.007 0.002 0.002 0.008 0.006 0.027

(0.087) (0.083) (0.084) (0.081) (0.081) (0.076)
Control Mean 9.452 9.452 9.452 9.452 9.452 9.452

Panel C: Training Satisfaction
Treatment 0.073 0.066 0.067 0.074 0.068 0.088

(0.077) (0.074) (0.075) (0.072) (0.072) (0.068)
Control Mean 9.507 9.507 9.507 9.507 9.507 9.507

Panel D: Job Offer
Treatment 0.007 0.008 0.011 0.018 0.004 0.016

(0.101) (0.099) (0.101) (0.096) (0.096) (0.096)
Control Mean 9.410 9.410 9.410 9.410 9.410 9.410

Panel E: Job Offer Out of State
Treatment -0.032 -0.021 -0.017 -0.006 -0.004 0.019

(0.153) (0.156) (0.155) (0.157) (0.160) (0.159)
Control Mean 8.857 8.857 8.857 8.857 8.857 8.857
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Table 7.6: Results: Likelihood (end) [Part 2 of 2]

No controls + Demographic + Education + Household + Non-cognitive + Expectations
Characteristics Level Characteristics Skills

[1] [2] [3] [4] [5] [6]

Panel F: Accept Job Inside State
Treatment -0.265 -0.311* -0.312* -0.297* -0.305* -0.317*

(0.215) (0.197) (0.196) (0.192) (0.191) (0.192)
Control Mean 8.548 8.548 8.548 8.548 8.548 8.548

Panel G: Stay in Inside State Jobs for One Year
Treatment -0.343 -0.378* -0.376* -0.345* -0.332* -0.350*

(0.213) (0.210) (0.198) (0.196) (0.191) (0.191)
Control Mean 8.501 8.501 8.501 8.501 8.501 8.501

Panel H: Accept Job Outside State
Treatment -0.023 0.008 0.018 0.053 0.05 0.069

(0.179) (0.182) (0.185) (0.177) (0.178) (0.180)
Control Mean 8.730 8.730 8.730 8.730 8.730 8.730

Panel I: Stay in Outside State Jobs for One Year
Treatment -0.166 -0.13 -0.118 -0.089 -0.091 -0.082

(0.182) (0.181) (0.183) (0.179) (0.181) (0.182)
Control Mean 8.618 8.618 8.618 8.618 8.618 8.618

Notes: The dependent variables are captured at midline survey. See Table 5.8 for the variable definitions. Likelihood is expressed as range
from 0 (0%) to 10 (100%). Total number of observations used is 1613 (see Table 6.1 for the number of respondents surveyed in each survey
wave). Panel A: Likelihood of training completion. Panel B: Degree to which the training is useful. Panel C: Degree to which the trainees
are satisfied with the training. Panel D: Likelihood of getting a job after training. Panel E: Likelihood of getting a job outside of state after
training. Panel F: Likelihood of accepting a job in the state. Panel G: Likelihood of staying at least 12 months in a job in the state after
accepting it. Panel H: Likelihood of accepting a job outside the state. Panel I: Likelihood of staying at least 12 months in a job outside
the state after accepting it. Columns [1]: Shows the regression results on the treatment dummy without any control variables. Column[2]
to [4]: Shows the regression results progressively adding the baseline characteristics (individual demographic characteristics, education
level, household characteristics, non-cognitive skills, and baseline expectations). All the specifications control for strata fixed effects and
standard errors (in parentheses) are clustered at the batch level. * p<0.10, ** p<0.05, *** p<0.01”.
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7.4 Differential treatment effects

This section examines the treatment effects on different trainee sub-groups. Trainees

from disadvantaged groups (women, scheduled caste/scheduled tribes and those

with less education) might have low employment options outside the program.

Providing such trainees with information on the prospective jobs can have two

kinds of effects. First, trainees from certain disadvantaged backgrounds might be

much reliant on the training to provide them with suitable jobs, and hence are less

likely to drop out of the training and more likely to take up and stay in the place-

ment jobs, with or without treatment. Another expected pathway could be, that

trainees from disadvantaged backgrounds might face more information friction re-

garding economic returns to the training. Providing information on the actual jobs

might reduce training dropout and improve job placement and retention among

such groups.

On the other hand, trainees with higher expected returns on training may

be more likely to be disappointed after knowing the realistic job prospects elabo-

rated during the intervention, which might increase the training dropout. Thus, I

expect the treatment to increase dropout among respondents with higher expecta-

tions. However, those who continue training would probably have their expecta-

tions better aligned with the actual returns, and therefore the treatment is expected

to improve job placement and job retention.

In line with this discussion, the treatment effect on the main outcomes are

analysed on the following dimensions:

• Gender - Female vs Male.

• Caste - Lower Caste (scheduled caste/scheduled tribe) vs Higher Caste (gen-

eral caste/other backward class) .
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• Education - Less Education (below higher secondary, 12th standard ) vs More

Education (12th standard and above).

• Expectation - Low Expectations (baseline salary expectations is below the me-

dian salary earned by the trainees of the same batch after training) vs High

Expectations (baseline salary expectations is below the median salary earned

by the trainees of the same batch after training).

Panel A in Table 7.7 shows that, in the absence of any treatment, com-

pared to males, female trainees are less likely to drop out (11.6% vs 15.8%) and

much more likely to be placed in PIA jobs (60% vs 36.5%) and stay in the place-

ment jobs (74.4% vs 39%). This is probably because DDUGKY provides formal

job opportunities that are rarely available to rural women (Chatterjee et al., 2015).

There is clear evidence that treatment effects differ by gender. However, the esti-

mated effects are not significant for females. In contrast, the treatment has a large

and positive effect on job placements and job retention among males. Probability

of being placed in a PIA job increases from 36.5% to 48%, and for job retention

the probability increases by 46% (from 39% to 57%). A possible explanation is that

the mismatch between trainees’ expectations and the placement jobs is more of an

issue for men, because they have a broader range of outside options than women.

Panel B discusses the differential treatment effects by caste. On average, as

compared to the trainees from higher caste (general caste/other backward caste),

trainees from disadvantaged background (scheduled caste/scheduled tribe) are

more likely to be placed in PIA jobs after training (57% vs 44%), and also to stay

in those jobs (67% vs 58%). Although the treatment effect is not statistically sig-

nificant in the dimension of caste, but tends to improve job retention among lower

caste trainees (15 percentage points) more compared to the higher caste trainees (6

percentage points).
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Table 7.7: Heterogeneity of treatment effects [Part 1 of 2]

Training Placement Retention Retention
Dropout in PIA Jobs in PIA Jobs in PIA Jobs

(conditional) (unconditional)

[1] [2] [3] [4]

Panel A: Gender
Treatment * Female -0.013 -0.081 0.039 0.003

(0.026) (0.066) (0.050) (0.053)
Treatment * Male -0.002 0.115 0.179 0.105

(0.030) (0.066) (0.107) (0.057)

p-value Treatment Female 0.619 0.221 0.446 0.956
p-value Treatment Male 0.664 0.220 0.042 0.054
p-value Difference 0.508 0.081 0.129 0.171

Observations 2089 1799 890 2070
Control Mean Female 0.116 0.602 0.744 0.460
Control Mean Male 0.158 0.365 0.390 0.185

Panel B: Caste
Treatment * Lower Caste -0.017 -0.024 0.150 0.076

(0.030) (0.056) (0.071) (0.063)
Treatment * Higher Caste -0.004 -0.016 0.060 0.038

(0.030) (0.049) (0.067) (0.043)

p-value Treatment Lower Caste 0.867 0.653 0.013 0.214
p-value Treatment Higher Caste 0.896 0.987 0.215 0.319
p-value Difference 0.833 0.591 0.211 0.525

Observations 2089 1799 890 2070
Control Mean Lower Caste 0.137 0.567 0.669 0.380
Control Mean Higher Caste 0.136 0.437 0.579 0.291

Notes: This table shows the effect of the intervention on the main outcomes of the study. The dependent
variables are all binary and explained in section 7.3.1. ”Lower Caste” is a dummy variable equal to one if the
respondent is either a Scheduled Caste or Scheduled Tribe, and ”Higher caste” is a dummy that takes a value
of one if the respondent is from Other Backward Class or General Caste. All Columns [1]: Shows the training
dropout, i.e if the trainee dropped out before training completion. Column [2]: The trainee was placed in a
PIA job conditional on training completion. Column [3]: The trainee was still in a PIA job after five months of
training completion conditional on training completion and being placed in a PIA job. Column [4]: The trainee
was still in a PIA job after five months, defined for all those surveyed in the second endline survey round. All
the regressions control for the full set of baseline characteristics as well as strata fixed effects. The standard
errors (in parentheses) are clustered at the batch level. The reported p-value is for the test of no treatment effect.
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Table 7.7: Heterogeneity of treatment effects (end) [Part 1 of 2]

Training Placement Retention Retention
Dropout in PIA Jobs in PIA Jobs in PIA Jobs

(conditional) (unconditional)

[1] [2] [3] [4]

Panel C: Education
Treatment * Less Educated -0.058 -0.035 0.129 0.070

(0.034) (0.050) (0.061) (0.052)
Treatment * More Educated 0.050 -0.024 0.090 0.048

(0.021) (0.050) (0.068) (0.043)

p-value Treatment Less Edu. 0.065 0.819 0.035 0.256
p-value Treatment More Edu. 0.021 0.928 0.196 0.297
p-value Difference 0.002 0.747 0.590 0.724

Observations 2089 1799 890 2070
Control Mean Less Edu. 0.183 0.573 0.664 0.379
Control Mean More Edu. 0.101 0.437 0.587 0.293

Panel D: Salary Expectations
Treatment * Low Expectations -0.043 0.016 0.197 0.071

(0.033) (0.097) (0.167) (0.094)
Treatment * High Expectations 0.002 -0.023 0.092 0.051

(0.025) (0.044) (0.051) (0.042)

p-value Treatment Low Exp. 0.207 0.842 0.242 0.452
p-value Treatment High Exp. 0.821 0.993 0.035 0.251
p-value Difference 0.215 0.834 0.557 0.792

Observations 2089 1799 890 2070
Control Mean Low Exp. 0.115 0.358 0.500 0.254
Control Mean High Exp. 0.140 0.519 0.641 0.344

Notes: This table shows the effect of the intervention on the main outcomes of the study. The dependent
variables are all binary and explained in section 7.3.1. ”Less Educated” is a dummy variable equal to one if
the respondent’s qualification is below 12th class (higher secondary level), and ”Higher Educated” is one for
respondents who passed 12th class or above (undergraduate degree/diploma/post-graduate degree). ”Low
Expectations” denotes trainees whose baseline salary expectations is below the median salary earned by the
trainees of the same batch after training, and ”High Expectations” denotes trainees whose baseline salary
expectations is more than the median salary earned by the trainees of the same batch after training. All the
regressions control for the full set of baseline characteristics as well as strata fixed effects. The standard errors
(in parentheses) are clustered at the batch level. The reported p-value is for the test of no treatment effect.
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Panel C deals with the differential treatment effect based on the dimension

of education of the trainees. Without treatment (in the control group), less educated

trainees (those below higher secondary) are more likely to take up the placement

jobs (57% vs 43%) and retain in the placement jobs (66% vs 58%) as compared

to those with relatively higher education. This is consistent as jobs available are

mostly semi-skilled. However, the less educated trainees are almost twice as much

likely to dropout of training compared to the more educated ones (18% vs 10%),

which is probably because the less educated trainees may face more learning dif-

ficulties during the course. It is interesting to see that, treatment reduces dropout

among the less educated trainees (by around 6 percentage points) and increases

dropout among the more educated trainees (by almost the same magnitude). Both

the effects are statistically strong. This is indicative that treatment potentially im-

proves targeting of the training scheme to the more disadvantaged groups. Further,

the treatment was found to improve job retention among the less educated trainees

by 13 percentage points (an increase of nearly 20% over the control mean). No

effect was identified regarding job placements in either group.

Panel D reports the treatment effects in terms of expected placement salary

at baseline. As expected, without treatment, trainees with higher expectations are

more likely to drop out (14% vs 11.5%) from the training. Also, over-pessimistic

trainees are less likely to accept jobs than their over-optimistic counterparts (36% vs

52%) in the control group. There is some evidence that treatment reduces training

dropout (by 4.3 percentage points) and improve job retention (by around 20 per-

centage points) among trainees with low expectations. The effects seem to improve

the targeting of the training scheme in the desired direction, but the results lack

statistical power to draw a conclusive inference.

191



7.5 Summary

This chapter provides a detailed discussion on the estimated effects of treatment

on the outcomes of interest. The outcomes are categorised into two groups: Main

Outcomes, and Intermediary Outcomes. The main outcomes are measured in the

two endline surveys and the intermediary outcomes are measured at the midline.

The four main outcomes of the study are training dropout, placement in PIA jobs

conditional on training completion, retention in the placement jobs for at least five

months after training completion conditional on placement, and unconditional job

retention for at least five months in PIA jobs. The intermediary outcomes are ex-

pected earnings after training completion, and the expected and preferred earnings

after 12 months of training completion. The likelihood of training completion, job

offer, and the likelihood of accepting and staying in the placement jobs inside and

outside of the native state also comprises the intermediary outcomes.

Balance tests were carried out to examine if the randomisation has worked,

and that the treatment and control group individuals were similar, before the ex-

periment. The test results suggest that most of the baseline characteristics of the

control group trainees are statistically similar to the treatment group trainees. Sur-

vey attrition in all subsequent survey rounds was also balanced across the treat-

ment and control groups.

Treatment effect on the main outcomes: conditional on job placement, the

treatment significantly improved the probability of job retention for at least five

months after training completion. The informational intervention, however, did

not change the likelihood of training completion or job placements, for the overall

sample.

The treatment effects were also estimated on four dimensions of hetero-

geneity: gender, caste, education, and expected salary in jobs after training com-
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pletion. The findings can be summarised as follows:

• The likelihood of training completion and job retention significantly increased

among the less educated youths.

• Job retention improved among marginalised communities (scheduled caste

and scheduled tribe trainees).

• The intervention improved training completion and job retention among those

with low expected earnings.

• Females had a high probability of training completion and job placement/retention

even without the intervention, and the treatment was not identified to im-

prove these outcomes any further among them. However, the intervention

had a large and positive effect on job placements and retention for males.

Overall, the analysis provides evidence that the treatment has the poten-

tial to improve the effectiveness of the training scheme in terms of improved job

retention. Also, there is evidence to suggest that the treatment has stronger effects

for certain sub-population of trainees.
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8 Conclusion and implications

8.1 Study summary

Youth unemployment and underemployment are crucial issues in India, as it is in

many developing countries. A weak institutional capacity to provide education,

poor skill levels & lack of vocational training are often the most important reasons

that contribute to the problem, and more so in context of rural sectors. A na-

tional level survey in 2012 showed that the coverage of formal vocational training

is merely around 2% across India and is especially poor in the rural sectors.76 Com-

pared to the urban youth, rural youth are also more likely to face a skills gap as

well as more information friction regarding formal salaried jobs, which are almost

always located in the urban sectors.

To improve the employability of poor youth from the rural sectors, the

Ministry of Rural Development (MoRD), Government of India, launched a job

linked national vocational training program, Deen Dayal Upadhyay Grameen Kaushal

Yojana (DDUGKY) in 2014. DDUGKY targets poor rural youth between the age of

15-35 years, provides them skills-based training for three to 12 months and places

them in salaried jobs. DDUGKY is a public-private partnership scheme whereby

the central and state governments fund the program and private training providers

(project implementing agencies/PIA) are responsible for training and job place-

ment. While DDUGKY provides free of cost training and a guaranteed job place-

ment support, the training scheme has a high rate of training and job dropout. At

the national level, the training dropout rate is around 11%, and only about 55% of

trained candidates were placed in jobs as of 1st April 2020.77 Trainees dropping

out during or at the end of training are costly to the program because they happen

76The 68th round National Sample Survey conducted in 2011-12 sampled 101,724 households
covering more than 450,000 individuals.

77Official statistics from http://ddugky.gov.in/ accessed on 10 May 2021.
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at a stage when the PIAs cannot substitute the dropped-out candidates with new

ones.

In order to elicit more information about possible reasons for the high

dropout, selected PIAs were interviewed in this study. While a host of factors such

as family obligation, marriage, time constraint, were mentioned as potential rea-

sons for dropout, a lack of awareness about the details of prospective jobs (salary,

benefits, nature of work, job location) among the trainees was considered to be the

most important reason by the PIAs.

I hypothesise that this lack of knowledge can potentially cause trainees

with misaligned expectations to participate in the training, who are more likely to

eventually drop out from training and jobs. This study, therefore, tests the hypoth-

esis that whether providing detailed information about training and post-training

placement jobs can align the candidate’s expectations and improve training com-

pletion and job placement rates. Towards this objective, I conduct an informational

intervention experiment in DDUGKY training batches across the states of Bihar

and Jharkhand in India. I choose a randomised controlled trial (RCT) design as

this would allow me to identify the causal effect of the interventions. Bihar and

Jharkhand were selected for the study as these are two of India’s poorest and back-

ward states with pronounced caste and gender-based hierarchies.

In this RCT, half of the sample trainees were exposed to two informa-

tional intervention sessions, where they were provided with all the details about

the training (number of days of training, subjects taught during the course, facili-

ties provided to candidates) and prospective jobs (job title, company name, location

of job posting, working hours, and compensation package including net monthly

wage and in-kind benefits). The study draws its findings based on four rounds of

surveys and compares the training completion and job placement/retention rates

between trainees who were exposed to the informational intervention with those
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who did not receive any extra dose of information.

The main finding of the informational intervention experiment is that,

overall, conditional on job placements, the individuals who received the interven-

tion were found to be more likely to stay in the placed jobs for at least five months

after training completion. There was, however, no significant change in the likeli-

hood of training completion nor the likelihood of job placements. To assess if the

intervention had a heterogeneous effect on sub-groups, I estimated the effects on

four dimensions; gender,78 caste,79 education,80 and expected salary in jobs after

training completion.81 The findings from the heterogeneity analysis are as follows

(see section 7.4 for the detailed discussion):

• The likelihood of training completion and job retention significantly increased

among the less educated youths.

• Job retention improved among marginalised communities (scheduled caste

and scheduled tribe trainees).

• The intervention improved training completion and job retention among those

with low expected earnings.

• Females had a high probability of training completion and job placement/retention

even without the intervention, and the treatment was not identified to im-

prove these outcomes any further among them. However, the intervention

had a large and positive effect on job placements and retention for males.

The result from the experiment shows that the informational intervention
78Female vs not.
79Lower Caste (scheduled caste/scheduled tribe) vs Higher Caste (general Caste/other backward

class)
80Less Education (below higher secondary) vs More Education (higher secondary and above).
81Low Expectations (baseline salary expectations is below the median salary earned by the

trainees of the same batch after training) vs High Expectations (baseline salary expectations is
above the median salary earned by the trainees of the same batch after training).
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has the potential to improve the effectiveness of the training scheme, especially in

terms of improvement in job retention. Also, such interventions can be very helpful

to improve the training outcomes for specific groups of disadvantaged individuals,

such as those with less education, trainees from marginalised communities, and

those with lower expectations.

8.2 Contribution to literature and policy implication

High training and job dropout are ubiquitous issues that plague the effectiveness

of training programs (Heckman et al., 2000; Card et al., 2011; Cho et al., 2013;

Hirshleifer et al., 2016). This study delves deeper into one of the factors that might

potentially explain the dropout and is based on a hypothesis that suggests that

providing information about the prospective jobs can improve the effectiveness of

vocational training.

While many studies (Betcherman et al., 2004; Blattman and Ralston, 2017;

McKenzie, 2017) suggest that vocational training often have limited impact on em-

ployment outcomes, some provide a more optimistic picture (Alfonsi et al., 2020;

Maitra and Mani, 2017). The thesis contributes to the relatively thin literature on

the effectiveness of training programs in developing countries. The study is cat-

egorically focused on improving the training outcomes for trainees from diverse

background.

The study is one of the few to evaluate the effect of an informational inter-

vention on vocational training. Other studies that estimate the effects of providing

information about the realistic market returns and closely related to my thesis are

Alzua Soyolmaa Batbekh et al. (2020), Hicks et al. (2013), and Jensen (2012).

The thesis also contributes to the literature on barriers to youth employ-
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ment in developing countries, such as, search friction (Franklin, 2018; Abebe et al.,

2017b), skills signalling (Abebe et al., 2018; Bassi and Nansamba, 2019; Orkin et al.,

2020; Abel et al., 2020; Groh et al., 2015), or the mismatch between employers’

and workers’ characteristics (Abebe et al., 2017a). The study shows that providing

realistic information about jobs to young workers can help them to successfully

complete their training and can improve their retention in jobs.

Employment is core to achieving economic and social development and is

also at the heart of broader social objectives, such as poverty reduction, economy-

wide productivity growth and social cohesion. This study focuses on youth em-

ployment and the effectiveness of skills-based vocational training programs. The

study has significant policy relevance, especially in the context of developing coun-

tries where the information gap is a huge problem in delivering effective public

service. The policy implication becomes more important as such informational in-

terventions may be easily adapted by the implementing agencies and scaled up

at a state or national level. Also, the fact that delivering such information is very

low cost and may apply to a wide range of skills-based vocational training pro-

grams augments the policy relevance of this study. Rural youths benefit the most

from such informational interventions, as, first, it enables them to make informed

decisions, and second, it improves their labour market outcomes.

8.3 Rate of return

The minimum training cost (which includes the tuition cost and the living cost)

approved under DDUGKY for a three-month residential training program is Rs.

37,439 per candidate, and the corresponding cost for a six-month residential course

is Rs. 69,778 per candidate. The training course offered by the PIA in the current

study was budgeted at around Rs. 60,000 and Rs. 104,140 per candidate for a
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three- and six-month residential course respectively.82 Both the minimum cost and

budgeted cost are likely underestimated as these are exclusive of the additional

incentives to the PIA which are paid out only if certain targets are met. I work with

these fours cost estimates to provide a sense of the rate of return to the training

course based on the impact of the information intervention (Table 8.1).

Based on the standard training budget cost of 60,000 for a three-month

course and the estimated 13% employment effect of the intervention (Panel C in

Table 7.3), the expected annual benefit on an annual salary of Rs. 72,000 (minimum

guaranteed salary of Rs.6,000 per month) is Rs. 9,360. Assuming a generous 20-

years return period, this translates into an internal return rate (IRR) of 15%, which

is unarguably more than 8%,83 that may be considered the opportunity cost of

capital. Keeping all other parameters, the same, the IRR is 6% for a six-month

course. If we do the same calculations, considering the minimum cost norms, this

provides an overwhelming IRR of 25% for a three-month course and 12% for a

six-month course.

While these are approximate calculations, they indicate that with an em-

ployment impact estimate of about 13 to 14 percent, it is possible to reach the

break-even within 7-10 years. It is much likely to reach the break-even even earlier

because this calculation did not consider the salary increments over time. It might

also be worthwhile to note that information sharing (with trainees) has no extra

cost implications as this is factored into the training cost.

82All cost estimates are taken from DDUGKY guidelines (page 34 and 35) downloaded from
http://ddugky.gov.in/spo-and-guidelines on 15 Dec 2021.

83The rate of return on a 1 year term deposit in Indian banks in 2020 is about 8%.
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Table 8.1: Internal rate of return

INR Returns (%)

[1] [2]

Minimum cost of a three-month course 37,439 25
Budgeted cost of a three-month course 60,000 15
Minimum cost of a six-month course 69,778 12
Budgeted cost of a six-month course 1,04,140 6

Notes: The duration of payback period is set at 20 years and salaries are fixed
for this duration. Returns are calculated on an annual salary of Rs. 72,000.

8.4 Limitation of the study and scope of future research

This study tests whether providing information about training and post-training

placement jobs can improve the training outcomes, using an RCT design. The

intervention comprised of two information sessions shared at two points during

the training: one at the beginning and the other at the end of the training course.

Due to resource and time constraints, the experiment was conducted with

only two arms, one treatment and one control arm. The two information sessions

were carried out as one package, and all treatment arm batches were exposed to

both sessions. The thesis, therefore, is not able to comment on the effectiveness

of the two interventions when administered separately. It is not clear from the

current study whether sharing information at the start of training or towards the

end of the course before the job placements, will provide better outcomes. Intu-

itively, one would be tempted to assume that sharing information about training

and jobs would be most beneficial at the beginning of training. This can be true

as providing information at the beginning might help to better align candidates’

expectations with the realistic returns to the training and may help to improve the

matching of better-suited candidates with a training course. On the other hand,

given that the training tenure ranges from three to six months (as in this study),

one might argue that the information shared at the beginning of training may fade
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out, and in which case providing information about jobs can have a stronger impact

if given at the end of the training, as this might prepare the candidates better for

taking up the upcoming job placements. In a scenario with more resource and time

availability, it might be better to implement this experiment over a larger number

of training batches and with four arms, three treatment arms and one control arm.

One treatment arm could be exposed to only the first informational intervention

session (at the start of the training course), the second arm could be exposed to only

the second intervention session (at the end of the course), and a third arm which

is exposed to both sessions. Such a design would make it feasible to compare the

effectiveness of the separate interventions and will be able to provide insights on

the best timing for carrying out such informational interventions.

Continuing the discussion on the best possible timing to conduct infor-

mational interventions, one other facet needs a lucid mention. There could be at

least two opportunities for the training providers to share this information with

the candidates, either before training enrolment (at the recruiting stage) or after

they register for training (as carried out in this study). One might assume that it

could be cost-effective if clear information about the training and jobs are shared at

the recruitment stage before candidates enrol in any training course. This stage is

technically referred to as ‘mobilisation’ when the training providers advertise their

training course amidst the rural population and try to attract as many potential

candidates as possible to participate in their training. Informational intervention

done at this point might be instrumental to improve the matching at an earlier stage

and can be an effective way to ensure the best possible matching and improve the

training outcomes. While this was outside the remit of the current research, it

certainly presents scope for future investigation.

The composition of the sampled training batches in this thesis are homo-

geneous in terms of the training duration (3-6 months duration), and composition
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of training (all batches had both classroom training and on-job training compo-

nent). Batch selection and treatment assignment was done at state and sector level,

to ensure selection of an approximately equal number of training batches in the

treatment and control arm within a sector. Each sampled training batch is from

one out of 10 sectors, and many sectors have only two training batches, one in

treatment and one in control (Table 5.5). Although the statistical analysis allowed

for state and sector fixed effects to control for this aspect of sample design, it was

not possible to estimate the heterogeneity of the treatment effect along the dimen-

sion of the sector, because of the lack of a sufficient number of batches within each

sector. Testing for heterogeneous treatment effects across sectors will be useful as

this dimension of heterogeneity might be linked with the gender of trainees (more

females participate in the apparel sector and more males in the construction sector),

terms of employment (such as wages and benefits), and nature of jobs (physically

demanding such as in logistics and sedentary such as in IT and Banking) etc. Also,

as discussed in section 5.2, considering the budget and time constraints, the sample

size was only powered enough to detect an average treatment effect of a magnitude

of a minimum of 10.6 percentage points. Given, many under-powered results, can-

vassing the study over more training bathes (within each sector) might also help

in detecting statistically significant treatment effects of smaller magnitudes. I leave

this as a scope for future work.

As mentioned in the previous para, on-the-job training (OJT) was part of

all the sampled training batches in this study. However, it is worthwhile to note

that while most DDUGKY training batches have OJT, some might only have class-

room training followed by job placement. The findings of the study are, however,

expected to apply equally to batches with or without OJT. This is because for all

practical purposes, OJT is considered as job placement under DDUGKY, and the

same employers who provide job placements also provide OJT. The post-placement

support to the candidates also applies similarly in the case of direct placement or
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OJT. While it is true that trainees might get into jobs early in case of direct place-

ment training, but on the other hand, trainees get a stipend (from the employer)

during OJT (which in most cases is less than salary) and accommodation costs

from the training organisations (PIA). Thus, on average, the pecuniary and non-

pecuniary benefits to the trainees remain the same.

This PhD thesis draws findings from four survey rounds: one baseline,

one midline, and two endline surveys. The baseline surveys were done at the start

of training, midline was done just before the end of the training, the first endline

survey round was carried out two months after training and the second endline

follow-up was done five months after training completion. While the study initially

intended to conduct subsequent follow-up surveys which would have provided the

opportunity to examine longer-term impacts, it became increasingly challenging to

carry on with the surveys after April 2020 when the first Covid-19 wave hit India.

Albeit it was possible to resume the surveys at a later point when the situation

became somewhat amicable for field activities, but given the time limitation of the

PhD program, it was not feasible to include these surveys as a part of this thesis.

The study recommends that long-term follow-up of trainees is indeed necessary,

at least until 12 months of training completion, and might be considered by future

projects.

Training programs can be of various types: residential (trainees stay at

the campus of the training organisation during training tenure) vs. non-residential

(as day-scholar), those targeted at young labour market entrants vs. retraining for

experienced workers, short or medium duration training (3-6 months) vs. long

duration training (more than 6 months) and training linked with job placement

vs. no job placement. From the policy perspective, an important caveat is that

this thesis pertains to a specific type of training program. The thesis specifically

talks about job linked residential training programs, those with a duration of a
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maximum of six months and those targeted to new labour market entrants within

the age group of 19-20 years.

8.5 Concluding statement

The thesis concludes that providing trainees with better information about the

training and prospective jobs leads to better training outcomes. The informational

intervention is likely to be more effective among those from disadvantaged back-

grounds. This study found that better-informed trainees were at least 20% more

likely to stay in the placement jobs.

The simplicity and the low cost of the intervention make it easily adaptable

and scalable for the implementing agencies. Also, such informational interventions

can easily be customised for a wide range of skills-based training programs.

204



References

Abebe, G., S. Caria, M. Fafchamps, P. Falco, S. Franklin, S. Quinn, and F. Shilpi

(2017a): Job fairs: Matching firms and workers in a field experiment in Ethiopia, The

World Bank.

Abebe, G., S. Caria, and E. Ortiz-Ospina (2017b): “The Selection of Talent,” Tech.

rep., Working paper.

Abebe, G. T., S. Caria, M. Fafchamps, P. Falco, S. Franklin, and S. Quinn (2018):

“Anonymity or distance? Job search and labour market exclusion in a growing

African city,” CEPR Discussion Paper No. DP13136.

Abel, M., R. Burger, and P. Piraino (2020): “The value of reference letters: Ex-

perimental Evidence from South Africa,” American Economic Journal: Applied Eco-

nomics, 12, 40–71.

Acevedo, P., G. Cruces, P. Gertler, and S. Martinez (2017): “Living up to ex-

pectations: How job training made women better off and men worse off,” Tech.

rep., National Bureau of Economic Research.

Agarwal, B. (1997): “”Bargaining”and gender relations: Within and beyond the

household,” Feminist economics, 3, 1–51.

Agrawal, T. (2012): “Vocational education and training in India: challenges, status

and labour market outcomes,” Journal of Vocational Education & Training, 64, 453–

474.

Agrawal, T. and A. Agrawal (2017): “Vocational education and training in India:

a labour market perspective,” Journal of Vocational Education & Training, 69, 246–

265.
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A Intervention
A.1 Intervention A

• Objectives:

• Explain - how the training works.

• Information - past placement opportunities.

• Collect preferences about these positions.

• Duration: 1 hour

1
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Your Training Provider

2

Training Provider Name ABC

Trades ABC

Locations P****

Year of first DDU-GKY Training
from this training centre Nov 2017

Number of Trainees till date
from this training centre

630
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Your Training

3

Sector/Trade Housekeeping

Starting Date 31/12/2018

End Date 12/08/2019

Class Room Training 4 months

On-the Job Training 2 months

Total Duration 6 months

Fees None

Benefits Free food, accommodation, TLM, 
Tablet 
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4

Class Room Training

On-Job Training

Training
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Class Room Training

• Done here in class rooms, computer labs etc.

• Cover: English, Computers, Soft skills and technical papers

specific to your particular trade.

• Required to sit for periodic assessment tests (EPA): three

assessments per month + Final assessment by Govt.

• Successfully completing and passing the assessments: will

receive a certificate. 5
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On-the-Job Training or OJT

• OJT after finishing class room training.
• Sent to different/same companies.
• You learn while working.
• Food and accommodation provided by your training

organization.
•What you get during OJT strictly depends on the company of

OJT.
• Get a certificate when you finish.

6
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OJT allocation

•We share the list of OJT employers.
• You give your preferences.
• Possibility: Demand > supply.
• Final allocation by the Placement Officer.

• NOW – Allocation process will be explained by The 
Placement Officer.
• Any doubts – ASK.

7
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After On-the-Job Training (OJT)?

•Many will get jobs in the same company where you did your 
OJT.
• Very Important: do your best and impress your employer.

• If you don't continue there - you will be offered another 
employer.

VERY IMPORTANT - work and learn well during the OJT.

8
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Job placement

AFTER OJT ............. YOU WILL START WORKING!

• Placement with the same or another employer.
•may or may not receive food or lodging as in the OJT.
• In any case you will receive Rs 1000 per month post 

placement support from your training organization.
• This is in addition to your salary from your employer.
• Will get it for 6 months if you are placed outside of state.

9
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Past Placement Opportunities

10

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1
Tourism & 
Hospitality

Absolute 
Barbeque

Hyderabad, 
Banglore, 
Chennai

GSA L1/ 
Steward 9500/- 8500/- Fooding + Lodging

2 Tourism & 
Hospitality

Hotel Patliputra
Continental Patna Housekeeper 8000/- 6500-7000/- Fooding + Lodging

3 Tourism & 
Hospitality Hotel Ashoka Patna

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunities

11

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

4
Tourism & 
Hospitality

Grand Empire Patna

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging

5 Tourism & 
Hospitality Clark Inn Jamui Housekeeper 8000/- 6500-7000/- Fooding + Lodging

6 Tourism & 
Hospitality

Hotel Pratap
International Samastipur

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunity 1

• Job content-
• Location Description- Hyderabad, Banglore, Chennai
• Benefits explanation- Fooding + Lodging 
• Incentives –
• Placement Support- Rs.1000/- (Up to 6 months from the joining date)

12

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality

Absolute 
Barbeque

Hyderabad, 
Banglore, 
Chennai

GSA L1/ 
Steward 9500/- 8500/- Fooding + Lodging
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Past Placement Opportunity 2

• Job content-
• Location Description- Patna
• Benefits explanation- Fooding + Lodging
• Incentives –
• Placement Support- Rs.1000/- (Up to 3 months from the joining date)

13

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality

Hotel Patliputra
Continental Patna Housekeeper 8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunity 3

• Job content-
• Location Description- Patna
• Benefits explanation- Fooding + Lodging
• Incentives –
• Placement Support- Rs.1000/- (Up to 3 months from the joining date)

14

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality Hotel Ashoka Patna

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunity 4

• Job content-
• Location Description- Patna
• Benefits explanation- Fooding + Lodging
• Incentives –
• Placement Support- Rs.1000/- (Up to 3 months from the joining date)

15

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality Grand Empire Patna

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunity 5

• Job content-
• Location Description- Jamui
• Benefits explanation- Fooding + Lodging
• Incentives –
• Placement Support- Rs.1000/- (Up to 3 months from the joining date)

16

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality Clark Inn Jamui Housekeeper 8000/- 6500-7000/- Fooding + Lodging
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Past Placement Opportunity 6

• Job content-
• Location Description- Jamui
• Benefits explanation- Fooding + Lodging
• Incentives –
• Placement Support- Rs.1000/- (Up to 3 months from the joining date)

17

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1 Tourism & 
Hospitality

Hotel Pratap
International Samastipur

Room Service, 
Stewards, 
Banquet 
Caption

8000/- 6500-7000/- Fooding + Lodging
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What are your preferences?
• Would like to know your preferences regarding past placement

opportunities.
• You may get different opportunities. 
• Knowing this will help to match you with a job you like.

• We will now demonstrate how to rank opportunities.
• Now go to: 
https://warwickecon.co1.qualtrics.com/jfe/form

/SV_6zkedNbZ2S9o9LL

18
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Any thing else you need to remember?

YES

Accreditation & Certification

Remember to get the certificate of completion of the training course. 
You can show this to other employers in future. ESSENTIAL

19
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What next?

20
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Moving from student life to jobs is tough. Isn’t it?

But why?

Oh yes, now you have to work and earn your own living.

True?

But it is not only work for getting paid…it’s the place where you can 
show WHO YOUR ARE and WHAT YOU ARE CAPABLE of DOING. Its your 
KARMBHUMI….So buck up friends.. your school days are gone. 

21
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Work hard and 
grow. This training 
and for that matter 

any qualification 
opens a small 

window of 
opportunity but 

DOORS are opened 
by your courage 
and hard work. 

22

235



So….

23

Have courage to DREAM
Have courage to work towards your DREAM
Be patient and persistent 
Work hard and you will surely do well.
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Thank you……..

24
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Question and Answer Session

25
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A.2 Intervention B

• Objectives:

• Explain - how the training works.

• Information - past placement opportunities.

• Collect preferences about these positions.

• Duration: 1 hour

1
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Your Training

2

Sector/Trade SMO

Starting Date 11/06/19
End Date 08/09/19

Class Room Training 60 Days
On-the Job Training 30 Days

Total Duration 120 days

Fees None

Benefits Free food, accommodation, TLM, 
Tablet 
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On-the-Job Training or OJT

• OJT after finishing class room training.
• Sent to different/same companies.
• You learn while working.
• Food and accommodation provided by your training

organization.
•What you get during OJT strictly depends on the company of

OJT.
• Get a certificate when you finish.

3
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OJT allocation

•We share the list of OJT employers.
• You give your preferences.
• Possibility: Demand > supply.
• Final allocation by the Placement Officer.

• NOW – Allocation process will be explained by The 
Placement Officer.
• Any doubts – ASK.

4
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After On-the-Job Training (OJT)?

•Many will get jobs in the same company where you did your 
OJT.
• Very Important: do your best and impress your employer.

• If you don't continue there - you will be offered another 
employer.

VERY IMPORTANT - work and learn well during the OJT.

5
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Job placement

AFTER OJT ............. YOU WILL START WORKING!

• Placement with the same or another employer.
•may or may not receive food or lodging as in the OJT.
• In any case you will receive Rs 1000 per month post 

placement support from your training organization.
• This is in addition to your salary from your employer.
• Will get it for 6 months if you are placed outside of state.

6
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Past Placement Opportunities

7

Sl. 
No Sector Company Location Designation Gross Salary Take Home Benefits

1

APPAREL
Sahna Clothing	
Company	Private	

limited	
Tiruppur Operator ₹ 9,263.00 ₹ 7,010.00

Subsidised 
accommodati

on & food,  
PF, ESI, 

Incentive
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Past Placement Opportunity 1

• Job content-
• Location Description- Tiruppur, Tamil Nadu
• Benefits explanation- Subsidised accommodation & food
• Incentives – Yes
• Placement Support- Rs.1000/- (Up to 6 months from the joining date)

8

Sl. 
No Sector Company Location Designation

Gross 
Salary

Take Home Benefits

1
APPAREL

Sahna Clothing	
Company	Private	

limited	
Tiruppur Operator ₹ 9,263.00 ₹ 7,010.00

Subsidised 
accommodation & 

food,  PF, ESI, 
Incentive
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What are your preferences?
•Would like to know your preferences regarding past placement

opportunities.
• You may get different opportunities. 
• Knowing this will help to match you with a job you like.

•We will now demonstrate how to rank opportunities.
• Now go to: 
https://warwickecon.co1.qualtrics.com/jfe/form/SV_9yRCnb8GqDBrlCR

9
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Any thing else you need to remember?

YES

Accreditation & Certification

Remember to get the certificate of completion of the training course. 
You can show this to other employers in future. ESSENTIAL

10
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What next?

11
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Moving from student life to jobs is tough. Isn’t it?

But why?

Oh yes, now you have to work and earn your own living.

True?

But it is not only work for getting paid…it’s the place where you can 
show WHO YOUR ARE and WHAT YOU ARE CAPABLE of DOING. Its your 
KARMBHUMI….So buck up friends.. your school days are gone. 

12
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Work hard and 
grow. This training 
and for that matter 

any qualification 
opens a small 

window of 
opportunity but 

DOORS are opened 
by your courage 
and hard work. 

13
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So….

14

Have courage to DREAM
Have courage to work towards your DREAM
Be patient and persistent 
Work hard and you will surely do well.
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Thank you……..

15

253



Question and Answer Session

16

254



B Survey Questionnaires 

 

B.1  Baseline Survey Questionnaire 
 
 

Field Question Answer 

start_time_interview (required) Start time of interview 

 

Introduction_to_respondents Hello. I am conducting the 

survey on behalf of Warwick 

University. We are carrying a 

research study to improve the 

training programme DDU-

GKY. This survey will take 

about 2 hours. You have the 

right not to answer any 

question and your answers will 

be treated anonymously and 

will not be shared with anyone. 

The information from this 

survey can be use in future.  

 

Please read the instructions 

**carefully** and ask any 

question to us. This interview 

is **voluntary**: you are free to 

decide not to participate to this 

survey. 

 

consent_1 (required) I confirm that I have read and 

understood the information 

sheet provided for the above 

study. I have had the 

opportunity to consider the 

information, ask questions and 

have had these answered 

satisfactorily. 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_2 (required) I understand that my 

participation is voluntary and 

that I am free to withdraw at 

any time without giving any 

reason, without my medical, 

social care, education, or legal 

rights being affected 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_3 (required) I understand that my data will 

be securely stored for a 

minimum of 10 years, in line 

with the University of Warwick’

s Research Data Management 

Policy and will not be shared 

with any other institution 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_4 (required) I agree to take part in the 

above study. 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 
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Field Question Answer 

PIA_Name (required) Name of PIA  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

Trade_of_Training (required) Trade of Training  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

Training_Centre_ID (required) Training Centre ID  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

respondent_batch_ID (require

d) 

Batch ID  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

respondent_coupon_ID (requir

ed) 

Coupon ID of the respondent 

 

district_of_training_centre (req

uired) 

District of training centre  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

block_training_centre (required

) 

Block of training centre  

इस प्रश्न का उत्तर साक्षात्कारकर्ाा 

अपने से भरे 

 

respondent_name (required) Respondent Name 

 

district_of_residence  (required

) 

District of residence 

 

 block_of_residence (required) Block of residence 

 

Panchayat_of_residence (requ

ired) 

Gram Panchayat of residence 

 

householdhead_name (require

d) 

Name of the head of your 

Household 

 

householdhead_relationship (r

equired) 

Relationship of the household 

head with you 

 
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_age (required) What is your age 

 

Sex (required) Sex  
1 Male 

 
2 Female 

 
99 I prefer not to answer this question 
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Field Question Answer 

respondent_maritalstatus (req

uired) 

Are you married?  
1 Unmarried 

 
2 Married 

 
3 Divorced 

 
4 Separated 

 
5 Widowed 

 
99 I prefer not to answer this question 

 

respondent_chidren (required) Do you have children?  
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_number_of_childre

n (required) 

How many children do you 

have 

 

respondent_phonenumber_1 (r

equired) 

At which number can we reach 

you? 

 

whose_phonenumber_1 (requi

red) 

Whose number is it  
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

alternate_number (required) Do you have any alternate 

number on which you can be 

contacted 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_phonenumber_2 (r

equired) 

your alternate contact number 

 

whose_phonenumber_2 (requi

red) 

Whose number is it  
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 
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Field Question Answer 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

alternate_number_3 (required) Do you have any other number 

on which you can be contacted 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_phonenumber_3 (r

equired) 

What is the number 

 

whose_phonenumber_3 (requi

red) 

Whose number is it  
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Handover_tablet_to_responde

nt 

Kindly Handover tablet to 

respondent 

 

ASE Please indicate what you think 

about the following 

statements. 

 

ASE_1 (required) On the whole, I am satisfied 

with myself. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 
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Field Question Answer 

ASE_2 (required) At times, I think I am no good 

at all. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_3 (required) I feel that I have a number of 

good qualities. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_4 (required) I am able to do things as well 

as most other people. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_5 (required) I feel I do not have much to be 

proud of. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_6 (required) I certainly feel useless at 

times. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_7 (required) I feel that I’m a person of 

worth, at least on an equal 

plane with others. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_8 (required) I wish I could have more 

respect for myself. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_9 (required) All in all, I am inclined to feel 

that I am a failure. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

ASE_10 (required) I take a positive attitude 

toward myself. 

 
1 Strongly Agree 

 
2 Agree 

 
3 Disagree 

 
4 Strongly Disagree 

 

Life_goals How important are the 

following statement for you? 

 

Life_goals1 (required) One has the right to live the 

life(s) one has chosen 

 
1 Very Important 

 
2 Quite Important 

 
3 Somewhat Important 

 
4 Not at all important 

 

Life_goals2 (required) One needs to get married and 

start a family 

 
1 Very Important 

 
2 Quite Important 

 
3 Somewhat Important 

 
4 Not at all important 

 

Life_goals3 (required) One needs to live close to 

one's parents 

 
1 Very Important 

 
2 Quite Important 

 
3 Somewhat Important 

 
4 Not at all important 

 

Life_goals4 (required) One needs to be succesful in 

one’s line of work 

 
1 Very Important 

 
2 Quite Important 
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Field Question Answer 

 
3 Somewhat Important 

 
4 Not at all important 

 

Life_goals5 (required) One needs to find a stable 

work 

 
1 Very Important 

 
2 Quite Important 

 
3 Somewhat Important 

 
4 Not at all important 

 

grit Please indicate what you think 

about the following 

statements. 

 

GRIT_1 (required) New ideas and projects 

sometimes distract me from 

previous ones. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_2 (required) Setbacks don’t discourage me. 

I don’t give up easily. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_3 (required) I often set a goal but later 

choose to pursue a different 

one. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_4 (required) I have difficulty maintaining my 

focus on projects that take 

more than a few months to 

complete. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_5 (required) I finish whatever I begin.  
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_6 (required) My interests change from year 

to year. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

GRIT_7 (required) I have overcome setbacks to 

conquer an important 

challenge. 

 
1 Very much like me 

 
2 Mostly like me 

 
3 Somewhat like me 

 
4 Not much like me 

 
5 Not much like me at all 

 

BIG5 Please indicate what you think 

about the following 

statements. 

 

BIG5_1 (required) I see myself as someone who 

is talkative 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 
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Field Question Answer 

BIG5_2 (required) I see myself as someone who 

tends to find fault with others 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_3 (required) I see myself as someone who 

does a thorough job 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_4 (required) I see myself as someone who 

is depressed, blue 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_5 (required) I see myself as someone who 

is original, comes up with new 

ideas 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_6 (required) I see myself as someone who 

is reserved 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_7 (required) I see myself as someone who 

is helpful and unselfish with 

others 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_8 (required) I see myself as someone who 

can be somewhat careless 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_9 (required) I see myself as someone who 

is relaxed, handles stress well 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_10 (required) I see myself as someone who 

is curious about many different 

things 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_11 (required) I see myself as someone who 

is full of energy 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_12 (required) I see myself as someone who 

starts quarrels with others 

 
1 Disagree Strongly 

 
2 Disagree a Little 
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Field Question Answer 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_13 (required) I see myself as someone who 

is a reliable worker 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_14 (required) I see myself as someone who 

can be tense 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_15 (required) I see myself as someone who 

is ingenious, a deep thinker 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_16 (required) I see myself as someone who 

generates a lot of enthusiasm 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_17 (required) I see myself as someone who 

has a forgiving nature 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_18 (required) I see myself as someone who 

tends to be disorganized 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_19 (required) I see myself as someone who 

worries a lot 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_20 (required) I see myself as someone who 

has an active imagination 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_21 (required) I see myself as someone who 

tends to be quiet 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_22 (required) I see myself as someone who 

is generally trusting 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 
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Field Question Answer 

 
5 Strongly Agree 

 

BIG5_23 (required) I see myself as someone who 

tends to be lazy 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_24 (required) I see myself as someone who 

is emotionally stable, not 

easily upset 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_25 (required) I see myself as someone who 

is inventive 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_26 (required) I see myself as someone who 

has an assertive personality 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_27 (required) I see myself as someone who 

can be cold and aloof 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_28 (required) I see myself as someone who 

perseveres until the task is 

finished 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_29 (required) I see myself as someone who 

can be moody 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_30 (required) I see myself as someone who 

values artistic, aesthetic 

experiences 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_31 (required) I see myself as someone who 

is sometimes shy, inhibited 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_32 (required) I see myself as someone who 

is considerate and kind 

enough to almost everyone 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 
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BIG5_33 (required) I see myself as someone who 

does things efficiently 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_34 (required) I see myself as someone who 

remains calm in tense 

situations 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_35 (required) I see myself as someone who 

prefers work that is routine 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_36 (required) I see myself as someone who 

is outgoing, sociable 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_37 (required) I see myself as someone who 

is sometimes rude to others 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_38 (required) I see myself as someone who 

makes plans and follows 

through with them 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_39 (required) I see myself as someone who 

gets nervous easily 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_40 (required) I see myself as someone who 

likes to reflect, play with ideas 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_41 (required) I see myself as someone who 

has few artistic interests 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_42 (required) I see myself as someone who 

likes to cooperate with others 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_43 (required) I see myself as someone who 

is easily distracted 

 
1 Disagree Strongly 

 
2 Disagree a Little 
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3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

BIG5_44 (required) I see myself as someone who 

is sophisticated in art, music, 

or literature 

 
1 Disagree Strongly 

 
2 Disagree a Little 

 
3 Neither Agree nor Disagree 

 
4 Agree a Little 

 
5 Strongly Agree 

 

return_tablet Kindly return the tablet to the 

investigator 

 

respondent_education (require

d) 

What is the highest Education 

level (Name) completed? 

 
1 not literate 

 
2 literate without formal schooling 

 
3 literate: below primary 

 
4 primary (1 TO 5 CLASS) 

 
5 middle , (6 TO 8 CLASS) 

 
6 lower secondary (9 TO 10 CLASS) 

 
7 higher secondary (11 TO 12 CLASS) 

 
8 diploma/certificate course 

 
9 graduate 

 
10 postgraduate and above 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Matric_exam (required) Did you take the 10th board 

exam  

10th बोर्ा परीक्षा 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

matric_percentage (required) % obtained in class 10th board 

exam 

 

inter_exam (required) Did you take the 12th board 

exam 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Inter_percentage (required) % obtained in class 12th board 

exam 

 

previous_training (required) Have you attended any 

vocational training before? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

previous_training_completion (

required) 

Did you complete that 

training? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

previous_training_completion_

date (required) 

What was the end date of that 

training? 

 

previous_training_name (requi

red) 

What was the name of that 

training program? 

 

previous_training_trade (requir

ed) 

What was the trade of that 

training? 

 
1 Manufacturing 

 
2 Sales/marketing 

 
3 BPO/call centre 

 
4 Service sector (Hotel, hospitals etc)- 

 
5 Soft skills 

 
6 Others 
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98 I don't know 

 

previous_training_days (requir

ed) 

How many days in total was 

that training? 

 

previous_training_cost (require

d) 

How much in total did you 

/your family pay for that 

training ? 

 

previous_training_organisation

 (required) 

Who provided that training?  
1 Government (Ministry, Universities, etc) 

 
2 Employer 

 
3 Private training company organisation (NGO, college, etc) 

 
4 Other 

 
98 I don't know 

 

respondent_previous_occupati

on (required) 

What was your main 

occupation for the most part 

during the last 12 months 

before you joined this training? 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_previous_location 

(required) 

Where did you live for the 

most part during the last 12 

months before you joined this 

training? 

 
1 In your place of residence 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 

 
7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_previous_earning 

(required) 

What was your average 

monthly income during the last 

12 months before you joined 

this training? 

 

respondent_hypothetical1_occ

upation (required) 

What do you think your main 

occupation would have been 

right now if you had not joined 

this training? 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 
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13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_hypothetical1_loc

ation (required) 

Where do think you would live 

right now if you had not joined 

this training? 

 
1 In your place of residence 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 

 
7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_hypothetical1_ear

ning (required) 

What do you think your 

monthly income would have 

been right now if you had not 

joined this training? 

 

respondent_hypothetical2_occ

upation (required) 

What do you think your main 

occupation would have been 

12 months from now if you had 

not done this training? 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_hypothetical2_loc

ation (required) 

Where do think you would be 

living 12 months from now if 

you had not done this training? 

 
1 In your place of residence 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 

 
7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_hypothetical2_ear

ning (required) 

What do you think your 

monthly income would be in 12 

months from now if you had 

not done this training? 

 

respondent_expected_occupat

ion (required) 

What do you think your main 

occupation will be in 12 

months after this training? 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 
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7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_expected_location

 (required) 

Where do you think you will 

live 12 months after this 

training? 

 
1 In your place of residence 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 

 
7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_expected_earning 

(required) 

What do you think your 

monthly income will be 12 

months after this training? 

 

respondent_preference_occup

ation (required) 

What would you want your 

main occupation to be 12 

months after this training? 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_preference_locatio

n (required) 

Where would you want to live 

12 months after this training? 

 
1 In your place of residence 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 

 
7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_preference_earnin

g (required) 

What would you want your 

monthly income to be 12 

months after this training? 

 

respondent_awareness_sourc

e (required) 

How did you get to know about 

the program 

 
1 Awareness camps 

 
2 Door to door counselling 
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3 Word of mouth/heard from someone 

 
4 Others 

 

respondent_awareness_perce

ntage (required) 

On a zero to hundred scale , 

how much do you know about 

the training program that you 

are attending? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

class_room_training (required) Do you know how many days 

is the class room training? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

class_roomtraining_days (requ

ired) 

How many days do you think 

the class room training will go 

for? 

 

classroom_training_cost (requi

red) 

Do you think you will have to 

pay for the class room 

training? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

on_job_training (required) Do you know the on-job 

training is for how many days 

(training while working in some 

other organisation)? 

 
1 Yes 

 
2 No OJT 

 
3 I don't know 

 
4 I prefer not to answer this question 

 

on_job_training_days  

(required) 

How many days do you think 

the on-the-job training will go 

for? 

 

on_job_training_cost  

(required) 

Do you think you will have to 

pay for the on the job training? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

training_course_choice (requir

ed) 

Why did you choose this 

trade? 

 
1 I already have a background in this field 

 
2 I think there is a good chance of employment 

 
3 Family member/ a friend already in this field 

 
4 Training organization offers training on this trade. 

 
5 None of the above 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

percentage_training_completio

n (required) 

How likely it is that you will 

complete this trainig program? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 
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11 100% 

 

job_offer_post_training (requir

ed) 

If you complete it, then how 

likely is it that you will be 

offered a job? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

conditional_on_getting_offer If you are offered a job after 

training then 

 

minimum_salary (required) What will be the minimum 

salary of the job 

 

maximum_salary (required) What will be the maximum 

salary of the job 

 

average_salary (required) What will be the average 

salary of the job 

 

job_outside_home_state (requi

red) 

If you are offered a job, how 

likely is it that it will be outside 

of home state? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_acceptance_in_ 

home_state  (required) 

If you are offered a job in 

home state , how likely is it 

that you will take it? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_retension_in_ 

home_state  (required) 

If you take a job in home state, 

how likely is it that you will still 

be in the job after 12 months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 
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11 100% 

 

job_acceptance_outside 

home_state  (required) 

If you are offered a job outside 

of home state, how likely is it 

that you will take it? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_retension_outside 

home_state  (required) 

If you take a job outside of 

home state, how likely is it that 

you will still be in the job after 

12 months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

training_usefulness (required) How useful do you think this 

training is for you? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

satisfaction (required) How satisfied are you with 

your decision of joining this 

trainnig program ? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

difficulty_immediate_family (re

quired) 

How difficult do you think it will 

be for your family if you are for 

3 months attending training 

here? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 
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8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

difficulty_future_family (require

d) 

How difficult do you think it will 

be for your family if you work 

out of home state for 12 

months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

household_type (required) Which of the following best 

describes your family 

arrangement 

 1 Nuclear family – Respondent along with his parents (either of 

father or mother or both) and siblings 

 2 Joint family – Respondent along with his immediate family and 

relatives 
 

earning_members_if_househol

dtype_nuclear (required) 

Total number of earning 

members in your family 

(including yourself if you were 

earning) 

 

earning_members_if_househol

dtype_joint (required) 

Total number of earning 

members sharing your Chulha 

(including yourself if you were 

earning) 

 

total_earning_household (requi

red) 

Total monthly income/ earning 

 

respondent_religion (required) religion  
1 Hindu 

 
2 Muslim 

 
3 Christian 

 
4 Buddhist 

 
5 Sikh 

 
6 Jain 

 
99 I prefer not to answer this question 

 

respondent_caste (required) caste  
1 Scheduled Caste (SC) 

 
2 Scheduled Tribe (ST) 

 
3 Other Backward Class (OBC) 

 
4 General 

 
99 I prefer not to answer this question 

 

agriculture_land (required) Does your household own any 

agriculture land? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

agriculture_land_measure (req

uired) 

Do you know how much land 

does your family own? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

agriculture_land_total (require

d) 

If yes, how much agriculture 

land does your household 

own? 

 

272



Field Question Answer 

agriculture_land_irrigated (req

uired) 

Out of total land, how much is 

irrigated? 

 

house_type (required) How is the house your 

household lives in? 

 
1 kutcha 

 
2 Semi-pucca 

 
3 pucca-Indira Awas Yojana 

 
4 pucca – Non IAY 

 
99 I prefer not to answer this question 

 

house_ownership (required) Does your family own it?  
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

bank_account (required) Does any usual member of 

this household have a bank 

account or a post office 

account? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

BPL_card (required) Does this household have a 

BPL card? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

RSBY_Card (required) Does this household have a 

RSBY card? 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

SHG_member (required) Is any usual member of this 

household a member of any 

self-help group (SHG) 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

MNREGA (required) Has any usual member of this 

household worked as NREGA 

benificiary (in past one year) 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

internet_use (required) Do you use internet?  
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

internet_use_frequency (requir

ed) 

How often do you use 

internet? 

 
1 ALMOST EVERY DAY 

 
2 AT LEAST ONCE A WEEK 

 
3 LESS THAN ONCE A WEEK 

 

number_of_family_members (r

equired) 

Number of people who have 

lived in the same household as 

you in the past 12 months and 

share your chulha (Exclude 

yourself) 

 

repeat_intro I will ask some questions 

regarding them 

 

Family member (1) (Repeated group) 
 

member_name (required) 
 

Name of the member 
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member_relationship (required) 
 

What is their relationship with 

you? 

 
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

  

member_age (required) 
 

What is (Name) age? 

 

 

member_occupation (required) 
 

What Best describes the 

occupation of (NAME) in the 

past 12 months 

 1 Work on family farm (Self-employed 

agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 4 work as regular salaried/ wage 

employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 11 rentiers, pensioners , remittance 

recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_migrate (required) Have you spent one month or 

more outside home state in the 

last one year 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

respondent_migrate_state (req

uired) 

During that time you stayed in 

which state? 

 

relatives_migrate_past_one_ye

ar (required) 

Has any of your relatives lived 

outside of home state for a 

month or more in the last one 

 
1 Yes 

 
2 No 

 
98 I don't know 

 
99 I prefer not to answer this question 
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year or is currently living 

outside 

number_of_relatives_migrate (

required) 

How many relatives lived 

outside of home state for a 

month or more in the last one 

year or is currently living 

outside 

 

Relatives (1) (Repeated group) 
 

migrant_member_name  

(required) 
 

Name of the member 

 

 

migrant_member_relationship  

(required) 
 

What is their relationship with 

you? 

 
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 
99 I prefer not to answer this question 

  

migrant_member_occupation  

(required) 
 

What Best describes the 

occupation of (NAME) in the 

past 12 months 

 
1 Work on family farm (Self-employed agricultural) 

 
2 Work in the family business (non farm) 

 
3 Self-employed 

 
4 work as regular salaried/ wage employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 
8 seeking and/or available for work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 rentiers, pensioners , remittance recipients, etc. 

 
12 attend domestic duties 

 
13 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

interview_conclusion Now we have reached the end 

of our interview. We are very 

thankful for your time. If you 
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want to clarify anything you 

may ask. 

end_time_interview (required) End time of interview 
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B.2  Midline Survey Questionnaire 
 
 

Field Question Answer 

Introduction_to_respondents Hello. This survey is a followup of 

the Baseline survey conducted 

earlier  

Please read the instructions 

**carefully** and ask any question 

to us. This interview is 

**voluntary**: you are free to 

decide not to participate to this 

survey. 

 

consent_1 (required) I confirm that I have read and 

understood the information sheet 

provided for the above study. I 

have had the opportunity to 

consider the information, ask 

questions and have had these 

answered satisfactorily. 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_2 (required) I understand that my participation 

is voluntary and that I am free to 

withdraw at any time without giving 

any reason, without my medical, 

social care, education, or legal 

rights being affected 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_3 (required) I understand that my data will be 

securely stored for a minimum of 

10 years, in line with the University 

of Warwick’s Research Data 

Management Policy and will not be 

shared with any other institution 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_4 (required) I agree to take part in the above 

study. 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

PIA_Name (required) Name of PIA 

 

UniqueID (required) Choose the name of respondent 

and household head 

 

Candidate_Status (required) कैं डििेट का वर्तमान डतर्डि 
 

Present Present 

 
Absent Absent 

 Drop_out Drop 

Out 
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Moved_to_different_batch Moved 

to a 

different 

batch in 

the 

same 

PIA 

 Left_for_ojt Left for 

OJT 
 

respondent_phonenumber_1 (required) At which number can we reach 

you? 

 

whose_phonenumber_1 (required) Whose number is it  
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

alternate_number (required) Do you have any alternate number 

on which you can be contacted 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_phonenumber_2 (required) your alternate contact number  

whose_phonenumber_2 (required) Whose number is it  
1 Yourself 
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2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 

 
14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

alternate_number_3 (required) Do you have any other number on 

which you can be contacted 

 
1 Yes 

 
2 No 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_phonenumber_3 (required) What is the number  

whose_phonenumber_3 (required) Whose number is it  
1 Yourself 

 
2 Father 

 
3 Mother 

 
4 Brother 

 
5 Sister 

 
6 Sister_in_law 

 
7 Husband/Wife 

 
8 Own Spouse 

 
9 Spouse of relatives 

 
10 Uncle 

 
11 Aunt 

 
12 Father_in_law 

 
13 Mother_in_law 
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14 Brither_in_law 

 
15 Sister_in_law_2 

 
16 Uncle_in_law 

 
17 Aunt_in_law 

 
18 Grand Father 

 
19 Grand Mother 

 
20 Other Relatives 

 
21 Non-relative 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_expected_occupation (required) What do you think your main 

occupation will be in 12 months 

after this training? 

 1 Work on family farm (Self-

employed agricultural) 

 2 Work in the family business 

(non farm) 

 
3 Self-employed 

 4 work as regular salaried/ wage 

employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 8 seeking and/or available for 

work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 11 rentiers, pensioners , 

remittance recipients, etc. 

 
12 attend domestic duties 

 13 not able to work due to 

disability 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_expected_location (required) Where do you think you will live 12 

months after this training? 

 
1 In your place of residence 

 2 In another village/rural area in 

the same district 

 3 In another town/urban area in 

the same district 

 4 In another village/ rural area in 

the same state 

 5 In another town/ urban area in 

the same state 
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 6 In another village/ rural area in 

another state 

 7 In another town/ urban area in 

another state 

 
8 In another country 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_expected_earning (required) What do you think your monthly 

income will be 12 months after this 

training? 

 

respondent_preference_occupation (required) What would you want your main 

occupation to be 12 months after 

this training? 

 1 Work on family farm (Self-

employed agricultural) 

 2 Work in the family business 

(non farm) 

 
3 Self-employed 

 4 work as regular salaried/ wage 

employee 

 
5 Casual wage work on the farm 

 
6 Casual wage work (non farm) 

 
7 Unemployed 

 8 seeking and/or available for 

work , 

 
9 attend educational institution 

 
10 Part-time work and studying 

 11 rentiers, pensioners , 

remittance recipients, etc. 

 
12 attend domestic duties 

 13 not able to work due to 

disability 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_preference_location (required) Where would you want to live 12 

months after this training? 

 
1 In your place of residence 

 2 In another village/rural area in 

the same district 

 3 In another town/urban area in 

the same district 

 4 In another village/ rural area in 

the same state 

 5 In another town/ urban area in 

the same state 
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 6 In another village/ rural area in 

another state 

 7 In another town/ urban area in 

another state 

 
8 In another country 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

respondent_preference_earning (required) What would you want your 

monthly income to be 12 months 

after this training? 

 

percentage_training_completion (required) How likely it is that you will 

complete this trainig program? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_offer_post_training (required) If you complete it, then how likely 

is it that you will be offered a job? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

conditional_on_getting_offer If you are offered a job after 

training then 

 

minimum_salary (required) What will be the minimum salary of 

the job 

 

maximum_salary (required) What will be the maximum salary 

of the job 

 

average_salary (required) What will be the average salary of 

the job 
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job_outside_home_state (required) If you are offered a job, how likely 

is it that it will be outside of home 

state? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_acceptance_in_home_state  (required) If you are offered a job in home 

state, how likely is it that you will 

take it? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_retension_in_ home_state  (required) If you take a job in home state, 

how likely is it that you will still be 

in the job after 12 months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

job_acceptance_outside 

home_state  (required) 

If you are offered a job outside of 

home state, how likely is it that you 

will take it? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 
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10 90% 

 
11 100% 

 

job_retension_outsidehome_state (required) If you take a job outside of home 

state, how likely is it that you will 

still be in the job after 12 months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

training_usefulness (required) How useful do you think this 

training is for you? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

satisfaction (required) How satisfied are you with your 

decision of joining this training 

program ? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

difficulty_immediate_family (required) How difficult do you think it will be 

for your family if you are for 3 

months attending training here? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 
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8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

difficulty_future_family (required) How difficult do you think it will be 

for your family if you work out of 

home state for 12 months? 

 
1 0% 

 
2 10% 

 
3 20% 

 
4 30% 

 
5 40% 

 
6 50% 

 
7 60% 

 
8 70% 

 
9 80% 

 
10 90% 

 
11 100% 

 

Date_of_last_attendance (required) If the candidate is dropout, then 

mention the date of last 

attendance? 

 

interview_conclusion Now we have reached the end of 

our interview. We are very thakful 

for your time. If you want to clarify 

anything you may ask. 

 

end_time_interview (required) End time of interview  
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B.3  First Endline Survey Questionnaire 
 

Field Question Answer 

PIA_Name (required) Name of PIA 

 

UniqueID (required) Choose the name of respondent and 

household head 

 

Batch_ID (required) Batch ID क्या है? 

 

contacted_respondent Were you able to talk to the 

candidate 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Introduction_to_respondents Hello. This survey is a follow-up to 

earlier surveys 

 

consent_1 (required) I confirm that I have read and 

understood the information sheet 

provided for the above study. I have 

had the opportunity to consider the 

information, ask questions and have 

had these answered satisfactorily. 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_2 (required) I understand that my participation is 

voluntary and that I am free to 

withdraw at any time without giving 

any reason, without my medical, 

social care, education, or legal rights 

being affected 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_3 (required) I understand that my data will be 

securely stored for a minimum of 10 

years, in line with the University of 

Warwick’s Research Data 

Management Policy and will not be 

shared with any other institution 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

consent_4 (required) I agree to take part in the above 

study. 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Location_Current (required) Where do you live currently?  
1 At home in my village/town 

 
2 In another village/rural area in the same district 

 
3 In another town/urban area in the same district 

 
4 In another village/ rural area in the same state 

 
5 In another town/ urban area in the same state 

 
6 In another village/ rural area in another state 
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7 In another town/ urban area in another state 

 
8 In another country 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

state_residence (required) In which state are you currently 

staying? 

 

Employment_Status What do you do now ?  
1 employed in job provided by PIA 

 
2 employed in job not provided/arranged by PIA. 

 
3 waiting for PIA to provide job 

 
4 Work on family farm (agricultural) 

 
5 Work in the family business (non-farm) 

 
6 Self-employed (Owner of business) 

 
7 Casual wage work on the farm 

 
8 Casual wage work (non-farm) 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 unemployed 

 
12 in another training program 

 
13 attend domestic duties 

 
14 not able to work due to disability 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

state_residence_tentative In which state do you expect to be 

when you get your job? 

 

Job_Search Are you looking for a job?  
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

Employment_Same_As_OJT (req

uired) 

Is this the same job where you did 

your OJT or the job you were placed 

after CRT (in case of no OJT, is this 

the place the PIA placed you after 

training ended)? 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

job_working_hour (required) Usually, how many hours do you 

work in your job? 

 

Wage_frequency (required) How often do you receive your 

wages? 

 
1 Daily 

 
2 Weekly 

 
3 Fortnightly 

 
4 Monthly 

 
5 Bimonthly 

 
6 More than two months 
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98 I don't know 

 

Wage What is your salary/income(take 

home)? 

 

Job_Benefits (required) what benefits are you provided in the 

job? 

 
1 Free Accommodation 

 
2 Company provided subsidised accommodation 

 
3 Food 

 
4 TA/DA 

 
5 None 

 
88 others 

 
98 I don't know 

 

other_benefits (required) other_benifits  

Skill_used_in_job (required) In your job which DDUGKY skill is 

useful/helpful 

 
1 Domain Skill 

 
2 soft skills/English 

 
3 IT 

 
4 None 

 

CRT_Completion Have you completed classroom 

training 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

reasons_CRT_not_complete (requ

ired) 

what are the reasons for not 

completing class room training 

 
1 Training not useful 

 
2 Training too hard 

 
3 Training too long 

 
4 Training trade not as desired 

 5 Lack of information/wrong information about 

training 

 
6 Switched to alternative training of liking 

 
7 Problem with food/accommodation 

 
8 Bad behaviour by superiors 

 
9 Felt unsafe 

 
10 Papa/mummy/guardians did not allow to go 

 
11 husband/wife did not allow to go 

 
12 Marriage(Self or Relative's) 

 
13 Health issues (Self/Family) 

 
14 Family Obligation 

 
15 Further study 

 
16 Want to do a government job 

 
17 Better income opportunities 

 
88 others 

 

other_reasons_not_complete_CR

T (required) 

other reasons for not completing 

CRT 
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OJT_Offered At the end of the classroom training, 

have you been offered an OJT? 

 
1 Yes 

 
2 No 

 
3 Training did not have OJT 

 

OJT_Completion Have you completed on-job training  
1 Yes 

 
2 No 

 
3 Training did not have OJT 

 

reasons_not_complete_OJT (requi

red) 

what are the reasons for not 

completing OJT 

 
1 Low salary 

 
2 OJT outside Bihar 

 
3 OJT inside Bihar but far from home 

 
4 Father/mother/guardians did not allow me to go 

 
5 husband/wife did not allow me to go 

 
6 Marriage(Self or Relative's) 

 
7 Health issues (Self/Family) 

 
8 Further study 

 
9 Didn’t get OJT of my liking 

 
10 Want to do a government job 

 
11 Problem with food/accommodation 

 
12 Better income opportunities 

 
13 Family Obligation 

 
14 incorrect/insufficient information about OJT 

 
15 Pregnancy 

 
88 others 

 

other_reasons_not_completing_O

JT (required) 

What are the other reasons for not 

completing OJT 

 

Job_offer_by_PIA_posttraining (re

quired) 

Were you offered a job by the PIA 

after training completion? 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

job_offer_same_as_OJT (required

) 

Was it the same as the one where 

you completed you OJT? 

 
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

accept_offer_by_PIA (required) Have you accepted one of them  
1 Yes 

 
2 No 

 
3 Candidate Shifted to the next batch 

 
98 I don't know 

 
99 I prefer not to answer this question 

 

reason_for_not_accepting_job_pro

vided_by_PIA (required) 

Why didn't you not accept the job 

offered by PIA? 

 
1 Low salary 

 
2 Job outside Bihar 

 
3 Job inside Bihar but far from home 
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4 Father/mother/guardians did not allow me to go 

 
5 husband/wife did not allow me to go 

 
6 Marriage(Self or Relative's) 

 
7 Health issues (Self/Family) 

 
8 Further study 

 
9 Didn’t get work of my liking 

 
10 Want to do a government job 

 
11 Problem with food/accommodation 

 
12 Long working hours 

 
13 Better income opportunities 

 
14 Family Obligation 

 
15 incorrect/insufficient information about work 

 
16 Pregnancy 

 
17 Not selected by the employer 

 
88 others 

 

Other_reasons_not_accepting_PI

A_job (required) 

What are other reasons for not 

joining job provided by PIA 

 

Quit_Job_Provided_by_PIA (requir

ed) 

You had told us that you aren't in the 

PIA job right now; what happened 

that you had to leave the job? 

 
1 Low salary 

 
2 Job outside Bihar 

 
3 Job inside Bihar but far from home 

 
4 Father/mother/guardians did not allow me to go 

 
5 husband/wife did not allow me to go 

 
6 Marriage(Self or Relative's) 

 
7 Health issues (Self/Family) 

 
8 Further study 

 
9 Didn’t get work of my liking 

 
10 Want to do a government job 

 
11 Problem with food/accommodation 

 
12 Bad behaviour by superiors 

 
13 Felt unsafe 

 
14 Job was difficult 

 
15 Long working hours 

 
16 Better income opportunities 

 
17 Family Obligation 

 
18 incorrect/insufficient information about work 

 
19 fired from job 

 
20 Pregnancy 

 21 Didn't got the offer/opportunity of job 

continuation/extension 

 
88 others 

 

other_reasons_quit_job (required) what are the other reasons for 

quitting job 

 

290



Field Question Answer 

Quit_Job_Provided_by_PIA_Switc

h (required) 

Why did you leave the first job 

provided by PIA? 

 
1 Low salary 

 
2 Job outside Bihar 

 
3 Job inside Bihar but far from home 

 
4 Father/mother/guardians did not allow me to go 

 
5 husband/wife did not allow me to go 

 
6 Marriage(Self or Relative's) 

 
7 Health issues (Self/Family) 

 
8 Further study 

 
9 Didn’t get work of my liking 

 
10 Want to do a government job 

 
11 Problem with food/accommodation 

 
12 Bad behaviour by superiors 

 
13 Felt unsafe 

 
14 Job was difficult 

 
15 Long working hours 

 
16 Better income opportunities 

 
17 Family Obligation 

 
18 incorrect/insufficient information about work 

 
19 fired from job 

 
20 Pregnancy 

 21 Didn't got the offer/opportunity of job 

continuation/extension 

 
88 others 

 

other_reasons_quit_job_switch (re

quired) 

what are the other reasons for 

quitting job 

 

Life_satisfaction (required) On a scale of 0 to 100 percent , 

where 0 is "not at all satisfied" and 

100 is "completely satisfied": Overall, 

to what extent do you feel that things 

you are doing in your life are 

worthwhile? 

 

Worthwhile (required) On a scale of 0 to 100 percent, where 

0 is "not at all worthwhile " and 100 

is "completely worthwhile": Overall, 

how happy did you feel yesterday? 

 

Happiness (required) On a scale of 0 to 100 percent, where 

0 is "not at all happy" and 100 is 

"completely happy": Overall, how 

happy did you feel yesterday? 

 

Anxiety (required) On a scale of 0 to 100 percent, where 

0 is "not at all anxious" and 100 is 
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"completely anxious": Overall, how 

anxious did you feel yesterday? 

Health (required) On a scale of 0 to 100 percent, where 

0 is "not at all healthy" and 100 is 

"completely healthy": Overall, how 

anxious did you feel yesterday? 

 

recharge_number Now we have reached the end of our 

interview. We are very thankful for 

your time. You will now receive a 

recharge between 30-50 Rs . The 

exact amount depends on your 

service provider. We will contact you 

again after a couple of months, and 

then again will provide a recharge 

after that interview of 30-50 Rs. 

Please tell us which number you 

want us to recharge. 

 

recharge_telecom_provider The number that is to be recharged, 

please tell us its service provider. 

 
1 AIRTEL 

 
2 VODAFONE 

 
3 JIO 

 
4 IDEA 

 

number_attempts (required) How many times did you try to reach 

the candidate 

 

candidate_number_contacted (req

uired) 

What is the phone number on which 

you interviewed the candidate? 

 

reason_no_response What were the reasons you couldn't 

contact the candidate even after 15 

tries? 

 
1 Phone not reachable 

 
2 Phone rang but did not pick 

 
3 Phone switched off 

 
4 Number is not valid/not available 

 5 Talked to someone else and respondent not 

available 

 6 Talked to respondent but respondent declined to 

be interviewed 
 

interview_conclusion Now we have reached the end of our 

interview. We are very thankful for 

your time. If you want to clarify 

anything you may ask. 

 

end_time_interview (required) End time of interview  
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B.4  Second Endline Survey Questionnaire 
 

Field Question Answer 

PIA_Name (required) Name of PIA 

 

tradebatchID (required) Trade of Training 

 

UniqueID (required) Choose the name of respondent and 

household head 

 

contacted_respondent Were you able to talk to the candidate  
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

Introduction_to_respon

dents 

Hello. This survey is a followup to earlier 

surveys 

 

consent_1 (required) I confirm that I have read and understood the 

information sheet provided for the above 

study. I have had the opportunity to consider 

the information, ask questions and have had 

these answered satisfactorily. 

 
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_2 (required) I understand that my participation is voluntary 

and that I am free to withdraw at any time 

without giving any reason, without my medical, 

social care, education, or legal rights being 

affected 

 
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_3 (required) I understand that my data will be securely 

stored for a minimum of 10 years, in line with 

the University of Warwick’s Research Data 

Management Policy and will not be shared 

with any other institution 

 
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

consent_4 (required) I agree to take part in the above study.  
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
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Location_Current (requi

red) 

Where do you live currently?  
1 At home in my village/town 

 2 In another village/rural area 

in the same district 

 3 In another town/urban area in 

the same district 

 4 In another village/ rural area 

in the same state 

 5 In another town/ urban area 

in the same state 

 6 In another village/ rural area 

in another state 

 7 In another town/ urban area 

in another state 

 
8 In another country 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

state_residence (requir

ed) 

In which state are you currently staying? 

 

Employment_Status What do you do now ?  1 employed in job provided by 

PIA 

 2 employed in job not 

provided/arranged by PIA. 

 3 waiting for PIA to provide 

job 

 4 Work on family farm 

(agricultural) 

 5 Work in the family business 

(non-farm) 

 6 Self-employed (Owner of 

business) 

 7 Casual wage work on the 

farm 

 8 Casual wage work (non-

farm) 

 
9 attend educational institution 

 
10 Part-time work and studying 

 
11 unemployed 

 
12 in another training program 

 
13 attend domestic duties 

 14 not able to work due to 

disability 

 
98 I don't know 
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 99 I prefer not to answer this 

question 
 

Employment_Same_As

_OJT (required) 

Is this the same job where you did your OJT or 

the job you were placed after CRT (in case of 

no OJT, is this the place the PIA placed you 

after training ended)? 

 
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

ever_employed_pia (re

quired) 

Have you in the past ever worked in a job 

provided by PIA? 

 
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

dropout_reason You had told us that you aren't in the PIA job 

right now; what happened that you had to 

leave the job? 

 
1 Low salary 

 
2 Job outside Bihar 

 3 Job inside Bihar but far from 

home 

 4 Father/mother/guardians did 

not allow me to go 

 5 husband/wife did not allow 

me to go 

 
6 Marriage(Self or Relative's) 

 
7 Health issues (Self/Family) 

 
8 Further study 

 
9 Didn’t get work of my liking 

 
10 Want to do a government job 

 11 Problem with 

food/accommodation 

 
12 Bad behaviour by superiors 

 
13 Felt unsafe 

 
14 Job was difficult 

 
15 Long working hours 

 
16 Better income opportunities 

 
17 Family Obligation 

 18 incorrect/insufficient 

information about work 

 
19 fired from job 

 
20 Pregnancy 
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21 Didn't got the 

offer/opportunity of job 

continuation/extension 

 
88 others 

 

Job_Search Are you looking for a job?  
1 Yes 

 
2 No 

 3 Candidate Shifted to the next 

batch 

 
98 I don't know 

 99 I prefer not to answer this 

question 
 

job_working_hour (requ

ired) 

Usually, how many hours do you work in your 

job? 

 

Wage_frequency (requi

red) 

How often do you receive your wages?  
1 Daily 

 
2 Weekly 

 
3 Fortnightly 

 
4 Monthly 

 
5 Bimonthly 

 
6 More than two months 

 
98 I don't know 

 

Wage What is your salary/income(take home)?  

post_placement_stipen

d_amount 

How much amount of Post Placement Stipend 

did you receive? 

 

Job_Benefits (required) what benefits are you provided in the job?  
1 Free Accommodation 

 2 Company provided 

subsidised accommodation 

 
3 Food 

 
4 TA/DA 

 
5 None 

 
88 others 

 
98 I don't know 

 

other_benefits (required

) 

other_benifits 
 

Skill_used_in_job (requi

red) 

In your job which DDUGKY skill is 

useful/helpful 

 
1 Domain Skill 

 
2 soft skills/English 

 
3 IT 

 
4 None 

 

networks_total How many friends do you have at your current 

place of residence/work? 

 

networks_training_cent

er 

At your current place of residence/work, how 

many friends from the PIA do you have? 
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networks_village At your current place of residence/work, how 

many friends from the Village do you have? 

 

life_satisfaction (require

d) 

On a scale of 0 to 100 percent , where 0 is "not 

at all satisfied" and 100 is "completely 

satisfied": Overall how satisfied are you with 

your life? 

 

worthwhile (required) On a scale of 0 to 100 percent, where 0 is "not 

at all worthwhile " and 100 is "completely 

worthwhile": Overall, to what extent do you feel 

that things you are doing in your life are 

worthwhile? 

 

happiness (required) On a scale of 0 to 100 percent, where 0 is "not 

at all happy" and 100 is "completely happy": 

Overall, how happy did you feel yesterday? 

 

anxiety (required) On a scale of 0 to 100 percent, where 0 is "not 

at all anxious" and 100 is "completely 

anxious": Overall, how anxious did you feel 

yesterday? 

 

health (required) On a scale of 0 to 100 percent, where 0 is "not 

at all healthy" and 100 is "completely healthy": 

Overall, how healthy did you feel yesterday? 

 

recharge_number Now we have reached the end of our 

interview. We are very thankful for your time. 

You will now receive a recharge between 30-

50 Rs . The exact amount depends on your 

service provider. We will contact you again 

after a couple of months, and then again will 

provide a recharge after that interview of 30-50 

Rs. Please tell us which number you want us 

to recharge. 

 

recharge_telecom_prov

ider 

The number that is to be recharged, please tell 

us its service provider. 

 
1 AIRTEL 

 
2 VODAFONE 

 
3 JIO 

 
4 IDEA 

 
5 BSNL 

 

number_attempts (requi

red) 

How many times did you try to reach the 

candidate 

 

candidate_number_con

tacted (required) 

What is the phone number on which you 

interviewed the candidate? 

 

reason_no_response What were the reasons you couldn't contact 

the candidate even after 15 tries? 

 
1 Phone not reachable 

 
2 Phone rang but did not pick 

 
3 Phone switched off 
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 4 Number is not valid/not 

available 

 5 Talked to someone else and 

respondent not available 

 
6 Talked to respondent but 

respondent declined to be 

interviewed 
 

interview_conclusion Now we have reached the end of our 

interview. We are very thakful for your time. If 

you want to clarify anything you may ask. 

 

end_time_interview (req

uired) 

End time of interview 
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