Original citation:

Perry, D. C., Griffin, X. L., Dritsaki, M., Costa, Matthew L. and Parsons, Nicholas

R. (2017) Becoming confident about confidence intervals. Bone & Joint Journal, 99-B (5). pp.
563-565. d0i:10.1302/0301-620X.99B5.BJJ-2017-0075

Permanent WRAP URL:
http://wrap.warwick.ac.uk/100216

Copyright and reuse:

The Warwick Research Archive Portal (WRAP) makes this work by researchers of the
University of Warwick available open access under the following conditions. Copyright ©
and all moral rights to the version of the paper presented here belong to the individual
author(s) and/or other copyright owners. To the extent reasonable and practicable the
material made available in WRAP has been checked for eligibility before being made
available.

Copies of full items can be used for personal research or study, educational, or not-for-profit
purposes without prior permission or charge. Provided that the authors, title and full
bibliographic details are credited, a hyperlink and/or URL is given for the original metadata
page and the content is not changed in any way.

A note on versions:

The version presented here may differ from the published version or, version of record, if
you wish to cite this item you are advised to consult the publisher’s version. Please see the
‘permanent WRAP URL’ above for details on accessing the published version and note that
access may require a subscription.

For more information, please contact the WRAP Team at: wrap@warwick.ac.uk

warwick.ac.uk/lib-publications


http://go.warwick.ac.uk/lib-publications
http://go.warwick.ac.uk/lib-publications
http://dx.doi.org/10.1302/0301-620X.99B5.BJJ-2017-0075
http://wrap.warwick.ac.uk/100216
mailto:wrap@warwick.ac.uk

Becoming confident about confidence intervals
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A clear understanding of variability is at the heart of many of the studies published in The
Bone & Joint Journal. The terms variability, dispersion, spread, distribution and variance,
amongst others, are used to refer to the range of values within a dataset. Statistics was
founded as the study of variability, with variability often regarded as a nuisance.* Measures
of variability can be difficult concepts to understand when reading papers. While the simplest
representation of the variability of data is to show the raw data, this is only feasible for small
datasets, and is often unethical if data refer to individual patients. Measures of variability
vary, from the relatively simple, to the more complex.

Range

The simplest measure of variability is the range; the highest and lowest value for a variable.
Table I and Figure 1 show raw data and the range for a fictional dataset, and graphically
illustrate this using strip plots. The range is important but often fails to provide a complete
description of variability if there are outliers (i.e. data points which are distant from other
observations or lie outside expected or typical values).

Table I. Table showing fictional datasets A & B

Dataset A Dataset B

Raw Data 7.6,8.0,85,8.9,9.2, 7.1,7.3,75,7.7,8.0, 8.5,
9.8,10.1, 10.7, 11.0, 8.9,9.1,9.7,10.1, 11.2,
11.6, 125, 12.7 14.2

Range 7.61012.7 7.11t014.2

Interquartile range 8.7t011.3 7.6109.9

Mean (standard deviation) 10.1 (1.7) 9.1 (2.0)

Mean (95% confidence intervals) | 10.1 (9.0to 11.1) 8.6 (7.8t010.4)

Quantiles

A more robust method of describing variability is to use quantile measures or percentiles.
This methodology makes no assumptions about the distribution of the data, which more
complex methods often do. The data are ordered from lowest to highest, and divided such
that they are in equally sized groups. Data are often summarised using quartiles (dividing into
four), which provides an interquartile range (IQR);2? other divisions such as deciles (dividing
into ten) are also widely reported.*® A graphic summary, which is often used is the box and
whisker plot (Fig. 1), which uses the IQR to form the box, with the median (the middle value
of the data) as a central bar and whiskers out to 1.5 times the IQR. Values outside these
whiskers are considered outliers.



Figure 1. Strip plots showing raw data, box plots and means with 95%
confidence intervals (95% CI) for data samples A (a) and B (b).
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Standard deviation

For data where the variability is approximately symmetrical about the mean, thus with no
skew, a more informative and powerful summary measure than the IQR is the standard
deviation (sb). A fundamental property of the normal distribution is that 95% of the data lie
within approximately two sbs of the mean. The sSD is determined from the position of each
data point relative to the mean. Although it is associated with a normal distribution,” it is a
perfectly valid measure of variability, regardless of the true distribution of the data.®

Confidence intervals

A confidence interval allows an estimate of certainty around the parameter of interest, often
the mean. If we were to repeat a study or trial 100 times, there would undoubtedly be
variation in the results reported (i.e. variations in the effect size of an intervention) creating
uncertainty. We therefore need to be aware of the degree of certainty for the true value of the
effect. A 95% confidence interval offers the range of values for which there is 95% certainty
that the true value of the parameter lies within the confidence limits, i.e. the results of dataset



A suggests that the true value of the mean could be as low as 9.0 and as large as 11.1 but our
best estimate is 10.1.

Confidence intervals are based on the standard error of the mean (SEM). This is
calculated from the sp and sample size (n), and is another estimate of variability.® A 95%
confidence interval is identified by calculating the values two (or more precisely 1.96)
standard errors either side of the mean; just as it is well known that 95% of all data in the
normal distribution lies within two standard deviations of the mean.

Applying confidence intervals and the relationship to p-values

The Distal Radius Acute Fracture Fixation Trial (DRAFFT) concerning the fixation of
dorsally displaced distal radial fractures has been one of the most influential trials in
orthopaedic surgery,®*! and has met with both controversy and nationwide praise and
adoption.'?13 The primary outcome in this trial was the ‘Patient Rated Wrist Evaluation’
(PRWE) at 12 months with the final result being a —1.3 point difference (95% CI —4.5 to 1.8)
between the two groups, whereby zero was no effect. The best estimate of the treatment
effect in the general population was hence -1.3, though 95% confidence intervals tell us that
we are 95% certain the true effect would be as low as -4.5 and as large as 1.8. The confidence
interval included the point of no effect (i.e. zero), which indicated that the result did not reach
statistical significance; confirmed through significance testing (p = 0.40). Confidence
intervals are generally more useful than a p-value alone, as they offer greater consideration of
the size of the effect with particular consideration to the minimally clinically important
difference (MCID). The MCID for PRWE is six points, reflecting the difference between
turning a doorknob with mild pain, versus no pain. Even the most extreme values predicted
by the DRAFFT study in the general population (—4.5 to 1.8) are less than the six-points
considered necessary to be clinically significant. Thus, confidence intervals show us that even
if the most extreme value of -4.5 points were the true effect in the general population, this
would still be lower than the MCID and not be of clinical significance.

Variability is fundamental to the interpretation of data in clinical research. The
presentation of variability must be considered when submitting to the journal. The p-value is
a useful summary measure that is much loved by both orthopaedic surgeon and FRCS
examiner, although in isolation it can often be uninformative and even misleading. These
shortfalls can be overcome by using measures of spread such as confidence intervals.
Research studies are much easier to understand for both reader and reviewer if good reporting
principles are followed and adequate measures of variability are routinely presented.
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